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ABSTRACT
 Being uninsured and low-income can impede access to needed health
 care services. Yet some low-income uninsured persons who need care do
 receive it, often through a group of organizations commonly characterized
 as the health care safety net. Qualitative literature has suggested that local
 safety-net capacity and composition vary geographically; the qualitative
 literature also reveals a more complex relationship between capacity,
 composition, and use of care than the existing quantitative studies on the
 topic have modeled. The current study adds to the literature on safety
 nets and use of care by modeling quantitatively the complex relationships
 suggested in the qualitative literature.
 The study investigates how geographically-based variation in
 organizational safety-net capacity and composition affects the likelihood
 that low-income uninsured adults living in associated communities will
 use ambulatory health care services. The study is two-stage. It seeks to
 answer in sequence the following research questions: What state and local
 political and economic phenomena are correlated with local health care
 safety-net organizations’ capacity to provide services? To what extent do
 local safety-net capacity and composition affect use of care by low-income
 uninsured adults residing in that community?
 The study’s conceptual model posits that local organizational
 safety-net capacity is a function of both state and local political and
 x
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economic influences. The salient political force considered in this
 study is values and norms made manifest through a state’s political
 ideology. The most relevant economic factors related to safety-net
 organizations’ capacity include Medicaid revenues, local government
 wealth, and demand for safety-net services—controlling for community
 demographics, median income, local population, and Census region. The
 probability of use of care, in turn, is considered a function of the predicted
 capacity of health care safety-net organizations and the composition of
 the local safety net, controlling for local physician rate, individual-level
 socio-demographic characteristics, and individual-level need for health
 care.
 The path-analytic and multilevel focus of the study warrants
 estimation using two-stage multi-level techniques. Organizational
 capacity is first estimated using OLS and tobit estimations for
 276 geographic areas. The likelihood of use is predicted with a
 two-stage instrumented probit model that includes predicted
 organizational safety-net capacity, safety-net composition, physician rate,
 individual-level socio-demographic characteristics, and individual need
 for health care for a subset of 60 communities. Estimations are performed
 for the overall organizational safety net and also for each of the four
 component organizations defined as safety-net organizations according
 to existing literature: public safety-net hospitals; private, non profit
 safety-net hospitals; federally qualified health centers (FQHCs); and local
 health departments that offer primary care. Possible simultaneity and
 selection biases in the model are addressed using instrumental variable
 estimation and Heckman corrections, respectively.
 xi
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Empirical findings indicate that Medicaid revenues and local
 government wealth are positively and significantly associated with
 safety-net capacity for the overall safety net, while local demand for
 safety-net services is negatively and significantly associated with overall
 capacity. Low-income uninsured adults living in communities with
 greater overall safety-net capacity are more likely to use ambulatory care
 services, as are those residing in communities with a higher proportion
 of FQHC capacity, when compared with those in areas with higher
 hospital-based capacity.
 The study findings offer direction regarding the kind of investments
 to be made if communities want to help improve access to ambulatory
 care among their low-income uninsured adult residents. While
 increasing Medicaid and government revenues are expected means for
 improved use through increased safety-net capacity, the finding here,
 that residing in a geographic area with a higher proportion of FQHCs
 leads to a greater likelihood of use, suggests that communities should
 consider preferentially investing in more community-based health care
 organizations.
 xii
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CHAPTER I
 INTRODUCTION
 I.1. Purpose of the Study
 This dissertation uses an ecological approach to understand how
 low-income uninsured adults are able to use ambulatory health care.
 It argues that: a) variance in organizational safety-net capacity across
 communities is correlated with variation in state and local political
 and economic factors that affect these health-care safety nets’ capacity;
 and b) organizational capacity and composition, in turn, affect use by
 low-income uninsured adults. This study seeks to answer the following
 questions:
 • What state and local political and economic phenomena are
 correlated with local health-care safety-net organizations’ capacity to
 provide care?
 • To what extent do safety-net capacity and composition affect use of
 care by low-income uninsured adults?
 The Importance of Insurance in Use of Care
 It is the nature of health care delivery in the U.S. that being insured
 generally facilitates, sometimes significantly, access to medical care.
 Conversely, being uninsured often impedes access to health-care services.
 This impaired access to health care can be a particularly serious problem
 1
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2
 for uninsured individuals and their families when they are in need
 of medical attention due to acute health issues or chronic conditions.
 The disparity in insurance status is made evident in the many studies
 indicating that both uninsured adults and children have greater unmet
 need than their insured counterparts (e.g., Ayanian, et al., 2000; Baker,
 et al., 2000; Hafner-Eaton, 1993; Lave, et al., 1998; Newacheck, et al.,
 2000). The consequences of unmet need can be considerable (Institute of
 Medicine, 2002), resulting in both higher morbidity and mortality among
 the uninsured when compared with the insured (Hadley, 2003; Sorlie, et
 al., 1994). Further, it may take time to establish health-care patterns that
 are clinically appropriate following change to insured status (Sudano
 and Baker, 2003), suggesting that being uninsured has lingering negative
 effects on access and quality of care beyond the period during which an
 individual is actually uninsured.
 The Function of the Local Safety Net
 It is also the case that some of the uninsured who need health care do
 receive it. For example, the uninsured received nearly 100 billion dollars
 in health care in 2001, 34.5 billion of it uncompensated care (Hadley and
 Holahan, 2003). These data generate the following question: given the
 country’s health-care delivery system’s reliance on private and public
 third-party payers, how are low-income persons able to access health care
 without benefit of health insurance?
 One answer is that uninsured persons, especially those who are low
 income, may seek care from a group of providers commonly referred
 to as the health-care safety net. Although the exact composition of the
 sector may vary by locale, the safety net generally includes health-care
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3
 organizations that have a mandate or a mission to provide health-care
 services to the medically underserved, including low-income persons and
 the vulnerable (e.g., homeless or disabled persons) (Lewin and Altman,
 2000).
 Literature indicates that there is geographic variation in the extent to
 which uninsured persons are able to use health-care services (Andersen,
 et al., 2002; Brown, et al., 2004; Cunningham and Kemper, 1998;
 Cunningham, 1999; Lewin and Altman, 2000), and these geographic
 differences are not wholly related to the characteristics of the person
 seeking care. Cunningham and Kemper (1998) looked at locales across
 the U.S. and found that individual-level characteristics explained only
 a small percentage of the community-level variance in the ability of
 uninsured persons to access health care. The authors concluded that
 community-level factors must explain some of the variance in use across
 communities.
 I.2. Gaps in Existing Literature
 Qualitative research has contributed to the literature by suggesting
 that variation in use among the uninsured is related to variation in the
 capacity of local safety nets, and capacity, in turn, is associated with
 variation in state and local support for local safety-net providers (Baxter
 and Mechanic, 1997; Baxter and Feldman, 1999; Felt-Lisk, et al., 2001;
 Lipson and Naierman, 1996; Norton and Lipson, 1998).
 Quantitative studies focusing on variation in use by the low income
 or uninsured model a direct relationship between state and community
 factors—including safety-net capacity—with measures of access for
 the uninsured (Andersen et al., 2002; Brown et al. 2004; Cunningham,

Page 16
                        

4
 1999). More specifically, these studies do not consider that political and
 economic factors have effects on health-care organizations’ capacity,
 which in turn affects use of care. This modeling, while appealing to
 simplicity, does not depict the truer, more complex relationships among
 political and economic factors, capacity, and use.
 In summary, analysis of the key qualitative and quantitative studies
 on safety-net organizations and use of care suggests that there is a
 disconnect between what emerges from the qualitative studies and
 the way the existing quantitative research is modeled. The case study
 findings suggest that there are really two stages to the question: What
 influences safety-net organizations’ ability to provide care for the
 uninsured?
 In other words, the question needs to be decomposed. The first
 question to be answered should be: What state and local political and
 economic phenomena are correlated with local health-care safety-net
 organizations’ capacity to provide care? Then follows the question: To
 what extent do safety-net capacity and composition affect use of care
 by low-income uninsured adults? The existing quantitative work does
 not make full use of the relationships between the external influences
 and safety-net organizations suggested by the qualitative studies. This
 dissertation seeks to answer these two conceptually and methodologically
 related questions by using a two-stage multi-level modeling technique.
 Study Population Focus
 The fact that health policy for the poor and near poor is often
 more generous toward children than adults under 65 is the reason this
 dissertation focuses on the latter group. States and local communities
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5
 generally have more discretion in their decision to invest in health-care
 services for low-income adults. The current study takes into account
 individual determinants of utilization among low-income uninsured
 adults. Some studies that have investigated health-care safety-nets
 organizations’ effects on health service use have excluded consideration
 of the characteristics of the individuals seeking care. However, a
 large body of literature indicates that a variety of social, economic,
 health-related, and cultural factors affect the propensity to use formal
 health-care services. Accounting for these individual-level factors in a
 study of ecological influences on provision of care to the low-income
 uninsured helps limit bias.
 I.3. Relevance to Policy
 Concern about safety-net organizations’ continued ability to alleviate
 a portion of unmet need among the low-income uninsured is particularly
 germane given the lack of sustained political effort at the federal level
 to expand health-care coverage among these uninsured individuals.
 Although the federal government has given states some authority to
 expand public health insurance programs for children, and to a lesser
 extent, some adults, it has largely honored federalist boundaries by
 making these expansions voluntary on the part of states. Universal
 coverage is a politically popular topic at the time of this writing, but
 the history of national health insurance movements in the last century
 suggests that a policy enacting universal coverage at the national level is
 by no means guaranteed (Harrison, 2003) and thus it is likely that local
 safety nets will continue to be an important means for helping uninsured
 adults access needed care. Even if universal coverage reforms were to be
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6
 enacted at the federal level, safety-net organizations would continue to
 play a role in service delivery to vulnerable persons. This research has
 policy relevance because as a comparative study, it will bring to light state
 and local characteristics that are associated with capacity in organizational
 safety nets and the extent to which capacity and safety net composition
 affects the likelihood of use by low-income uninsured adults, a group that
 has been focused on less than children.
 I.4. Dissertation Overview
 Chapter II defines access for purposes of this dissertation and
 reviews literature on why access to health-care services is important
 for the low-income uninsured. Chapter III reviews qualitative and
 quantitative literature on safety-net capacity, access, and the geographic
 variation in both in order to determine gaps in the literature and to lay
 the groundwork for the dissertation’s conceptual framework. Chapter
 IV introduces the conceptual framework and hypothesizes relationships
 while Chapter V details the study’s methods and measurements.
 Empirical findings are presented in Chapter VI, and the implications of
 these findings are analyzed at greater length in Chapter VII. Chapter VIII
 concludes the dissertation by addressing the continuing issues related
 to the viability of local organizational safety nets. The final chapter also
 considers safety-net organizations’ possible roles and performance under
 various local, state, and national health reform scenarios, and ends with
 directions for future research.
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CHAPTER II
 STATEMENT OF THE PROBLEM
 II.1. Introduction
 This study takes the position that access to health care is important
 and that lack of access to needed care can have deleterious effects on
 individuals. But first, two questions should be answered: What is
 health-care access? and Why is access to health care important? In order
 to answer these questions, this chapter defines access for purposes of the
 current study and reviews the literature on the effects of access problems
 among low-income persons.
 II.2. Defining Access
 Access to health care is conceptualized different ways. Much of
 the work defining access has been done by Andersen and Aday (Aday
 and Andersen, 1974, 1975; Andersen, 1968; Andersen, et al., 1983;
 Andersen, 1995). Their Health Behavior Model (HBM) moved away from
 research that used individual characteristics—e.g., insurance status, or
 characteristics of the service delivery system like physician supply—as
 proxies for access. The HBM highlights that individual and health care
 system characteristics explain or predict access, but are not measures
 of access themselves. In the HBM, individual characteristics and health
 system characteristics are defined as potential access, in that they are
 7
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 process indicators that facilitate or inhibit access. The greater the amount
 of these resources made available to individuals, the greater the likelihood
 that access can be realized. Realized access constitutes actual use of
 services. Use (or no use) is an outcome of the independent and sometimes
 interactive individual and systemic factors in their model. The measure
 used in this study—use of ambulatory and preventive care—fits with
 Andersen’s and Aday’s behavioral definition of realized access.
 On the other hand, the Institute of Medicine (1993) states that “access
 is a shorthand term used for a broad set of concerns that center on the
 degree to which individuals and groups are able to obtain needed services
 from the medical care system” (p. 32), and more specifically defines
 access as “the timely use of personal health services to achieve the best
 possible outcome” (p. 4). The latter assertion implies two things: 1) that
 there is a time factor involved, i.e., that timing is a dimension of access
 and 2) that use of care must be tied to a health outcome to be meaningful.
 Further, the Institute of Medicine argues that measuring access through
 use of health services alone is inexact and potentially misleading, e.g., that
 both overuse and under-use of health-care services exist and this is not
 accounted for in the measure.
 However, delays in getting treatment and lack of timely
 treatment—e.g., due to geographic distance and/or lack of
 transportation—are more appropriately conceptualized as barriers
 to access, not access itself. Barriers can be categorized as structural,
 financial, personal, and cultural (Institute of Medicine, 1993 pp. 39–43).
 Briefly, structural barriers are caused by an imbalance between local
 supply and demand for healthcare (largely due to the way healthcare is
 financed in the U.S.). Financial barriers exist when care is not affordable
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 due to low income, lack of insurance or underinsurance. Personal and
 cultural barriers are related to beliefs and attitudes based on factors like
 personal experience, socio-economic status, nation of origin, primary
 language, and regional, ethnic and racial backgrounds (Ibid).
 Using the access barriers highlighted above as access measures can
 also introduce response bias, since perceptions of unmet medical care
 and delay in care are subjective. Actually, these may be more likely to be
 measures of knowledge about appropriate care (Berk and Schur, 1998a).1
 II.3. Is Realized Access Important? Unmet Need Among
 Low-Income Uninsured Adults
 Like the one offered by the Institute of Medicine above, definitions
 of access to health care are often qualified by the adjectives “needed”
 or “medically necessary”—the point being that realized access in and
 of itself is not necessarily worthwhile. Rather, use of care should result
 in improved health, decreased pain, etc. While moral hazard leading to
 unnecessary use may be an issue with insured populations—especially
 those enrolled in traditional indemnity programs lacking any risk-bearing
 mechanism, administrative gate-keeping or cost sharing arrangements—it
 is less a factor for uninsured persons, especially those who are low
 income, because in the U.S. it can be difficult to access care without
 adequate income or adequate insurance.
 A large body of empirical research suggests that low-income persons
 1 As Berk and Schur note, asking about use of care in the past year may introduce recallbias, but this is lessened if the survey respondent gives a dichotomous answer rather thanreporting number of contacts with health-care professionals.
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 tend to be in greater need of health care than the more well-off for a
 variety of reasons. For example: they cannot afford to pay for care; they
 delay care until their health problems are more serious; health care is
 not easily accessible due to long wait times or transportation problems;
 they do not or cannot engage in health behaviors that improve health
 status; or they are more likely to engage in risky behaviors that can
 negatively affect health. This relationship between income level and
 health status has been called the social causation hypothesis, whereby
 one’s income level predicts health status. Another possibility is that
 being in poorer health contributes to or causes income to decrease—the
 social drift hypothesis, as when a person is unable to work due to poor
 health.2 A third possibility is embedded in the perspective of community
 ecology, which theorizes that the social and physical environments in
 which low-income persons live make them more vulnerable to health-care
 problems—e.g., being exposed to a higher violent crime rate, or residing
 close to chemically toxic locales.3 Although the causal relationship
 underlying the negative correlation between income and health is not
 the focus of this study, it does suggest the power of the observation that
 2 The social causation and social drift hypotheses have been used primarily inpsychiatric epidemiology and most often in terms of social class rather than income level,but they are useful shorthand for pointing out the complex and variable relationshipsbetween income and health status. For a discussion of the concepts applied to generalhealth, see Blane, “The life course, the social gradient and health” in Marmot andWilkinson (ed) Social Determinants of Health, 1999.
 3 The literature on the ecology of health status is large, complex, and growing. For auseful overview, see Catalano and Pickett, “A taxonomy of research on place and health”in Albrecht, Fitzpatrick and Scrimshaw (ed) The Handbook of Social Studies in Health andMedicine, 2000.
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 low-income persons tend to have more health problems than those with
 higher incomes.
 When low-income persons also lack insurance, this greater unmet
 need may be intensified. This is largely due to insurance’s critical role
 in facilitating use of health care in the United States. Most literature
 that tries to establish a causal relationship between insurance and health
 largely fails to do so because of methodological problems.4 However,
 since insurance does facilitate use, being insured may become very
 important for persons once they need health care. Research on the effects
 of unmet need among the uninsured has focused primarily on three areas:
 preventive care and screening services; chronic health problems; and
 catastrophic illnesses like cancer.5
 Findings from the literature suggest that the uninsured generally have
 worse health outcomes for a range of diseases and health conditions and
 that these disparities are more pronounced for the longer-term uninsured
 (Institute of Medicine, 2002; Hadley, 2003). Literature suggests that
 uninsured persons are less likely to receive preventive care and screening
 services. Studies using population surveys like the National Health
 Interview Survey (NHIS) found that uninsured adults were less likely to
 receive a routine Pap smear, mammography, a colorectal screening test,
 or screening for cardiovascular disease than their insured counterparts
 (Ayanian, et al., 2000; Breen, et al., 2001; Fish-Parcham, 2001; Hsia, et al.,
 4 For a critical review of literature that attempts to establish a causal link betweeninsurance status and health, see Levy and Meltzer, 2001.
 5 The following section is informed by literature reviews from The Institute of Medicine(2002) and Hadley (2003).
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 2000; Potosky, et al., 1998). In a study of adults age 55–64 researchers
 found that the uninsured in this age group were not as likely to receive
 cancer and heart disease screening tests at exactly the time of life when
 individuals’ risk for these diseases increases (Powell-Griner, et al., 1999).
 A review of the literature on chronic health problems among the
 uninsured again suggests greater unmet need than among the insured.
 Adults with cardiovascular disease are more likely to stop drug treatment
 for hypertension when they are uninsured, due to both lack of a regular
 provider and lack of insurance coverage (Huttin, et al., 2000). Uninsured
 persons with diabetes are less likely to receive disease management
 care—e.g., clinical monitoring for diabetes symptoms (Ayanian, et al.,
 2000). Literature on differential use by insurance status for persons with
 cancer also indicates unmet need among the uninsured. Uninsured
 women are more likely to be diagnosed with breast cancer (Ayanian, et
 al., 1993; Roetzheim, et al., 1999) or invasive cervical cancer (Roetzheim,
 et al. 1999) at a later disease stage. Uninsured adults are more likely to be
 diagnosed at later stages of colorectal cancer and melanoma (Ibid).
 Some literature focuses on the less direct negative results of unmet
 need among the uninsured. Uninsured adults tend to have higher rates
 of avoidable hospitalizations (Billings, Anderson and Newman, 1996;
 Braveman, et al., 1994; Weissman, Gastonis and Epstein, 1992), suggesting
 that preventive services and screening tests for health problems may be
 delayed until the health problem becomes serious enough to warrant
 inpatient treatment. In addition, the long-term uninsured experience
 excess mortality rates (Franks, et al., 1993; Hadley, Steinberg, and Feder,
 1991; McWilliams, et al., 2004; Sorlie, et al., 1994).
 Finally, a great deal of literature finds that uninsured adults are
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 more likely to report having unmet health-care needs (e.g., Baker, et
 al., 2000; Berk and Shur, 1998b; Holahan and Spillman, 2002; Schoen
 and DesRoches, 2000). While these findings do not provide information
 on objective need for care, they allude to the uncertainty, anxiety, and
 stress related to being uninsured and in need of care in a nation where
 insurance coverage is so key to health-care use.
 II.4. Summary
 This chapter has introduced the problem being investigated in the
 current study—realized access for low-income uninsured persons.
 However, there is evidence that absent insurance coverage, this
 group of individuals can receive services from health-care safety-net
 providers. The next chapter reviews the literature on safety-net providers,
 investigating both qualitative and quantitative studies on the viability of
 health-care safety nets.
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CHAPTER III
 LITERATURE ON HEALTH-CARE SAFETY NETS
 This study is concerned with the ecology of access—in investigating
 how geo-graphically-based variations in safety-net capacity affect the
 likelihood that low-income uninsured adults will access health-care
 services. In order to evaluate the relationship between capacity and use,
 the study first seeks to determine the relevant state and local correlates of
 organizational safety-net capacity. This chapter first reviews the literature
 on geographic variations in access. It then reviews the qualitative and
 quantitative literature on health-care safety-net organizations in order to
 determine the salient state and local factors that affect safety-net capacity
 and access to care among the uninsured.
 III.1. Geographic Variations in Use of Health Care
 Empirical literature focusing on individual determinants of access
 dominated the literature on access to health care for decades (Phillips,
 et al., 1998). One early exception to this focus on individuals and access
 is the literature on small area variation (SAV) in health-care delivery.
 This body of literature is largely concerned with explaining the effects of
 differential supply on variations in use by geographic area, or considers
 local variations in physician practice styles (see Chassin, 1993; Wennberg
 and Gittleson, 1982; Wennberg, 1984). It is also focused exclusively on
 14
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 geographical variation in inpatient rather than ambulatory primary care.
 More recent literature on small area variations has found that community
 context is a factor in the use of inpatient care (Alexander, et al., 1999;
 Komaromy, et al., 1996; McMahon, et al., 1993), moving it closer to the
 traditional focus of the access literature—i.e., studies that explicitly
 seek to explain or predict access. In their SAV study of urban California
 communities, Bindman, et al. (1996) investigated the effects of physician
 practice style and self-reported patient access barriers on preventable
 hospitalizations and found that in communities where people have more
 access barriers, there are higher rates of avoidable hospitalizations for
 chronic conditions.
 The access literature has also addressed geographic variation in
 access, especially for ambulatory care. Cunningham and Cornelius
 (1995) argued that using national data for research on access obscured
 geographic variations, especially for certain sub-groups of the population.
 Controlling for individual characteristics, and supply, they found that
 there were significant differences in use of care based on residence among
 American Indians and Alaska natives versus the national population.
 Cunningham and Kemper (1998) investigated geographic variation in
 access among the uninsured, combining delay in care and unmet need as
 one measure. They found that while nationally, about 31% had difficulty
 obtaining care, the rate varied from 21.6% to 36% by geographic area,
 controlling for individual characteristics and need for care. Partitioning
 the explained variance indicated that need accounted for 9% of the
 variation across the communities, and that individual characteristics
 accounted for an additional 6% of the variance. As the authors note,
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 the fairly large unexplained variation across geographic areas suggests
 that other unmeasured characteristics account for variations in access
 among the uninsured, although they also note that it may be due in part
 or wholly because of unobserved factors at the individual level.
 While the studies highlighted above either exclude or minimize
 community-level—as opposed to individual-level—factors, there is
 a growing body of literature on the association between access and
 community context generally, and particularly, between local safety nets
 and access to care for low-income persons. However, most research has
 been qualitative and/or has focused on one geographic area. The most
 frequently stated reasons for the qualitative or single-area focus are lack
 of knowledge about the health-care safety net in a given community, its
 composition, and which factors affect the safety net’s ability to provide
 care to low-income persons.
 III.2. Studies of Health-Care Safety-Net Organizations
 Safety-Net Organizations by Type
 Most work on safety-net organizations has focused on single-type
 safety-net organizations. The greatest amount of research in this area
 has been on hospitals, reflecting their primacy in the health-care system,
 and because most of the existent organizational data pertain to hospitals.
 Studies have looked at how various external factors affect safety-net
 hospitals’ capacity and financial viability. These factors include special
 funding mechanisms, like Medicaid DSH payments (Coughlin and Liska,
 1998; Fishman and Bentley, 1997; Zuckerman, et al., 2001); the effects of
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 Medicaid managed care (Fishman and Bentley, 1997; Zuckerman, et al.,
 2001); increased competition among safety-net hospitals (Gaskin, et al.,
 2001; Reuter and Gaskin, 1997; Weissman, et al., 2003); changing demand
 for safety-net hospital services (Gaskin, et al., 2001; Zuckerman, et al.,
 2001) and community tax support (Meyer, et al., 1999).
 Another body of work on single-type safety-net organizations focuses
 on community health centers, especially Federally Qualified Health
 Centers (FQHCs), for which there are readily available data. Over time,
 FQHCs have become more dependent on Medicaid revenue than federal
 grants (Lewin and Altman, 2000; McAlearney, 2002), and thus more
 affected by the changing dynamics of federal and state Medicaid policy,
 most notably, Medicaid managed care (Bindman, et al., 2000; Hoag, et
 al., 2000; McAlearney, 2002; Shi, et al., 2000). Like safety-net hospitals,
 CHCs face increased demand for care due to increases in the uninsured
 (Hawkins and Rosenbaum, 1998; Lewin and Altman, 2000; McAlearney,
 2002).
 Qualitative Studies of Organizational Safety Nets
 When looking at the safety net’s role in facilitating access, it is
 important to include all the safety-net providers in safety net studies
 and not just single-type providers, in order to limit bias (Cunningham
 and Tu, 1997; Forrest and Whelan, 2000). However, most of the empirical
 literature on organizational safety nets, rather than organizations by type,
 has focused on one geographic area or has consisted of comparative
 case studies of multiple communities or markets, a testament to
 both the importance of local context and a lack of basic information
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 about safety-net providers. This section reviews qualitative studies
 that investigate external factors at the state and local level that affect
 organizational safety nets’ characteristics and performance.
 Lipson and Naierman (1996) qualitatively compared the effects of
 health system changes across 15 communities (13 urban; 2 rural).1 They
 focused on variation in demand (measured as state-level uninsurance
 rates from the March supplement of the Current Population Survey) and
 argue that safety-net organizations in states with more generous Medicaid
 eligibility criteria and state-level insurance programs for low-income
 persons not eligible for Medicaid have a lower uncompensated care
 burden because of decreased demand for care by the uninsured. Federal,
 state, and local subsidies to safety-net organizations enable them to
 subsidize care for the uninsured, although this too varies by community.
 These include DSH payments and local taxes. Safety-net providers may
 become very vulnerable when these sources of support erode.
 According to the authors, the ability of safety-net organizations
 to continue to provide care to the uninsured varies according to
 how well they can respond to these shifts in funding and financing.
 Community health centers are well-positioned because they are known
 for providing primary care and generally have a solid base of existing
 Medicaid patients. Safety-net hospitals that expand their primary care
 capacity and market their integrated services to health plans are also
 1 The 15 communities are Boston, Massachusetts; Wilmington, Delaware; Columbia,South Carolina; north central Florida; Miami/Fort Lauderdale, Florida; St. Louis, Missouri;Indianapolis, Indiana; Des Moines, Iowa; Minneapolis/St. Paul, Minnesota; Fargo, NorthDakota/west central Minnesota; Houston, Texas; Albuquerque, New Mexico; OrangeCounty, California; San Diego, California; and Portland, Oregon/Vancouver, Washington
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 well-situated. However, local health departments are not strategically
 positioned to benefit from health system changes like the ones the authors
 describe because they provide relatively little primary care compared to
 community health centers and their ability to negotiate with Medicaid
 managed care plans is hindered by bureaucratic barriers.
 The authors investigated access to care for the uninsured, given
 these system changes and organizations’ response. Reports from key
 informants suggest that expansion of state insurance programs helped
 improve access among the formerly uninsured, and that in most of the
 communities, shifts to Medicaid managed care did not decrease access
 among the uninsured, at least among those seeking care at community
 health centers and public hospitals. However, this was possible because
 they were able to increase funding from other sources, like state or local
 governments or private pay patients.
 Based on site visits to 22 communities and a review of existing data,
 Baxter and Mechanic (1997) use a qualitative approach to attempt to
 answer the following questions: “1) What is the safety net, and how
 does it differ across communities? 2) How do pressures from a changing
 health-care environment affect the safety net in different settings? 3) Is
 the safety net in crisis? 4) What is needed to stabilize the safety net?”
 (p.8).2 For purposes of the paper, they define safety-net organizations
 2 The 22 communities are New York City, New York; Syracuse, New York; Boston,Massachusetts; Newark, New Jersey; Cleveland, Ohio; Philadelphia, Pennsylvania;Greenville, South Carolina; Miami, Florida; Minneapolis, Minnesota; Lansing, Michigan;Flint, Michigan; Anderson, Indiana; Indianapolis, Indiana; Kokomo, Indiana; Memphis,Tennessee; Little Rock, Arkansas; Dallas, Texas; Seattle, Washington; Los Angeles,California; Orange County, California; San Mateo, California; and Phoenix, Arizona.
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 generally as urban public hospitals, community health centers, some
 inner-city teaching hospitals, and local health departments, yet point out
 that safety net composition and performance vary across communities, as
 related to variations in local community political and social environments,
 history, and attitudes, including what the authors term the “culture of
 responsibility for the poor” (p. 12). In particular, they note that New
 York and Los Angeles have a long history of supporting safety-net
 organizations. In addition, political pressures from advocacy groups
 representing the poor both reflect and influence local culture and their
 existence and success varies by community.
 Concentration also varies across communities. In some, a single
 public hospital may be the primary safety-net provider (e.g., Dallas),
 while in others, public and private hospitals and community health
 center networks may jointly share responsibility (e.g., Boston). Like
 Lipson and Naierman, the authors focus on the percent uninsured as
 a potential pressure on a local safety net, and note that the percentage
 of uninsured varies greatly across communities.3 They also argue that
 increased competition for publicly-insured patients can have a deleterious
 effect on safety-net providers, by siphoning off these patients, thus
 lessening safety nets’ ability to cross-subsidize care. This competition
 results largely from excess provider capacity, probably arising from the
 restrictions on inpatient care imposed by private managed care. Given
 this, Medicaid-eligible patients become more attractive to non-safety-net
 providers.
 3 Like Lipson and Naierman (1996), the authors used state-level estimates of percentuninsured from the March Supplement of the Current Population Survey (CPS).
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 Pressures on local safety nets may be ameliorated by local community
 support—via sympathetic residents and media, and powerful advocacy
 groups—and funding sources aside from Medicaid, like DSH, local tax
 levies and state and local charity care pools. In looking to the future, the
 authors point out that safety-net organizations can respond in different
 ways. At one extreme, they can attempt to compete head-to-head with
 other health-care providers, likely at the expense of their mission to
 treat the vulnerable. Not surprisingly, in this scenario, access to care
 among the uninsured will most likely decrease. At the other extreme,
 safety-net providers can maintain the status quo, but this will only work
 if they have the external support—financial and otherwise—from the
 communities in which they provide services.
 In what is perhaps the most rigorous of the qualitative studies
 reviewed here, Norton and Lipson (1998) provide a comprehensive
 synthesis of cases studies on safety-net providers in 16 communities
 across 12 states, and include descriptive quantitative measures of
 variation across communities.4 They interviewed senior managers
 at safety-net hospitals, community health centers, and local health
 departments. Their respondents across sites identified 4 environmental
 factors that are thought to affect safety-net providers’ ability to provide
 care to low-income uninsured residents: 1) demand for services; 2)
 Medicaid managed care; 3) competition in the private health-care market;
 4 The 16 communities in this study are Birmingham, Alabama; Los Angeles, California;Oakland, California; San Diego, California; Denver, Colorado; Miami, Florida; Tampa,Florida; Boston, Massachusetts; Detroit, Michigan; Minneapolis, Minnesota; Jackson,Mississippi; New York, New York; El Paso, Texas; Houston, Texas; Seattle, Washington;and Milwaukee, Wisconsin.
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 and 4) funding for the uninsured from federal, state and local sources (p.
 5).
 The authors argue that three factors affect demand for safety net
 services. The first is the market for private insurance, most often as
 a function of employment market dynamics. The second factor is
 eligibility standards in the state Medicaid program, as well as other
 public insurance programs for low-income persons. According to Rajan
 (1998, cited in Norton and Lipson, 1998) Medicaid eligibility standards
 and the existence of insurance expansion programs for low-income
 residents together determine a state’s degree of commitment to the
 low-income uninsured. The third factor can be conceptualized as the case
 mix within a community, i.e., demand is higher in communities with a
 large population of persons with special health needs, like HIV/AIDS.
 According to the authors, the most influential government subsidies
 critical to safety-net providers include Medicaid DSH payments and
 cost-based reimbursements to FQHCs. The former may vary in generosity
 from state to state and the concentration of DSH subsidies also vary
 across communities. The authors argue that safety-net organizations
 in areas with highly concentrated DSH payments may be more at
 risk. In addition, counties and municipalities may subsidize care for
 the uninsured, especially through taxes for inpatient providers. The
 implication of the case studies is that as managed care threatens to roil the
 health-care market safety-net providers may need these local resources
 more than ever.
 Variation in demand for services, level of managed care and
 competition in the private health-care market and degree of public

Page 35
                        

23
 subsidies on safety-net organizations leads to varying levels of
 vulnerability in these providers. The authors found that in the 16
 communities studied, the safety nets themselves appeared to be
 maintaining their ability to provide care to the uninsured, even when
 individual providers were having difficulty. A first reason for this is that
 very few of the communities experienced all the pressures at the same
 time—which would have overwhelmed their ability to respond. Second,
 most safety-net providers in the communities studied responded quickly
 to the environmental changes that did take place by creatively exploiting
 managed care implementation—e.g., developing their own managed
 care programs. Third, state and local communities have responded
 quickly as well to help keep their safety nets viable in the face of other
 environmental changes.
 The implication of this research is that safety-net providers can
 mitigate negative effects of environmental change if the changes are
 staggered over time, rather than concentrated in a short time frame, if
 they can respond creatively and provided they can retain or better yet,
 increase support from states and local communities.
 In another series of case studies, Baxter and Feldman (1999)
 investigated how health system change in the 12 randomly selected
 metropolitan areas highlighted in the Community Tracking Study
 (CTS) affected health care to the poor and underserved.5 Like previous
 5 These 12 MSAs were intensively studied as part of the CTS. Included were about sixtyinterviews per site with key informants. The sites are: Boston, Massachusetts; Cleveland,Ohio; Greenville, South Carolina; Indianapolis, Indiana; Lansing, Michigan; Little Rock,Arkansas; Miami, Florida; Newark, New Jersey; Orange County, California; Phoenix,Arizona; Seattle, Washington; and Syracuse, New York.
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 studies reviewed here, the authors found that increasing competition for
 Medicaid patients increased safety-net provider’s fears of losing Medicaid
 revenues, and thus, the ability to subsidize services for the uninsured. In
 most communities, the increasingly competitive environment grew out of
 Medicaid managed care patients increased choice of providers. Sites in
 states with lower Medicaid payment rates reported greater difficulty in
 attracting providers who would care for the poor and underserved, thus
 limiting safety-net capacity.
 Safety-net hospitals also reported that DSH payments and charity
 pools were critical sources of funding for them and helped provide
 care to the uninsured, either through cross-subsidies or through direct
 reimbursement. Nearly every site expressed concern that these financing
 mechanisms were in danger. Hospitals in 3 of the 12 sites had already felt
 the impact of decreases in these funding streams.
 On the other hand, one half of the sites were in states that had
 expanded services to the uninsured, either by earmarking state funds for
 hospitals that serve large numbers of vulnerable patients or by expanding
 state insurance programs for the low income or medically indigent. In
 addition, safety-net hospitals in three of the twelve sites benefited from
 the relative stability of dedicated county tax assessments. According
 to the authors, in many of the sites, local health departments were
 moving away from direct provision of medical care and concentrating on
 traditional public health activities like planning and disease monitoring.
 Felt-Lisk, et al. (2001) used a case study approach to investigate
 organizational safety-net providers’ capacity to provide primary and
 specialty care to the low-income uninsured. Unlike previous case
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 studies, but similar to Grogan and Gusmano (1999), this study focused
 exclusively on ambulatory care. They were also quite specific about
 conceptualizing organizational capacity and had a longitudinal focus.
 The authors interviewed informants in five medium-sized cities in states
 with mandatory Medicaid managed care programs and (due to funder
 demands) FQHCs.6 Generally, they found that safety-net organizations’
 capacity to provide specialty ambulatory care to this population was
 strained. They defined provider capacity as the volume of patients a
 provider was able to care for and used waiting times for ambulatory care,
 and use of emergency rooms for non-urgent care as indicators of (lack
 of) adequacy of capacity. Their case studies suggest that expansion of
 Medicaid programs to children and pregnant women enhances access
 to care for pediatric and ob/gyn outpatient care even for the uninsured,
 because providers increased their capacity to provide ambulatory care to
 insured persons and that “the promise of additional revenue motivated
 many providers to serve more uninsured people” (Felt-Lisk, et al., 2001, p.
 35).
 However, wait times were longer for uninsured adults seeking
 general medical and specialty services (excluding ob/gyn care) because
 insurance coverage rates were lower for adults, thus limiting the ability
 of providers to subsidize care for uninsured adults. In fact, the authors
 did not encounter any specialty providers that cared for the uninsured
 and “respondents listed many ways in which specialty care providers
 attempted to deter uninsured patients from using their services, including
 6 The five cities are Columbus, Ohio; Detroit, Michigan; Kansas City, Missouri;Oklahoma City, Oklahoma; San Antonio, Texas.
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 requiring up-front payment” (2001, p. 36). They also found that in all five
 sites the uninsured used emergency rooms for a great deal of non-urgent
 care. The authors interpret this as an indicator of strained provider
 capacity, since if enough ambulatory care organizations for the uninsured
 existed, persons would use these instead. However, they did find from
 their interviews that some uninsured persons prefer using emergency
 rooms for routine care regardless, because they cannot be turned away,
 because ERs are always open, or because ERs have been their usual
 source of care.
 The study also looked at capacity changes between 1996 and 1999.
 In the longitudinal context, capacity changes were operationally defined
 as: 1) opening or closing of new sites, 2) expanding or decreasing
 services, staff, space, and hours of operation, and 3) reorganizing
 facility space and modifying organizational operations. The authors
 noted increases in capacity in three cities and decreased capacity in the
 remaining two during the three year period. They found that the most
 important factor affecting capacity was availability of funding programs,
 including Medicaid and Medicaid DSH, governmental funding (state,
 county, city taxes and grants), private philanthropy, and for hospitals,
 Medicare. In the five sites, CHCs did better during the time frame than
 safety-net hospitals in increasing capacity, due to different financing
 mechanisms—i.e., cost-based reimbursement instead of Medicaid
 managed care.
 Safety net operations and infrastructure—operating efficiency,
 management, staffing, and information systems—also influenced
 safety-net capacity, though informants deemed these less critical than
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 public policies regarding funding. Finally the authors found that
 linkages and collaborations—most commonly in the form of referrals and
 agreements to share residents and physicians—did not really have an
 impact on capacity.
 It is clear that certain themes emerge in the review of the studies
 considered here. All considered differences in local environment as an
 important factor in variation among safety net performance and access to
 care for the low-income uninsured. All investigated environmental effects
 on safety-net organizations’ ability to provide care to the low-income
 uninsured. There appear to be three key factors that emerge from the
 case studies: Medicaid-related policies, state and local funding sources,
 and demand for care. With regard to Medicaid, the most salient of
 these factors appear to be: Medicaid eligibility generosity (Baxter and
 Mechanic, 1997; Felt-Lisk, et al., 2001; Lipson and Naierman, 1996; Norton
 and Lipson, 1998); increased competition for Medicaid patients arising
 from Medicaid managed care (Baxter and Feldman, 1999; Lipson and
 Naierman, 1996; Norton and Lipson, 1998); and Medicaid payment rates
 (Baxter and Feldman, 1999).
 Non-Medicaid funding is also cited as having a critical effect on
 organizational safety nets’ performance (Baxter and Mechanic, 1997;
 Baxter and Feldman, 1999; Felt-Lisk, et al., 2001; Lipson and Naierman,
 1996; Norton and Lipson, 1998). These funding sources include state
 grants, state and local taxes, and philanthropy. Other forms of state or
 community support include insurance programs for low-income persons
 not eligible for Medicaid (Lipson and Naierman, 1996) and sympathetic
 residents, media and advocacy groups (Baxter and Mechanic, 1997).
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 The effect of demand for services on safety net performance and
 capacity come up in many of the qualitative studies, which largely argue
 that demand puts pressures on local safety nets, threatening their viability
 (Baxter and Mechanic, 1997; Lipson and Naierman, 1996; Norton and
 Lipson, 1998.) In summary, the case studies reviewed here present a
 comprehensive accounting of the relationships between the organizational
 safety net and access among the low-income uninsured. They also make
 very clear that external influences and safety net performance vary by
 community and that local safety nets have differential effects on access.
 Quantitative Studies of Variation in Safety Net Performance and Access
 Though the studies addressed above suggest important information
 about the relationships among community context, safety net
 performance and access, and provide direction for further study, the
 findings are not easily generalized.
 While those studies strongly suggest that local context matters
 for low-income uninsured persons seeking health care, quantitative
 research using randomly selected observations offers generalizable
 findings that community-level factors, not just individual characteristics,
 affect access among the uninsured. In a particularly relevant study,
 Cunningham and Kemper (1998) found that community-level variations
 in the ability of uninsured persons (of all income levels) to access health
 were not due to individual characteristics only. In fact, individual need
 (measured as perceived health status, age, and sex) only explained
 about 9% of the variance in access across communities, while other
 individual characteristics—family income, educational level, family
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 size, race/ethnicity, and whether the interview was conducted in
 Spanish—accounted for another 6% of variance. The authors suggested
 that other factors must explain some of the variance in access across
 communities.
 Using household survey data from the 1996-1997 Community
 Tracking Study (CTS), Cunningham (1999) examined the effects of
 uninsurance rates on the ability of the low-income uninsured to access
 medical care, compared with those who are low-income and insured.7
 “Low income” was defined as family income less than 200% of the federal
 poverty level (FPL). The three dependent measures were 1) whether
 persons had a usual source of care in the previous 12 months, 2) whether
 respondents used ambulatory care in the past year and 3) whether they
 were able to get needed care in the past twelve months. Controlling for
 individual-level predictors of access, the author looked at the effects of
 the community uninsurance rate using the 60 communities included
 in the CTS. Cunningham grouped communities into those with a high,
 moderate, or low uninsurance rate. Although the study did not focus
 on safety-net organizations, the model controlled for safety-net provider
 supply by including the ratio of hospital beds per person, ratio of public
 hospital beds per low-income person, ratio of hospital emergency rooms
 per low-income persons, ratio of CHC physicians per low-income person,
 and the ratio of non-federal physicians per person. Also included were
 per-capita income and DSH payments per uninsured person. The former
 7 Cunningham also investigated the relationships between access and use and managedcare penetration and Medicaid managed care penetration in the article, but the results arenot reported here.
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 may be a proxy for community wealth, and the latter a rough measure of
 the adequacy of state funding for health care to the poor and uninsured.
 Finally, the author controlled for community size by including site
 population.
 After running separate logistic regressions for the low-income
 insured and uninsured (at the person level) for each of the dependent
 variables, Cunningham computed regression-adjusted means for both
 groups for each of the access measures. He found that a significantly
 higher percentage of the uninsured in areas with high uninsurance rates
 reported no usual source of care. A significantly lower percentage of
 both the insured and uninsured in communities with moderate or high
 uninsurance rates received care in the past year than their counterparts in
 areas with low uninsurance rates.
 The study does not include tests of statistical significance in access
 differences between insurance groups, but the data presented indicate a
 substantively significant difference in access between the two groups (see
 Table 3.1).
 The data indicate that low-income uninsured persons have greater
 access problems than the low-income insured along every dimension of
 access used in the study, no matter what the specific community context.
 For example, the 55.1% of the uninsured in communities with moderate
 uninsurance rates used ambulatory care in the past year, whereas 81.8%
 of the insured did—a difference of nearly 27 percentage points. While
 one can consider the potential issue of self-selection bias, i.e., adverse
 selection, given that the low income who are sicker or disabled may be
 more likely to seek Medicaid and/or Medicare eligibility than healthy
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 Table 3.1:
 Differences in Access among the Low Income by Insurance Status:
 Associations with Level of Uninsurance Rate in a Community
 Percent with no
 usual source of care
 Percent with an
 ambulatory care visit
 Percent with unmet
 medical needs
 Site
 Uninsurance
 Rate
 Uninsured Insured Uninsured Insured Uninsured Insured
 Low
 (< 10%)
 28.2
 9.3
 63.8
 85.1
 15.0
 6.1
 Moderate
 (10-15.9%)
 30.6
 9.0
 55.1
 81.8
 13.8
 7.6
 High
 (=>16%)
 41.9
 10.4
 54.7
 79.9
 18.9
 6.8
 Adapted from Cunningham (1999).
 persons, both the physical and mental health of the individuals was
 controlled for using the SF-12 for adults, a standardized and widely
 validated health status instrument.
 Overall, this study suggests that living in a community with a
 low rate of uninsurance is associated with fewer access problems for
 low-income uninsured persons, but also highlights that no matter what
 the community context, access is better for the low-income insured than
 for their uninsured counterparts.
 While it does not explicitly investigate the effects of Medicaid on
 safety-net providers, the Cunningham study does suggest, as some of
 the case studies do, that demand for care, as measured by a community’s
 uninsurance rate, may affect access to care among the low-income
 uninsured. However, by clustering communities into low, moderate and
 high categories, it fails to take advantage of the CTS’s value in more fully
 exploring variations in safety net performance. It also fails to provide
 a refinement of the findings suggested by some of the case studies, for
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 example, the effects of Medicaid revenues, alternative funding sources
 and other state- and community-level factors on safety-net organizations’
 ability to provide care to the uninsured.
 Andersen, et al. (2002) more explicitly and comprehensively
 investigated variations in community context and how these affect
 access to care among low-income adults and children, although like
 Cunningham, 1999, this was not an organizational study per se. Based
 on studies of safety-net providers by the Urban Institute (Norton and
 Lipson, 1998; Meyer, et al., 1999) and the Institute of Medicine (Lewin and
 Altman, 2000), Andersen and colleagues conceptualized community-level
 factors as follows: demand, community support, structure, and market
 dynamics. They measured demand as percent below poverty, percent
 of non-elderly uninsured, and percent of non-elderly Medicaid-eligible
 residents. Community support was measured as per-capita income,
 income inequality (using the Gini index), and unemployment rate.
 Structure was measured as public hospital beds per 1000 population and
 community health centers per 1000 population. Private HMO penetration
 and competition were the markers for market dynamics.
 The study pooled low-income ( ≤ 250% FPL ) insured and uninsured
 individuals age 0–64 living in 29 Metropolitan Statistical Areas (MSAs)
 of 500,000 or more residents. The individual-level data come from the
 1995 and 1996 National Health Interview Survey (NHIS). Individual-level
 predictors of access were accounted for, including usual source of
 care, which Andersen’s HBM conceptualizes as an enabling factor
 at the individual level, rather than a measure of access. Specifically,
 individual-level predisposing predictors were age, gender, race/ethnicity,
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 and education. Enabling factors were type of health insurance (private,
 Medicaid, other, none), regular source of care (yes/no), and family income
 as percent of FPL. Need for health care was measured as perceived health
 status. Access was defined as a visit to any physician in any setting in the
 past year.
 The study used two-stage logistic regression. Because it used the
 health behavior model, the first stage included the individual-level
 predisposing and need characteristics, and the second stage included
 both the individual enabling and community-level predictors. Percentage
 poverty, percentage non-elderly uninsured, and percentage enrolled in
 Medicaid, i.e., their proxies for demand, were dropped from the final
 analysis because of multi-collinearity with corresponding individual-level
 variables, and other community-level variables. (The latter are not
 specified in the article.) Separate analyses were performed for children
 0–18 and adults 19–64, an acknowledgement that public health policies
 tend to treat children and adults differently. Since the current study
 addresses access among low-income uninsured adults, Andersen et al.’s
 findings for persons 19–64 will be highlighted here.
 At the individual level, the findings for adults indicate that the
 individuals in the study showed use of care patterns well-established in
 the literature. Women were more likely to have seen a physician. Latinos
 and Asians were less likely to have visited a physician than whites were.
 However, there was no significant difference between whites and Blacks.
 Those with less education were less likely to have seen a physician as
 were those in good to excellent health. The uninsured were less likely to
 have used care than the privately insured, while those on Medicaid were

Page 46
                        

34
 more likely to have seen a physician. Finally, those with no usual source
 of care were less likely to have visited a physician.
 Level of employment in the community was a significant factor.
 Adults living in communities with higher unemployment rates were less
 likely to have seen a physician. Persons in communities with a greater
 supply of CHCs were more likely to have seen a physician. The supply of
 public hospital beds and the degree of HMO penetration and competition
 were not significantly related to physician visits.
 As stated above, this was not an organizational study, and so it does
 not consider how external factors affect organizational capacity to provide
 care. Finally, like Cunningham, 1999, local health departments are not
 included. And although state-level public policy, especially Medicaid
 policy, plays a significant role in access to health care among the low
 income (Baxter and Mechanic, 1997; Baxter and Feldman, 1999; Felt-Lisk,
 et al., 2001; Lipson and Naierman, 1996; Norton and Lipson, 1997),
 Medicaid program characteristics, e.g., expenditures, were not considered
 by the authors.
 Brown, et al. (2004) is somewhat of an extension of Andersen,
 et al. (2002). Like the previous study, it investigated the effects of
 community context on ambulatory care access for low-income persons
 in urban MSAs. However, this study limited the population of interest to
 low-income adults, and increased the number of communities from 29 to
 54, ranging in size from 330,000 to over 9 million people. The dependent
 variables and individual-level predictors come from the 1995 and 1996
 National Health Interview Survey (NHIS). Community-level data are
 from a variety of secondary sources. The study used a re-formulation of
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 the health behavior model similar to that used by Andersen et al. (2002).
 Community characteristics were defined as safety net services, safety
 net population in need, support for the low-income population, and the
 broader health-care market. Safety-net organizations were not the focus
 of the study, but included under the concept “safety net services” using
 the following community capacity measures: 1) FQHC rate—the number
 of FQHCs in the MSA divided by the number of persons below 250% of
 the poverty level multiplied by 10,000; 2) percentage of total community
 outpatient department visits occurring at public hospitals; and 3) the
 percentage of total community outpatient visits at teaching hospitals.
 Population in need of safety net services can be regarded as another
 way of conceptualizing demand for safety-net care. Cunningham (1999)
 used percent uninsured as a measure of demand and Andersen, et al.
 (2002) used percent non-elderly uninsured as a demand measure. (As
 stated above, Andersen and colleagues also used two other measures
 for demand.) Brown, et al.’s proxies for demand were: 1) the percentage
 of the community population in low-income households (defined as
 at or below 250% FPL); 2) the percentage of non-elderly low-income
 uninsured; 3) the percentage of non-elderly low-income persons on
 Medicaid; 4) the percentage of community residents who were immigrant
 non-citizens; and 5) the percentage of the community population in each
 major racial/ethnic minority group. Community support for low-income
 persons was defined using a Medicaid generosity index developed with
 1997 data from the National Governors Association. Community support
 for the safety net was measured by the amount of grant funds provided
 to FQHCs in the community per low-income capita and total Medicaid
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 payments per Medicaid-eligible community resident. The effects of the
 health-care market were measured as physicians per 1000 population,
 HMO penetration, and an HMO competition index. Two dependent
 variables were considered—potential access, defined as having a usual
 source of care, and realized access, which the researchers defined as
 whether an individual saw or talked to a physician or assistant in the past
 12 months. Individual factors included in the analysis were age, gender,
 race/ethnicity, education, marital status, recent immigration, household
 income, health insurance coverage, and presence of a usual source of care
 (also used as a predictor when use of care was the dependent variable),
 as well as individual need, measured as self-reported health status and
 number of inpatient days used in the past year.
 Hierarchical logistic regression was used to determine whether
 community-level variables had a significant effect on the two access
 measures. The authors modeled the uninsured and insured separately
 because environmental factors have differential effects on the two
 populations. Then they used stepwise logistic regression for each
 variable, excluding from the start those variables which were not
 significant in the initial hierarchical modeling.
 Table 3.2 presents the authors’ results of the logistic regression for
 low-income uninsured adults, the population of interest in the current
 study.
 Because they are missing from the published tables, it can only be
 inferred that the following community-level factors were not significant
 in the hierarchical models for either access measure: percentage of
 population that is Medicaid eligible (a demand measure); percentage of
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 Table 3.2:
 Logistic Regression Results for Access to Care Among
 Low-Income Uninsured Adults
 Having a Usual
 Source of Carea
 Physician Visit,
 Past 12 Monthsa
 Individual-Level Measures
 Age 19-39 (40-60) 0.819* 1.041
 Female (male) 1.768*** 2.316***
 Education (beyond high school):
 Not high school graduate 0.756 0.756**
 High school graduate 0.923 0.878
 Married (not married) 1.073 1.000
 Recent immigrant < 5 years in U.S.
 (no):
 Yes 0.527*** 0.980
 Ethnicity (non-Hispanic whites):
 Latino (see interactions
 below)
 0.869
 African American NS 1.197
 Asian or Pacific Islander NS 0.891
 American Indian/Alaska Native NA 0.942
 Other Race/Ethnicity NS NA
 Poverty level (151%-250% FPL):
 <=50% 0.811 1.323*
 51%-100% 0.961 0.961
 101%-150% 1.051 0.861
 Usual source of care (no source):
 Has usual source of care NA 2.586***
 Low health status (not low health
 status)
 1.477*** 2.664***
 Community-Level Measures
 Safety Net Population:
 % Non-citizen NS 0.990*
 % Low income (see interactions
 below)
 NA
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 Table 3.2, continued:
 Logistic Regression Results for Access to Care Among
 Low-Income Uninsured Adults
 Having a Usual
 Source of Carea
 Physician Visit,
 Past 12 Monthsa
 % Low income uninsured NS NA
 Safety Net Support:
 Medicaid payments 1.094* NS
 Safety Net Services:
 Outpatient visits in public
 hospitals
 NS NA
 Outpatient visits in teaching
 hospitals
 NA 1.000
 FQHCs per 10,000 low income
 persons
 NA 1.336*
 Health Care Market Characteristics:
 HMO penetration (see interactions
 below)
 NS
 HMO competition index 0.990 NS
 Interactions for Latino (white):
 Main Effect:
 Latino 2.00** (see above)
 % low income -0.0119 (see above)
 HMO penetration -0.002 (see above)
 Interactions:
 Latino individual*community-
 level low income
 -0.02
 NA
 Latino individual*HMO
 penetration
 -0.03** NA
 a Model estimates are expressed as odds ratios (OR).
 * p < = .05; ** p <= .01; ***p <=.001.
 Adapted from Brown et al. (2004).
 Referent categories in parentheses.
 NS = not significant in the stepwise modeling.
 NA = not applicable, because it was not included in this logistic regression.
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 population in each major ethnic group (a demand measure); the Medicaid
 generosity index; community health center grants per resident; and
 physicians per 1000 population.
 Community Context and Use of Care:
 Brown and colleagues found that certain components of the
 organizational safety-net capacity were significant for use of care—those
 living in communities with more FQHCs per 10,000 low-income persons
 were more likely to have seen a health-care provider at least once in the
 past twelve months. However, their other measures of organizational
 safety-net capacity were not significantly related to use of ambulatory
 care. Additionally, uninsured adults in communities with a higher
 proportion of non-citizens were significantly less likely to use care. Other
 community-level domains—all of the other measures of population need,
 health-care market, support for poor persons, and support for the safety
 net—had no significant effects on the odds of using ambulatory care.
 Individual Predictors of Access:
 As the results in Table 3.2 indicate, the individual-level factors were
 the strongest predictors of access. Females were significantly more likely
 to have a usual source of care and to use care, as were those reporting
 poorer health. These results are expected, having been found many times
 in the literature on access. Being a recent immigrant made a person less
 likely to have a usual source of care—not surprising given possible lack of
 acculturation, lack of familiarity with community health-care resources,
 possible language barriers, and reluctance to engage with community
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 institutions—but being an immigrant had no significant effect on use
 of care, which is somewhat surprising given the same reasons. Those
 who never graduated from high school were significantly less likely to
 use care but there was no education effect on usual source of care. The
 low-income uninsured who reported having a usual source of care were
 about 2.5 times more likely to use care than those who reported no usual
 source, suggesting that this is an important individual-level predictor of
 realized access, but one that is not always included in models of access.
 The results also show that Latinos were more likely to report having a
 usual source of care than whites. Results were non-significant for all other
 races. Race was not a significant factor in use of care.
 Finally, uninsured adults in households at or below 50% of the FPL
 were more likely to use care than others. This finding is somewhat
 difficult to interpret, as is the positive relationship between being Latino
 and having a usual source of care. For the latter the authors surmise
 that persons living in an area with a long-established Latino population
 may have access to a well-developed safety-net system oriented to
 their sub-community—e.g. one with Spanish speaking practitioners
 and community outreach efforts. Another possible reason given is that
 minorities tend to concentrate in central cities, where more safety-net
 providers are located.
 Geography may also help explain why the poorest are more likely to
 use care than those approaching 250% of FPL. Hadley and Cunningham
 (2004) hypothesized that the smaller the distance to a safety-net
 organization, the greater the access to care for the uninsured, and their
 hypothesis was largely supported. As noted above, since safety-net
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 organizations tend to be located in central cities, where the poorest
 are concentrated, the poorest may be closer to a safety-net provider,
 particularly an FQHC, than someone around 250% FPL.
 In their study, safety-net organizations were defined as safety-net
 hospitals—all nonfederal public hospitals and non-profit hospitals with
 a high Medicaid caseload—and community health centers, both FQHCs,
 FQHC look-alikes, and free clinics.8 Access was measured three ways:
 having a usual source of care, having an unmet need or delaying care,
 and use of care—ambulatory care, emergency room visit, general medical
 visit, and hospital stay. The data for the dependent and individual-level
 independent variables come from the 1998–1999 CTS.
 This study did not consider community context, and it is only
 partially a study of safety-net characteristics on access. Rather, it is
 methodologically oriented. The authors used instrumental variable (IV)
 estimation to overcome endogeneity problems in the relationship between
 distance of safety-net organizations and level of access. As implied above,
 safety-net organizations are not randomly distributed. They tend to be
 located in areas where there are large percentages of poor persons. For
 example, FQHCs are federally required to locate in underserved areas.
 Finally, while some case studies of safety nets suggest that local norms
 influence safety-net capacity (for example, see Baxter and Mechanic,
 1999; Steinberg and Baxter, 1998), existing quantitative research on the
 relationship between external factors and health-care safety nets does not
 consider the relationship between capacity and less tangible phenomena
 8 Information on the free clinic locations come from the 2000 Free Clinic Foundation ofAmerica directory. The authors do not indicate the data source for FQHC look-alikes.
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 like norms of distribution. Further, to the extent that norms are inculcated
 in political ideology—a relationship that will be explored in the next
 chapter—the empirical literature relating political ideology and capacity
 and/or access is virtually nil.
 There is a robust empirical literature on the effects of ideology on
 state policies ranging from tax effort (e.g., Erikson, Wright and McIver,
 1993; Lowery, Gray and Hager, 1989), to AFDC/TANF (e.g., Brown,
 1997; Erikson, Wright and McIver, 1993; Fellowes and Rowe, 2004), to
 state Medicaid program characteristics (e.g., Barrilleaux and Miller, 1988;
 Grogan, 1994) to criminal justice policy (e.g., Erikson, Wright and McIver,
 1993) but no literature exists that focuses on the relationship between
 political ideology and sub-state variations in social polices in general, or
 health-care safety nets in particular.
 Summary: Gaps in the Existing Literature
 The reviews of the relevant qualitative and quantitative studies on
 safety-net organizations point out that there is a disconnect between
 what the qualitative studies suggest and the way the existing quantitative
 research is modeled. The case study findings suggest that there are really
 two stages to the question: What affects safety-net organizations’ ability
 to provide care for the uninsured?
 The question should be decomposed. The first question should be:
 What are the effects of state and local political and economic factors
 on local health-care safety-net organizations’ capacity? Then follows
 the question: What effect does organizational capacity have on use of
 care by low-income uninsured adults? Relatedly: What is the effect
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 of organizational safety net composition on use of care by this group?
 The existing quantitative work does not make use of the relationships
 between the external factors and safety-net organizations suggested
 by the qualitative studies. Instead, Andersen et al. 2002, Brown et al.
 2004, and Cunningham, 1999 concern themselves with the effect of
 state and community-level factors on use of care by the low-income
 uninsured. More specifically, these studies do not consider that political
 and economic factors have effects on health-care organizations’ capacity,
 which in turn affects access to care. This modeling, while appealing
 to simplicity, does not depict the true relationships. What is needed
 empirically is a two-stage model that answers each question sequentially.
 This will be developed and tested in subsequent chapters.
 III.3. Summary
 This study seeks to develop and test a model more explicitly related
 to the qualitative study findings than do existing empirical research on
 safety nets and access. It offers a refinement of the modeling done in
 previous quantitative literature considering the effects of community
 context on variation in access among the low income and uninsured,
 by taking into account the richness of the findings from the qualitative
 research reviewed in this chapter, while producing generalizable findings.
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 CONCEPTUAL FRAMEWORK
 The meaning of ecology in this study is conceptually related to the
 meaning used in the literature on the relationship between place and
 health (Catalano and Pickett, 1999; Macintyre, et al., 2002). Ecological
 research on human health argues that “place matters” and health
 outcomes can vary by locale. This study is concerned with the ecology
 of access—how geography, or place, is associated with variation in use
 of health care by adults who are low income and do not have private
 or public health insurance. The current study uses “ecology” instead of
 more traditional “markets,” to link it conceptually to research on place
 and health, since access to health care is a means of improving health
 outcomes among those in need. In short, once illness occurs, access to
 health is often crucial (See Chapter II for a review.)
 This chapter draws upon concepts of norms, values, and political
 ideology to develop a model that links political and economic influences,
 organizational safety-net capacity, and access to care among low-income
 uninsured adults. It begins with graphical and formal presentations of
 the conceptual model to be used in the study. It then discusses the role
 of values and norms in the context of political policy, and links values and
 norms to political ideology.
 44
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 IV.1. Introduction to Model
 Figure 4.1 represents the conceptual framework used in this
 dissertation and highlights the factors that promote first, variation in
 organizational safety-net capacity and second, variation in access among
 low-income uninsured adults ages 18–65.
 Figure 4.1: Conceptual Framework
 Political Factors:
 • Political Ideology
 Economic Factors:
 • Medicaid Revenue
 • Local Government
 Revenues
 • Demand
 Individual-level
 Socio-demographic
 Characteristics
 Organizational
 Safety Net
 Capacity
 Use Among
 Low-Income
 Uninsured
 Adults
 Organizational
 Safety Net
 Composition
 Need
 The model can also be expressed formally. First, the schematic
 presented above can be expressed as two related functions:
 C = f(PI, MP, R, D)
 and
 A = f(C, CM, ID, N)
 where
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 C = overall safety-net capacity,
 PI = state political ideology,
 MP = public insurance programs,
 R = local community revenues,
 D = demand,
 A = use of care by uninsured adults,
 CM = safety net composition,
 ID = individual-level demographic characteristics,
 and
 N = need.
 Second, the functions can be expressed as two linear equations:
 Ci = a0i + a1·PIi + a2·MPi + a3·Ri + a4·Di + u1,i
 and
 Aj,k = b0,j,k + b1·Ck + b2·CMk + b3·IDj,k + b4·Nj,k + u2,j,k
 where Ci is safety-net capacity for the ith community and Ck is safety-net
 capacity for any person in the kth community, given that k is a subset of i.
 Local organizational safety-net capacity is a function of both state
 and local political and economic influences. The salient political
 force considered in this study is the values and norms made manifest
 through a state’s political ideology. The most relevant economic factors
 for safety-net organizations comprise Medicaid expenditures, local
 government revenues, and demand for safety-net organizations. Realized
 access, or use of care is, in turn, a function of the organizational capacity
 of health-care safety-net organizations and safety net composition, as well
 as individual-level socio-demographic characteristics and need for care.
 As the notation suggests, the study uses a two-stage multi-level model,
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 which will be described fully in Chapter V.
 IV.2. Values and Norms in Political Context
 This section builds an argument that relates state political ideology to
 values and norms regarding what constitutes equitable use of resources.
 Consider the following loose analogy: political ideology is to public
 policy as values are to norms. First, values in this context can be
 considered moral beliefs or orientations, while norms are understood as
 the behavioral expectations that arise from and promote those values.
 There is not a strict causal relationship: values do not always lead to
 norms and not all norms are value-laden, yet as Habermas suggests
 “values are candidates for embodiment in norms” (Habermas, 1984 Vol
 1, p. 89).
 Some values may cluster. Parsons (1951) introduced the idea of
 value-orientations, “systems of linked values in the society...to which
 allegiance was owed” (quoted in Spates, 1983 p. 31). In the political
 realm, these clustered values may be construed as “ideology.” Chong
 (2000) refers to a political ideology as a “constellation of values” (p.
 34). To extend the analogy offered at the top of this section, political
 ideology constitutes political orientation, i.e., values, while policies are the
 behavioral prescriptions arising from those ideologies. Again, a caveat is
 called for: not all public polices are driven or even influenced by political
 ideology. However, as I will argue below, in the U.S. redistributive social
 policies possess a pronounced ideological dimension.
 The following provides one notable example of the general
 relationship between political ideology and redistributive policy: in
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 the United States, conservative ideology tends to place more emphasis
 on individual agency as the cause of perceived social problems than
 liberal ideology does, while the latter emphasizes social structure as a
 major determinant of the same problems. These orientations often lead
 to different prescriptions for social problems, for example joblessness
 among low-income youth. The liberal answer may be to provide
 government-funded job readiness programs and case management for
 job placement, thus implying that a perceived structural problem must
 be answered with a structural response. On the other hand, to the extent
 that conservatives prefer any government response, they may advocate
 a market-based solution to joblessness among low-income adults, e.g.
 tax incentives to employers to employ these individuals. Such a policy
 assumes the unemployed person’s volition in the job-seeking process.
 The point of this brief explication is not to delineate conservative and
 liberal ideology—which is beyond the scope of this study—but rather
 to point out that policies can be derived from political value clusters, or
 ideologies, and that these policies constitute the expectations of the polity
 regarding both the target and desired outcome of the policy.
 IV.3. Political Ideology and Redistributive Policy
 The argument that values in political context lead to politically
 prescribed policies hold especially true in the realm of distributive and
 redistributive policy. Elster (1989) articulates a theory of social norms as a
 way to frame the problems of collective action. One category of norms he
 discusses is the “norms of distribution” (Elster, 1989, p. 123). Subsumed
 under the distributive category and most germane to the present
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 discussion are the norms of equality and equity. According to Elster,
 the former emphasizes sameness or egalitarianism, e.g., “equal pay for
 everyone regardless of type of work” (Elster, 1989, p 215) and the latter
 emphasizes differential outcomes, for example resource arrangements
 “ranging from norms of proportionality of the form ‘to each according
 to his X’ to the norm of ‘equal pay for equal work’ ” (Ibid). Conflict will
 arise if there are differing perceptions of what is fair or just—the norm
 of equality or the norm of equity and if the latter, whether it should be
 strong equity, i.e., proportionality, or a less strict definition.
 Elster’s argument has nothing to do with public policy per se. It
 is a theory arguing for the primacy of norms, rather than self-interest,
 in the generation, content, and outcomes of collective endeavors. It is
 not necessary to believe, as Elster does, that norms are privileged over
 self-interest, that they have “independent motivating power” (p. 125),
 in order to apply the concept of norms of distribution to a discussion of
 redistributive policy.1
 This study takes the position that norms of distribution manifest
 themselves in social policy in the United States through the mechanism of
 political ideology: more specifically, that while norms of economic equity
 are embedded in the origin and content of more distributive social policy
 programs like Social Security and Medicare, norms of economic equality
 motivate redistributive policies that are focused on the poor, such as
 Medicaid. That is, prevailing political ideologies are embodied in policies
 that purport to distribute resources from the more to the less well-off.
 1 For example, Chong (2000) argues that values, norms and self-interest combine inpolitical decision-making.
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 However, redistributive policies are on more contested ground than
 distributive policies, partly because they go to the heart of conflicting
 ideologies about the causes of inequality and its solutions—individual
 agency versus social structure; markets versus government—especially in
 a country with an overarching Liberalist ideology like the United States.
 Are the poor culpable for their poverty due to poor choices or are they
 victims of factors beyond their control? Should they work their way
 out of poverty by participating in the job market or should government
 intervene?
 These questions are meant as rhetorical devices—simply
 dichotomizing its causes and solutions does disservice to the complexity
 of inequality. The questions are asked merely to highlight that there are
 heterogeneous values and prescriptions relating to the causes of and
 solutions to inequality.
 Insofar as it applies to social policy design and implementation,
 the norm of economic equality has never been as dominant in U.S.
 political culture as the norm of equity, any rhetoric to the contrary
 notwithstanding.2 In fact, the definition of what is considered fair
 resource allocation has always been contentious. The history and content
 of redistributive social polices in the United States amount to an uneasy
 and inconsistent compromise between the belief that the poor, at least
 those perceived to be the deserving poor, receive aid, and that poverty,
 especially for those perceived to be undeserving, is a moral failing for
 2 To the extent that there exists any abiding norm of equality, it is characterized more bya focus on equality of opportunity than equality of outcome—hence, the emphasis in theUnited States on legal, rather than economic equality.
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 which the individual is culpable (Handler and Hasenfeld, 1991).
 Redistributive Policies and the American States
 Unlike distributive polices targeted to the employed and formerly
 employed, polices related to the poor fall not entirely under the auspices
 of the federal government. Rather, federal policy makers have honored
 federalism, and thus state preferences, when designing much of
 redistributive policy.
 In the U.S., care for the poor has traditionally been the province of
 local authorities, and later, state governments (Handler and Hasenfeld,
 1991; Katz, 1986; Trattner 1979), as English traditions and laws, like
 the English Poor Laws, were imported to the American colonies. State
 governments became involved in welfare and health care for the poor
 as state-operated institutions developed in the 19th century to house the
 destitute, the mentally ill, the physically disabled, and as state health
 departments became institutionalized in the early 20th century (Duffy,
 1990). Even as federal financial involvement developed in the 20th
 century, states have continued to maintain substantial policy discretion
 regarding much of the content of income maintenance and health
 policies that apply to the working and non-working poor (Handler and
 Hasenfeld, 1991; Katz, 1986).
 The reasons for lack of national health care or health insurance in the
 U.S. are numerous and varied, and discussion of this topic is beyond the
 scope of this study. However, at the very least, federal inaction in this
 arena has allowed states to step into the vacuum and opens the way to
 ideologically-based geographical heterogeneities in safety-net capacity.
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 State and sub-state government institutions will show variation in norms
 of equality to the poor seeking health care, as expressed by the dominant
 political ideology. Because safety nets play a role in public redistributive
 policies, their capacity will be influenced by political ideology.
 H1: More liberal state political ideology will be associated with greater local
 safety-net capacity.
 IV.4. Economic Factors
 Health-care safety-net organizations face resource constraints and
 opportunities in the context of state and local economic factors. The
 most salient influences in this study are public insurance for the poor,
 local government revenues and demand for safety net services. It
 is clear that certain themes emerge in the review of the literature on
 safety net viability. One of the most salient of these factors appear
 to be Medicaid-related (Felt-Lisk, et al., 2001; Lipson and Naierman,
 1996; Norton and Lipson, 1998), including Medicaid revenues (Baxter
 and Feldman, 1999; Felt-Lisk, et al., 2001; Lewin and Altman, 2000;
 McAlearney, 2002) and disproportionate share hospital (DSH) programs
 (Baxter and Mechanic, 1997; Coughlin and Liska, 1998; Felt-Lisk, et al.,
 2001; Fishman and Bentley, 1997; Norton and Lipson, 1998; Zuckerman,
 et al., 2001).
 Non-Medicaid funding is also cited as having a critical effect on
 organizational safety nets’ performance (Baxter and Mechanic, 1997;
 Baxter and Feldman, 1999; Felt-Lisk, et al., 2001; Lipson and Naierman,
 1996; Norton and Lipson, 1998). These funding sources include
 governmental funding (state, county, and city taxes and grants) and
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 philanthropy (Felt-Lisk, et al., 2001).
 Medicaid Revenues
 The predominant public insurance program for the poor is Medicaid.3
 There are myriad aspects of the Medicaid program that can be
 hypothesized to affect safety-net capacity. Medicaid managed care,
 state-defined eligibility criteria, and disproportionate share payments
 to hospitals (DSH) are just a few of the candidates for inclusion in the
 model. Although much of the literature on safety nets and Medicaid
 have focused on the role of private and Medicaid managed care in the
 performance and financial health of safety-net organizations, Medicaid
 revenues have the most direct relationship with safety-net capacity. To the
 extent that Medicaid managed care influences capacity, it is most likely
 because it affects the Medicaid revenue stream to safety-net organizations.
 Previous studies have found that Medicaid revenues have an impact
 on organizational safety-net capacity because they represent a significant
 revenue stream for safety-net organizations, whether they are institutional
 3 A large body of literature suggests that political ideology plays a role in redistributivepolicy, including Medicaid programs (See Chapter III for a review). However, as reviewedin Chapter III, Medicaid program characteristics affect safety nets’ resources and thereforecapacity (Baxter and Mechanic, 1997; Baxter and Feldman, 1999, Felt-Lisk, et al., 2001;Lipson and Naierman, 1996; Norton and Lipson, 1998). Therefore, one possible theoreticalmodel would first treat Medicaid as a function of political ideology (and other factors), andthen treat organizational capacity as a function of Medicaid program characteristics andother factors, and finally, view access as a function of organizational capacity. However, aninvestigation of a three-stage model is beyond the scope of the current study. For the sakeof simplicity, both Medicaid policy and political ideology are presented as independentand exogenous to organizational safety-net capacity, even though there is likely an effectin the larger model that this study is not testing.
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 or community-based. Public safety-net hospitals received about 41% of
 their revenues from Medicaid in the mid 1990s (Fagnani, et al, 2000).
 During the same time period, Medicaid was the source of about 34% of
 revenues for community health centers (Kaiser Commission, 2000). In
 turn, Medicaid payments can be important for cross-subsidization of
 charity care. Although many Medicaid programs pay less than the cost
 of the service, Medicaid revenues may represent a large percentage of
 safety-net organizations’ revenue base, so these organizations can become
 extremely dependent on Medicaid funding.
 H2: Medicaid revenues will be positively associated with safety-net capacity.
 Local Government Revenues
 Local government revenues can be considered non-operating revenues
 for the safety net (Meyer, et al., 1999.) Local government revenues in great
 part determine the level of local investment in the health-care safety net.
 Government revenues may also be viewed straightforwardly as a sign of
 community wealth. Similar to other community investments in public
 and quasi-public goods, a wealthier community will be likely to invest
 more in its safety net than a poorer community would, all else being
 equal. Local government funding varies across locales, with property
 and sales taxes being the most significant contributions to safety nets’
 non-operating revenues (Ibid).
 H3: Local government revenues will be positively associated with safety-net
 capacity.

Page 67
                        

55
 Demand
 Beginning in the 1990s a literature developed that looked at the role
 of public insurance as a substitute for private insurance. The findings
 suggest that “crowding out” does occur, although the magnitude of the
 effect varies across studies (Cutler and Gruber, 1996a; Cutler and Gruber,
 1996b; Gruber and Simon, 2008). More recent literature extends the
 question of substitution to uncompensated care or safety-net providers
 and insurance (Chernew, et al., 2005; Herring, 2005; Lo Sasso and Meyer,
 2006; Rask and Rask, 2000; 2005) and has found evidence for crowding
 out, i.e., that uncompensated care or safety-net providers increase moral
 hazard in that a percentage of those otherwise eligible for insurance
 choose to forgo being insured.
 The findings from this literature would lead to the prediction that
 low-income individuals living in communities with greater safety-net
 capacity would be more likely to forgo insurance coverage, therefore
 creating a higher proportion of uninsured persons, (all else being equal).
 Given the endogeneity of demand (i.e., uninsurance) and supply (i.e.,
 safety-net capacity), this relationship could be stated in the reverse: that
 areas with greater demand for safety net services would have greater
 safety-net capacity.4
 However, empirical literature focusing on demand and access
 suggests that greater demand is associated with less access (Cunningham,
 1999; Lewin and Altman, 2000), with uninsurance as a proxy for demand.
 4 This endogeneity will be addressed methodologically in Chapter V.
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 Cunningham (1999) found that the greater the percentage of uninsured
 the less likely they were to access care. This finding suggests that
 safety-net providers’ capacity is strained in areas with higher proportions
 of uninsured persons. In a qualitative study of sixteen communities in
 twelve states, high demand for safety net services was associated with a
 less viable organizational safety net (Norton and Lipson, 1998).
 It is apparent from this that there are arguments on both sides. The
 literature on demand and safety-net capacity suggests their relationship is
 indeterminant with respect to establishing a directional hypothesis.
 H4: Demand for safety net services will be significantly associated with
 safety-net capacity.
 IV.5. Organizational Capacity and Use of Care
 This study conceptualizes organizational capacity as supply vis a vis
 its relationship to use of health-care services. It argues that controlling for
 other factors, as the supply of health-care providers increases, the use of
 health-care services increases. Economic literature that argues a positive
 relationship between supply and demand, i.e., use of health-care services,
 tends to fall within one of two categories: moral hazard and induced
 demand.
 As it applies to health care, moral hazard is associated with third
 party payment, or more specifically, having health insurance. It has
 been theorized that when the individual does not have responsibility
 for payment he/she will use more (unnecessary) services than would be
 used in the absence of insurance coverage, (Feldstein, 1973; Pauly, 1968).
 Although moral hazard was originally theorized as affecting health care
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 use generally, it has also been argued that moral hazard applies more to
 routine ambulatory and preventive care than services for serious illness
 (Pauly, 1983; Pauly, 2003), due to differences in the price elasticity of
 demand.
 The most rigorous test of the moral hazard theory, the Rand Health
 Insurance Experiment (HIE), a randomized, controlled study of the effects
 of differential health insurance coverage and use, found some empirical
 support for moral hazard. Those enrolled in fee-for-service health plans
 used slightly more health care than study participants with insurance
 plans that included cost-sharing arrangements (Keeler and Rotph, 1988;
 Manning et al., 1987; Newhouse et al., 1993).
 One might think that moral hazard should not be applicable to
 low-income uninsured persons, and this has been argued by some
 (e.g., Geyman, 2007), However, some empirical literature has extended
 the theory of moral hazard to include the relationship between public
 health-care subsidies and use among the poor and uninsured, for
 example, financing mechanisms like uncompensated care pools. The
 findings have been mixed (Dunn and Chen, 1994; Frank and Salkever,
 1991; Gaskin, 1997; Rosko, 1990; Thorpe and Spencer, 1991; Thorpe and
 Phelps, 1992), but the theoretical possibility for greater use in the presence
 of greater safety net supply remains.
 Supplier-induced demand is another phenomenon that is theorized
 to cause non-optimal use of care. Simply stated, the theory argues that
 providers exploit information asymmetries by giving patients care they
 do not need in order to increase providers’ revenues. There is a large
 empirical literature that supports the existence of supplier-induced
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 demand (see for example Auster and Oaxaca, 1981; Cromwell and
 Mitchell, 1986; Fuchs, 1978; Gruber and Owings, 1996; McGuire and
 Pauly, 1991) although some literature finds it is greater for inpatient than
 for ambulatory care services (for example, see Feldman and Sloan, 1988).
 Although the empirical study of induced demand has not been
 extended to health-care safety nets to the same extent as moral hazard,
 the theory predicts that greater capacity—i.e., supply of safety-net
 providers—will be associated with greater use of care.
 A third approach, the collective good perspective, is in addition to
 the moral hazard and induced demand and is somewhat in opposition
 to both.5 While moral hazard and induced demand see welfare
 loss in “excess” use, i.e., use caused by the phenomena, rather than
 by exogenous factors, the collective good perspective argues for
 investment in goods and services that increase positive and limit negative
 externalities. Applied to health care, the argument is as follows: ensuring
 access to care for the uninsured would help not only those individuals,
 but the community as a whole, for example, by limiting the spread of
 communicable disease (Institute of Medicine, 2003, Chapter 5), and/or
 by improving educational attainment (Hadley, 2003) and increasing
 productivity (Cutler, 2002, p. 28; Hadley, 2003)— all arising from increases
 in positive health outcomes. The empirical literature on social benefits
 and costs related to health status and outcomes is extensive and much of
 it focuses on the national level or is related to cross-national comparisons.
 5 Because health-care services are rival and excludable, they do not meet the classicdefinition of public goods. Rather, they can be viewed as quasi-public goods or collectivegoods. However, given the externalities related to health status and outcomes, a similarargument can be pursued.
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 However, there has been some work on how social costs and benefits
 vary by communities within the United States. Pagan and Pauly (2006)
 found that a higher percentage of uninsured persons in a community
 was associated with greater unmet medical needs among the insured,
 potentially leading to poorer population health among this group.
 Although this study did not look at safety-net capacity directly, capacity
 as a factor is implied in the study.
 From a collective good perspective, safety-net capacity is the result of
 conscious, predetermined investment for the sake of community benefit.
 Although in general communities will invest in local safety nets, for
 various reasons addressed earlier in this chapter, communities vary in
 the degree to which they perceive access to health care for the poor and
 uninsured as a collective good and therefore vary in their investment in
 the safety net. This will result in varying safety-net capacity, which in
 turn, will vary ambulatory care use among the low-income uninsured.
 H5: Low-income uninsured adults living in communities with greater
 organizational safety-net capacity will be more likely to use ambulatory care.
 IV.6. Composition of the Organizational Safety Net and Use of Care
 The collective good/public investment argument used above is also
 applicable in hypothesizing a relationship between the composition of
 the local safety net and use among low-income uninsured individuals.
 Communities will differentially invest in or support health-care safety-net
 organizations and this will affect access to ambulatory care among the
 low-income uninsured persons living in the community. Although
 hospitals have greater overall capacity than community-based health-care
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 organizations, the latter are targeted specifically toward providing
 ambulatory primary care, while hospitals, even those with primary care
 capacity, have a variety of health-care goals. Existing research tends to
 support the argument that community-based safety-net providers are
 important for ambulatory care use (Andersen et al., 2002; Brown, et al.,
 2004; Hadley and Cunningham, 2004).
 H6: Low-income uninsured adults living in communities with a higher
 proportion of community-based capacity will have a higher probability of
 ambulatory care use.
 IV.7. Individual-Level Correlates of Use
 Health-care use is to a large degree a function of the individual
 characteristics of users, and thus these individual determinants should be
 considered in a study that involves use of health care.6 In consideration
 of the contribution of individual characteristics, this study uses the Health
 Behavioral Model (HBM) to conceptualize individual-level correlates
 of health-care use. According to the HBM, factors that influence use
 are comprised of predisposing characteristics, enabling resources, and
 need. Predisposing characteristics include age, gender, race, ethnicity,
 and beliefs and attitudes about health and health care, while enabling
 resources offer the individual the means to access care: income, assets,
 health insurance, and other resources, e.g., assistance by family members.
 Need for health-care services may be measured by health status or
 severity of illness (Andersen and Newman, 1973). Perceived health status
 6 These individual-level controls will be addressed in more detail in Chapter V.
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 pertains to individuals’ views of their health, while evaluated health
 status reflects professionals’ perceptions.
 IV.8. Summary
 This chapter has introduced both a graphical and formal model to
 predict organizational safety-net capacity, and then the relationship
 between capacity, composition, and use of care among low-income
 uninsured adults. Briefly summarized, local organizational safety-net
 capacity is a function of both state and local political and economic
 influences. It has presented an argument that the salient political
 force is the values and norms inherent a state’s political ideology and,
 based on the literature review of case studies in the previous chapter,
 argues that the most relevant economic factors are Medicaid revenues,
 local government revenues, and local demand. Use of care is, in turn,
 a function of the organizational capacity of health-care safety-net
 organizations and safety net composition, as well as individual-level
 socio-demographic characteristics. This chapter has introduced
 hypotheses. The method for testing this model is the subject of the next
 chapter.
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 METHOD
 V.1. Introduction
 Figure 5.1 is similar to that introduced in Chapter IV but has been
 modified to add control measures and also includes an instrumental
 variable–which will be discussed later in this chapter.
 Figure 5.1: Framework Including Control Measures and Instrumental Variable
 Predictors:
 • Political Ideology
 • Medicaid
 Expenditures
 • Local Government
 Revenues
 • Demand
 Controls:
 • Community
 Demographics
 • Community
 Population
 • Region
 • Median Income
 Instrumental Variable:
 • Historical Safety Net
 Capacity
 • Individual
 Socio-demographic
 Characteristics
 • Individual Health
 Status
 • Local Supply of
 Physicians
 Organizational
 Safety Net
 Composition
 Use Among
 Low-Income
 Uninsured Adults
 Organizational
 Safety Net
 Capacity
 The formal model below is similar to that matched to Figure 4.1
 62
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 introduced in Chapter IV but unlike that in Chapter IV, it has been
 operationalized to include control measures and an instrumental variable:
 CA = f(PI, MP, GR, D, CD, P, R, I, HC)
 and
 A = f(PCA, CM, ID, MD)
 where
 CA = overall safety-net capacity,
 PI = state political ideology,
 MP = state Medicaid revenues,
 GR = local government revenues (net of health revenues),
 D = demand for organizational safety net care,
 CD = community-level demographics,
 P = community population,
 R = Census region,
 I = community-level median income,
 HC = historical safety-net capacity,
 A = use of care by uninsured adults,
 PCA = predicted safety-net capacity,
 CM = safety net composition,
 ID = individual-level demographic characteristics,
 HS = individual-level health status,
 The functions can be expressed as the following two linear equations:
 Cobsi = a0i + a1·PIi + a2·MPi + a3·GRi + a4·Di + a5·CDi + a6·Pi + a7·R +
 a8·Ii + a9·HCi + u1,i
 and
 Aj,k = b0,j,k + b1·Cpredk + b2·CMk + b3·IDj,k + b4·HSj,k + b5·MDk + u2,j,k
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 where Cobsi is observed capacity for the ith community, Cpred
 k is capacity
 predicted by the first-stage equation for any person in the kth community,
 where k is a subset of i.
 In addition, ni = 276, nk = 60, and nj,k = 3910 so it follows that nj,mean =
 3910/60 .
 V.2. Biases in the Study Model
 A close analysis of the conceptual model suggests that it has two
 possible forms of biases. Although experimental studies are designed to
 limit bias through randomization, observational studies like the current
 one are subject to biases, where reverse causality between a hypothesized
 regressor and an outcome is a possibility, and/or because both are
 influenced by at least one unobserved factor. Either problem leads to
 biased and inconsistent estimators if ordinary least squares (OLS) is used
 because the endogenous regressor is correlated with error.
 The first bias at issue in the model is found at the community level,
 and is due to the indeterminant causal relationship between proportion of
 uninsured persons and supply of safety-net providers across geographic
 areas. As described in Chapter IV, the proportion of uninsured in the
 community serves as the proxy measure for demand, whereas safety-net
 capacity is conceptually related to supply. The complicated relationship
 between supply and demand affects the modeling of the regressor
 uninsurance rate and the first-stage endogenous variable safety-net
 capacity and introduces a particular type of endogeneity problem,
 simultaneity, which will be addressed more fully below.
 The second source of bias is related to the individual level in the
 second stage of the study model and comes from sample selection
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 bias related to the non-random distribution of insured status among
 individuals in the study communities.
 First-Stage Models and Simultaneity Bias
 Although, due to the differences in theory and empirical findings the
 relationship between proportion of uninsured and safety-net capacity
 is not determined, the study models a direct relationship between the
 two. This relationship captures a straightforward supply and demand
 argument. However, due to the non-random distribution of the uninsured
 and safety-net organizations, the causality may be partially reversed,
 i.e., organizational capacity may affect a community’s uninsurance rate
 as well. For example, some safety-net providers, like FQHCs, locate in
 areas with larger lower-income, traditionally underserved populations,
 including the uninsured. In turn, areas with greater capacity may serve to
 increase access for the uninsured residing there. There is some evidence
 that hospitals select also. Norton and Staiger (1994) found that for-profit
 hospitals are less likely to be located in areas with higher uninsurance
 rates than non-profit hospitals are. Since this study is concerned with a
 uni-directional relationship between community uninsurance rate and
 safety-net capacity, the simultaneity problem discussed here may bias
 results.
 Another possible source of simultaneity bias is that safety nets in
 some locales may have a coordinated policy about enrolling low-income
 uninsured persons who seek care from them. This could lead to a
 variation in take-up at the ecological level which would bias use by the
 low-income uninsured downward.
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 Two-Stage Models and Selection Bias
 If persons were randomly selected into insurance status, selection bias
 could be greatly lessened (although attrition would still contribute to bias,
 e.g., see Heckman, 1979). However, given that this is an observational
 study, the omitted variables that inevitably result from selection problems
 may lead to biased estimators, i.e., some factors associated with selection
 will not be observed.
 The bias in observational research investigating the relationship
 between insured status and health-care access (including utilization)
 is well known in the health services literature and has been addressed
 by many (for example, see Currie and Gruber, 1996; Hadley and
 Cunningham, 2004; Johnson and Crystal, 2000; Long et al., 2005).
 Studies that have attempted to correct bias when investigating
 insured status have mostly compared the uninsured to one or more
 other insurance categories (for an exception, see Currie and Gruber,
 1996). Although the current study does not make explicit comparisons
 between the uninsured and other insured statuses, selection bias is still
 an issue. For example, low-income uninsured adults may self-select into
 communities with greater safety-net capacity. This would bias estimates
 of use upward. Additionally, some uninsured persons eligible for public
 insurance and in need of health care may chose to remain uninsured and
 to forgo care because of an aversion to interacting with the institutions
 that would enable them to enroll and seek care. As a result, estimates
 of use would be biased downward. Finally, adverse selection also
 contributes to the selection problem, i.e., uninsured persons otherwise
 eligible may choose not to enroll in public insurance programs because
 they believe they are healthy and will not need insurance or health care.
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 Adverse selection could also bias use estimates downward.
 The examples just mentioned are demand-side factors. One possible
 supply-side factor is that safety-net providers in some locales may be
 more assertive in their efforts to enroll low-income uninsured persons
 who seek care. This variation in enrollment would bias use by the
 low-income uninsured downward.1
 Simultaneity and Instrumental Variables
 Instrumental variables (IV) can be used when bias due to endogeneity
 is present (Bowden and Turkington, 1984). Instruments are meant to
 separate the part of the relationship between x and y that is endogenous
 (e.g., due to reverse causality), leaving only the exogenous portion of
 the relationship as an effect in the model. There are three assumptions
 necessary for choosing an instrument: 1) The instrument is correlated
 with the endogenous regressor; 2) the instrument is uncorrelated with
 error and 3) the instrument has no direct relationship with the outcome
 of interest (Bowden and Turkington, 1984; Kennedy, 2003 pp. 159–160).
 One difficulty is that the validity of instruments can not be tested
 empirically to see if they correlate with error, because error by its nature
 is unobservable. Instead, it is necessary to determine the most valid
 instruments a priori. The following section briefly reviews the literature
 on instruments used to account for the biased relationship between
 insurance status and heath care use in observational research.
 Currie and Gruber (1996) accounted for both the simultaneity and
 1 Note that this supply-side source of selection bias can have aggregate effects, and canalso contribute to simultaneity bias. (See the section on simultaneity bias, above.)
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 selection bias of insurance status and use of care in their study on the
 effects of Medicaid eligibility and health-care utilization on the health
 outcomes of children. They used a natural experiment approach to
 instrumental variables by taking advantage of states’ responses to
 federally mandated expansions in Medicaid eligibility for children.
 Specifically, they simulated Medicaid eligibility for children based
 on year-by-year and state-by-state and age-specific policy changes in
 Medicaid eligibility thresholds for children to instrument health insurance
 eligibility. By using as instrumental variables all children who would
 be eligible given the policies, and not just enrolled children, the authors
 “abstract from characteristics of the child or family that may be correlated
 with eligibility” (Ibid, p 445) and use of care. Additionally, running the
 simulations by year, state, and age group “delinks” Medicaid eligibility
 from economic or demographic characteristics that could bias their
 results. (Ibid, p 446).
 Johnson and Crystal (2000) investigated how health insurance
 coverage affects out-of-pocket costs and health-care use over a two
 year period among persons age 51–61. They compared those with 1)
 employer-based coverage, 2) privately purchased insurance, and 3) no
 insurance. Because of the likely endogeneity between coverage and
 utilization, the authors used job characteristics as an instrument, arguing
 that these are correlated with insured status but do not directly affect use.
 Hadley and Cunningham (2004) used the 1998–1999 CTS to study
 how proximity to safety-net clinics and hospitals affects various measures
 of access (including use) by uninsured persons. They address the
 possibility of simultaneity bias through the use of instruments, since
 distribution of safety-net providers is not random, and the presence of
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 safety-net providers “may be partially the result of poor access in the
 area” (Ibid, p. 1528–1529). They used average percentage of voters in
 the county who voted for the Democratic candidate in the 1992 and 1996
 national presidential elections, the payment generosity for the state’s
 welfare program in 1995, and the number of medical school faculty in
 1996. These three were lagged community-level measures that the authors
 asserted were associated with greater safety net availability, i.e. shorter
 distances to the nearest safety-net provider, but were not directly related
 to the access measures in their study.
 Long et al., (2005) used the National Survey of American Families
 (NSAF) to assess how well the Medicaid program works in helping to
 improve access to and use of health care for low-income mothers. They
 used four instruments thought to be exogenous to insurance status and
 with no direct relationship to use—accessibility of private insurance
 (measured dichotomously as whether spouse or self works for a firm with
 more than 50 workers), availability of public coverage (measured as a
 share of “standard” population eligible for Medicaid), and family and
 community attitudes toward public assistance (two measures—a binary
 variable that indicates whether respondent views welfare as helping
 people get on their feet and percent of county population receiving public
 assistance).
 Choice of Instruments
 A valid instrumental variable for this study would limit the
 endogeneity bias of uninsurance rate and safety-net capacity by
 “stripping away” the endogenous part of the relationship. In order
 to accomplish this, the IV would be correlated with organizational
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 safety-net capacity, but would not be correlated with the error term.
 (i.e., not directly related to use of health care among low-income
 uninsured adults). Two plausible instruments will be used. The first is
 already included in the model as a predictor. I hypothesize that political
 ideology is positively correlated with capacity, but related to use only
 through organizational capacity. This is an approach similar to that
 used by Hadley and Cunningham (2004) since one of their instruments
 is partisanship (i.e., percentage of community residents who voted
 Democratic in presidential elections).
 The second instrument to be included is lagged safety-net capacity.
 It is likely that current safety-net capacity is at least in part a function
 of past characteristics of the area’s safety net.2 Yet it is unlikely that
 safety-net capacity decades ago is directly associated with current
 use. The current study uses hospital safety-net capacity in 1970 as an
 instrument. (Data on local health departments and community health
 centers were not available for 1970.)
 Heckman Corrections for Selection Bias
 The current study uses Heckman corrections to test the for the
 possibility of selection bias in insured status at the individual level
 (Heckman, 1979).
 The Heckman correction uses a two-stage approach. The first
 (selection) equation predicts the probability for each individual of being
 in the group characterized as biased. Thus, in this study, the first stage
 predicts being uninsured. The second-stage (outcome) equation includes
 2 The specific measures are discussed later in the chapter.
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 the individual probabilities from the first stage as a variable, λ, (the
 inverse Mills ratio), which functions as the omitted variable(s). Thus by
 estimating λ, and including it in the model, selection bias is corrected.
 The current study uses Heckman probit corrections in Stata 10.0 in order
 to account for the binary dependent variable use of ambulatory care.
 (See below for detail on the use of care measure.) It then compares the
 estimators from the Heckman outcome equation with estimators from a
 probit model using the same predictors. This is performed for the model
 that uses predicted overall safety-net capacity, and for each of the models
 by organizational type.
 In addition, ρ, the correlation of the error terms for the selection
 and outcome equations, can help determine whether selection bias is
 a problem, as well as the nature of the bias. If ρ = 0, the errors for the
 two equations are uncorrelated and selection bias is not present. If ρ 6=
 0 the significance level indicates whether bias is a concern, the direction
 of ρ suggests the nature of the bias, and the size (-1 to 1) suggests its
 magnitude. For all models ρ will be evaluated.
 V.3. Estimation
 As stated in Chapter I, this study asks the following research
 questions: What environmental factors affect organizational safety-net
 capacity? To what extent does this capacity enable access to care among
 low-income adults? How does composition of the organizational
 safety net affect access among this population? The path analytic and
 multi-level focus of the study leads to estimation using a two-stage,
 multi-level techniques. Two-stage multi-level modeling will be performed
 for overall safety-net capacity in each community to test hypotheses
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 introduced in the last chapter. The same two-stage approach will be used
 to predict safety-net capacity for the four component organizational types
 included in the safety net composition:
 • non-profit safety-net hospitals
 • publicly-operated safety-net hospitals
 • federally qualified health centers (FQHCs)
 • local public health departments (LHDs)
 to more specifically determine associations between predictors, capacity,
 composition, and use.
 In the first stage of each estimation, community- and state-level
 political-ideological and economic measures, as well as an instrument, are
 regressed against organizational safety-net capacity.
 OLS and Tobit Estimations
 OLS is used for the first-stage model of the full safety net to answer
 the question of what state and local factors are associated with increased
 safety-net capacity. Tobit estimations will be performed for each
 safety-net organizational type, in order to produce predicted capacity
 for the second stage of the regression. Predicted capacity is determined
 separate from a two-stage regression because the first stage uses 276
 geographic areas whereas the second stage is limited to individuals
 within a subset of sixty of those geographic areas used to predict capacity.
 (See sample section below for more detail.) Tobits are used to account for
 the left censoring inherent in the decomposed models—not all geographic
 areas have safety-net organizations as they are defined here. (See the
 measurement section below for operational definitions of safety-net
 organizations.)
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 Two-Stage Probit Estimations
 In order to predict use of ambulatory care, two-stage instrumented
 models will be used for the full safety net and for each organizational
 type. (See above for discussion of the reason for and choice of
 instrumental variables.) As a type of simultaneous equation estimation,
 the two-stage model with instruments addresses possible endogeneity
 issues. The model for the full safety net includes safety-net capacity
 predicted from the first-stage equation and safety net composition
 measures as well as individual-level socio-demographic and need
 measures as well as the local supply of physicians. Each of the
 second-stage estimates for safety-net organizations by type will use
 predicted capacity, physicians, and individual-level controls to predict use
 of ambulatory care (but will exclude the composition measures). Since the
 endogenous regressor predicted capacity is continuous and ambulatory
 care use is binary, the IVPROBIT command in Stata 10.0 is used because
 it permits the inclusion of continuous endogenous regressors in the
 estimation.
 V.4. Sample
 First Stage: Geographic Areas
 The first stage of the study is made up of 276 geographic areas
 in the 50 states and the District of Columbia. The geographic areas
 in this study are the set of Metropolitan Statistical Areas (MSAs) that
 make up the Annual Social and Economic (ASEC) Supplement of the
 Current Population Survey with a “rural remainder” for each state
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 except Connecticut, New Jersey, and Rhode Island, where every county is
 located in an MSA.3 Two states—Montana and Wyoming—had no MSAs
 included in the CPS. There are 229 MSAs in the study, and 47 rural areas.
 The CPS was used as a base for the study’s geographic areas because the
 proportion of uninsured persons comes from the ASEC. (The uninsurance
 measure will be addressed in detail below.)
 Ideally, the rural areas of each state would not be as large as they are,
 but clusters of contiguous counties, e.g., the non-metropolitan Economic
 Areas defined by the Bureau of Economic Analysis (BEA). However
 this is not possible due to confidentiality considerations by the CPS.
 Briefly described, the CPS is a multi-stage stratified sample containing
 about 56,000 households in 792 primary sampling units (PSUs) (BLS and
 U.S. Census Bureau, 2000, Chapter 3). In stage one, the 792 PSUs are
 selected from 2,007 PSUs in the U.S. In stage two, household samples
 are selected from within each PSU.4 The CPS does not geographically
 identify survey respondents who live in sample PSUs with less than
 100,000 residents.5 Each year about 60% of CPS respondents are not
 geographically identified at the county level because they reside in a
 county with a small population. These respondents are geographically
 identified either at the MSA level—if the county of residence is part of
 3 The ASEC was named the CPS March Supplement at the time of the study. It wasrenamed the Annual Social and Economic (ASEC) Supplement in 2003.
 4 See the Current Population Survey Design and Methodology (BLS and U.S. CensusBureau, 2000, Chapter 3) for details on the methodology used to sample PSUs andhouseholds.
 5 From personal communications with CPS statisticians, October 2007.
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 an MSA—or at the state level, if the county of residence is designated as
 rural. In other words, identification can only be made for the full sample
 at the MSA or at the state level, although those in the latter category are,
 by functional definition, residents of rural communities.
 Second Stage: Individuals
 The individuals in the current study are a sub-sample of the
 respondents from the 1996–1997 Community Tracking Study (CTS),
 a survey of civilian, non-institutionalized individuals residing
 in households in 60 communities—51 metropolitan areas and 9
 non-metropolitan areas—in the contiguous United States. The 1996–1997
 CTS yielded 60,446 individuals in 32,732 families—54,371 persons from
 sixty sites that comprise the CTS, and 6,075 individuals in a supplemental
 sample used to create a nationally representative sample (Kemper, et
 al., 1996; Metcalf, et al., 1996). However because 3,648 persons in the
 supplemental sample were not linked to a geographic area, the starting
 sample for this study equals 56,798 individuals.
 The individuals included are lower income—those in families less
 than or equal to 250% federal poverty level (FPL)—uninsured adults
 18–65 years old residing in the sixty geographic areas of the CTS. These
 criteria result in 3910 persons from the survey being included in this
 dissertation. Adults rather than adults and children are chosen as the
 focus for the study because state and local health-care policies and
 environments are often different for uninsured adults and children, i.e.,
 policies are often more generous for children. The SCHIP program is an
 example of this.
 A subset of the geographic areas derived from the CPS corresponds
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 with the communities sampled in the 1996–1997 CTS. The CTS uses a
 stratified sample design. Sixty geographic areas were randomly selected
 first with probability proportional to population size. Second, the
 researchers stratified the sites by region and then according to medium
 and large metropolitan sites (> 200,000 population), small metropolitan
 sites (< 200,000 population), and non-metropolitan sites (Metcalf, et al.,
 1996). Households within each site were randomly selected using random
 digit dialing and field surveys were conducted to represent households
 without telephones or those with sporadic phone availability (Center for
 Studying Health System Change, 1998, pp. 27–46).
 The response rate for the full sample (n = 60,446) was 65%
 (Cunningham and Kemper, 1998). In their analysis of potential selection
 bias of the 1996–1997 CTS survey, the authors found no significant
 differences in most socio-demographic and economic characteristics
 between respondents in the CTS and those in the CPS March 1997
 Supplement. They did determine that the CTS reported a smaller
 percentage of uninsured persons (15.4%) than did the CPS (17.7%) (Center
 for Studying Health System Change, 1998; Cunningham and Kemper,
 1998). They attributed much of this difference to more thorough questions
 in the CTS about insured status. The authors also found that individuals
 in the CTS were slightly poorer than those in the CPS.
 V.5. Measurement and Data Sources
 The concepts discussed in Chapter IV are operationalized by
 developing measures that best proxy the concept while making use of
 data readily available through existing sources. The sections that follow
 discuss the measures used, the data sources for these measures and the
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 strengths and weaknesses of the measures.
 Use of Ambulatory Care
 Much of the work defining access-as-use has been done by Andersen
 and Aday (Aday and Andersen, 1974; Andersen, 1968; Andersen
 and Aday, 1978; Andersen, et al., 1983; Andersen, 1995). The HBM
 conceptualizes that individual and health care system characteristics
 explain or predict access, but are not measures of access themselves. In
 the HBM, individual characteristics and health system characteristics are
 defined as potential access. The greater the amount of these resources
 made available to individuals, the greater the likelihood that access can be
 realized. Realized access constitutes actual use of services. The measure
 used in this study—use of ambulatory care—fits with Andersen’s and
 Aday’s definition of realized access.
 The lagged dependent variable is the provision of ambulatory care to
 the low-income uninsured, and is binary. It measures whether an adult
 age 18–65 who was uninsured at the time of the survey and living in a
 family at or below 250% of the federal poverty level used any ambulatory
 or preventive health-care services during the past 12 months. The
 1996–1997 CTS is the data source for this measure.
 Defining Health-Care Safety-Net Organizations
 The health-care safety net is commonly understood as a collection of
 organizations that provide health-care services to the “needy.” However,
 there is no clear definition in the literature. Because the current study
 investigates the role of health-care organizations in use care among
 the low-income uninsured, this section seeks to define safety-net
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 organizations in a way that can be generalized across communities and
 operationalized for the current study.
 Safety-net organizations may be defined as those that are legally
 mandated to provide care to the medically indigent (Grogan and
 Gusmano, 1999; Lewin and Altman, 2000; Lipson and Naierman,
 1996). Another way to define safety-net organizations is through their
 reliance on Medicaid and other public funding (Grogan and Gusmano,
 1999). Finally, safety nets may also be defined according to the types of
 patients served, particularly uninsured, Medicaid eligible, or vulnerable
 individuals (Baxter and Mechanic, 1997; Lewin and Altman, 2000), or
 through the amount of uncompensated care they provide (Fishman, 1997).
 Organizations meeting these criteria are often listed as: community
 health clinics, including federally qualified health centers (FQHCs) and
 FQHC “look-alikes”; public hospitals and health systems; certain urban
 teaching hospitals and their outpatient clinics; Medicaid disproportionate
 share (DSH) hospitals; and government organizations such as local public
 health department clinics. As a sector, these are sometimes referred to
 as the “core” safety net, because they provide the largest amount of care
 to the poor uninsured within a community (Baxter and Mechanic, 1997;
 Lewin and Altman, 2000).
 Some authors have suggested that the composition of the safety net
 may be difficult to establish a priori (Baxter and Mechanic, 1997; Baxter
 and Feldman, 1999; Grogan and Gusmano, 1999; Lewin and Altman,
 2000). For example, site visits to 22 communities and review of available
 data led Baxter and Mechanic (1997) to the conclusion that although
 there may be core safety-net organizations, like urban public hospitals,
 community health centers, some inner-city teaching hospitals and local
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 health departments, the exact composition and concentration of safety
 nets vary across locales as a function of the local environments in which
 these providers operate. Though quantitative research tends to define the
 composition of the safety net uniformly across markets/communities,
 research based on case studies or focusing on one geographic area
 suggests that safety net composition varies. In their study of the effects
 of Medicaid managed care on safety-net organizations in Connecticut,
 Grogan and Gusmano (1999) noted that Connecticut relies more on
 non-profits than public entities to provide safety net care, which may be
 different from the norm.
 Case studies of 12 randomly selected health-care markets developed
 as part of the Community Tracking Study also strengthen the argument
 that safety net composition may vary by community (Baxter and
 Feldman, 1999). In 6 of the 12 sites studied, key informants stated
 that a single institution, mostly a public or non-profit hospital, plus
 a few community health centers, provided most of the care to the
 poor insured and uninsured. In 4 of the communities, the safety net
 was more diversified. The authors attribute this greater diversity to a
 history of inter-organizational collaboration. The remaining 2 sites were
 characterized as hybrids. On the other hand, closer inspection of the
 case studies suggests commonalities across communities—in every site,
 community health centers were perceived as part of the safety net. As a
 result of these case studies findings, it is reasonable to include community
 health centers in this study.
 Local Health Departments:
 There is little empirical literature on safety nets that explicitly includes
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 local health departments, although Grogan and Gusmano (1999) include
 public health department clinics in their study of safety-net providers
 and Medicaid managed care. Historical tension exists between core
 public health functions and direct provision of medical care (Institute of
 Medicine, 1988; Institute of Medicine, 2002). Not all county and municipal
 health departments are engaged in providing or funding direct medical
 care and those that did may have been moving away from provision of
 care by the mid-1990s (Baxter and Feldman, 1999; Lewin and Altman,
 2000). However, Keane and colleagues (2001) found that more than
 25% of local health departments are the only safety-net provider in their
 community (cited in Institute of Medicine, 2003, p. 144).
 Public Hospitals:
 Public hospitals should not be considered safety-net hospitals prima
 facie, as is sometimes the case in the literature (Zuckerman et al., 2001).
 While many municipal and county public hospitals do meet the criteria
 listed above and can therefore be defined as safety-net hospitals, there
 are some publicly funded hospitals that do not meet all the criteria
 discussed here—they may not be legally mandated, nor rely on Medicaid,
 nor provide a significant percentage of their services to vulnerable,
 uninsured or publicly insured persons. For example, teaching hospitals
 affiliated with public universities might not meet the definitional criteria,
 even though they are sometimes included in studies on safety nets (for
 example, see Cunningham, 1999).
 Non-Profit Community Hospitals:
 Literature defining voluntary community hospitals as safety-net
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 hospitals is more sparse than the literature on public hospitals. In some
 communities, mission-driven non-profits function as safety-net hospitals,
 e.g., Mount Sinai Hospital in Chicago and St. John Hospital System in
 the Detroit metropolitan area. Additionally, community hospitals in rural
 areas may be the sole safety net institution for area residents.
 Altman and Guterman (1998) point out that voluntary general
 hospitals accounted for $10.3 billion of $13.5 billion, or 76% of
 uncompensated care in 1994 while Mann, et al. (1997) found that
 non-profit hospitals supplied 56% of uncompensated care, using the same
 data.6 However, there are many more non-profit community hospitals
 than public or teaching hospitals in the United States, suggesting that
 losses due to uncompensated care are less concentrated among non-profit
 hospitals than for the latter two types. Other 1994 data by Altman and
 Guterman seem to bear out this argument. While 17.6% of major public
 teaching hospitals’ and 14.2% of urban public hospitals’ costs came
 from uncompensated care, uncompensated care accounted for 4.6% of
 voluntary hospitals’ costs, similar to the 4% for proprietary hospitals
 (Altman and Guterman, 1998).
 Data from the American Hospital Association (AHA) Survey
 Database for Fiscal Year 1996 and the Medicare Cost Report were used
 to determine safety-net hospitals. First, all federal hospitals, for-profit
 hospitals, non-profit or public specialty hospitals, childrens’ hospitals,
 and acute-care community hospitals without outpatient services were
 6 The differences between the two figures appear to be due to the way hospital type iscategorized. Altman and Guterman break down hospitals into more categories than doMann and colleagues.
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 removed from the AHA dataset. The remaining non-profit and publicly
 funded general hospitals were evaluated to determine their status as
 safety-net hospitals.
 Because there are no strong theoretical arguments for definitions
 of safety-net hospitals, a hospital’s status as a safety-net provider is
 determined empirically for this study, based on a review of the literature
 regarding characteristics of safety-net hospitals. The percentage of
 hospital inpatient days funded by Medicaid was computed for general
 non-profit and public general hospitals and used as a threshold for
 safety-net status because Medicaid is a major funder of health-care
 providers for the poor.
 There is evidence that persons tend to cycle between Medicaid
 enrollment and uninsured status (Carrasquillo, et al., 1998; Klein, et al.,
 2005) while continuing to access the same set of safety-net providers. This
 further suggests that hospitals that provide care to Medicaid patients also
 provide it to the uninsured and vulnerable.
 It would be preferable to include hospitals that provide a significant
 percentage of charity care, but currently these data are publicly
 unavailable for all hospitals.7 Instead, any hospital that had at least 10%
 of its inpatient days funded by Medicaid was defined as a safety-net
 hospital. Thirty-three percent (n = 424) of public hospitals met this
 criterion, and 28% (n = 768) of non-profit hospitals did. The relatively
 low percentage of public hospitals that have 10% or higher bed days is
 7 The American Hospital Association collects these data for their annual survey butfinancial data are not available publicly. The Medicare Cost Report collects these data onSchedule G, but the reporting quality for this particular measure varies.
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 accounted for by the fact that the AHA classifies state general hospitals,
 i.e., those operated by state universities due to affiliations with state
 university medical schools, as public hospitals even though municipal
 and county hospitals are more traditionally identified as safety-net
 hospitals.
 Because values for Medicaid bed days were missing for about 66%
 of the hospitals in the AHA survey, the Medicare Cost Report was used
 to determine values for Medicaid bed days. A hospital ID crosswalk
 between the two datasets was developed for merging purposes.
 Measuring Safety-Net Capacity
 In the context of this study, organizational capacity is closely related
 to size. Organizational size can be measured in a variety of ways:
 revenues, market capitalization; number of employees, etc. In addition,
 many measures of size are correlated. Employees, more specifically FTEs,
 were chosen as the measure of organizational capacity because FTEs are
 available for all organizational types in the study, and also because, at a
 conceptual level, capacity to provide care is more closely associated with
 FTEs than other measures of size used in organizational studies.
 Safety-net hospital capacity is measured as the sum of all hospital
 full time equivalent staff (FTE) for each of the 276 geographic areas,
 divided by the geographic area’s population and then multiplied by 1000
 to standardize the measure as a rate. The FTE measure comes from the
 AHA survey. Two safety-net hospital FTE rates are computed: one for
 non-profit safety-net hospitals and one for public safety-net hospitals.
 The mean FTE rate for non-profit safety-net hospitals is 3.86 staff per 1000
 community residents (SD = 4.94). The mean for public hospitals defined
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 as safety-net organizations is 1.68 (SD = 3.41).
 Community health centers are operationalized as FQHCs. Data on
 FQHCs come from the 1996 Bureau of Primary Care Uniform Data System
 (UDS). Thus the study excludes FQHC “look-alikes”—community health
 centers that meet the federal criteria to become grantees, but do not
 receive federal grants under Section 330 of the Public Health Service Act.
 Due to lack of necessary data, the study also excludes free clinics. The
 UDS contains information on FTEs for each FQHC. All FQHCs located
 in the 276 areas were included in the analysis, since their federal grants
 stipulate that they provide care regardless of ability to pay. FQHC FTEs
 are summed by geographic area and turned into rates, using the same
 formula that was used for the safety-net hospitals.
 Data on local health departments come from a 1996 survey conducted
 by the National Association of County and City Health Officials
 (NACCHO) of their members. Local health departments were asked a
 variety of questions, including their FTE staff, and whether they offer
 primary care services. Departments that did not meet one of the criteria
 were excluded. Two-thousand four-hundred ninety-two local health
 departments responded to the NACCHO survey. A response rate was
 computed by this dissertation’s author by matching the respondents with
 each local health department listed in the NACCHO 2002 membership
 directory. It was determined that 951 LHDs did not respond, a response
 rate of 61%. In an attempt to limit the effects of response bias, a web
 search was performed on each of the 951 non-responding local health
 departments to determine if they provide or contract for primary
 care. This search was conducted in June and July, 2006. The time
 difference—about 10 years—creates some potential problems, in that
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 some local health departments that funded primary care in 1997 did not
 as of 2006, and some local health department that did not offer such care
 in 1997 did by 2006.
 Only 12 (1.3%) of the non-responding LHDs offered primary care in
 2006. The overwhelming majority, 83% (N=788) did not offer primary care
 at that time. Information about primary care could not be determined
 for 151 or 15.9% of the non-respondents. In addition, 44% (N=418)
 of the non-respondents are largely municipal or township sanitation
 and environmental health departments located in northeastern states,
 where tradition and law emphasize municipal and township, rather than
 county governance (Duffy, 1990). Of the responding LHDs, 20% (N=505)
 reported offering primary care. Overall, these statistics suggest that the
 non-respondents do not bias the data. A chi square test indicates that
 those who did not respond are significantly less likely to offer primary
 care than the respondents are (χ2 < .0001).
 Like the method used for the other safety-net organizations, the LHD
 capacity measure is computed by summing the FTEs for the local health
 departments offering primary care to the community level, dividing by
 the area population and converting to rates by multiplying by 1000.
 Political Ideology
 In general, two different types of state-level citizen ideology measures
 have been used in recent literature, those based on voting behavior
 of the electorate and those based on electorate surveys of ideological
 and partisan self-identification.8 The two may be summed up as the
 8 A third type of measure, based on roll call votes, can be seen as a variation of the first,since voting behavior of the electorate is implicit in roll call measures.
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 behavioral and the attitudinal approaches, respectively. Berry, et al. (1998)
 is a frequently used example of the former conceptualization of ideology,
 while Wright, Erikson, and McIver (1985) have created the most widely
 used exemplar of the latter.
 This dissertation uses the measure of state political ideology
 introduced by Wright, Erikson and McIver (1985), and updated by
 Erikson, et al. (1993). That is, it uses a weighted mean of mass ideology
 scores for the years 1984–1996. (The means are weighted by the sum of
 each state’s respondents during the time period of interest.) This time
 frame was chosen because it encompasses a series of federal Medicaid
 laws that increased the programmatic discretion of the states, while at the
 same time it is a short enough time period that any ideological changes
 are not dramatic (see below for discussion of state ideology stability over
 time.). The index created by Wright et al. (1985) (hereafter referred to as
 the WEM measure) is the more straightforward of the two, and while not
 a perfect measure of ideology, has fewer vulnerabilities than the measure
 developed by Berry and colleagues. The following section discusses how
 the WEM measure is calculated, its reliability and validity, and compares
 it to the Berry et al. measure.
 The WEM measure uses pooled survey data from the CBS
 News-New York Times (CBS-NYT) national opinion polls regarding
 self-representation as a liberal, moderate, or conservative. While the
 original index used polling data from 1976–1982 (Wright, et al., 1985), as
 of this writing the time period has been expanded to 2003.9
 9 The latest version of the data is available at http://php.indiana.edu/∼wright1/ .
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 State-level proportions of liberals, moderates and conservatives
 were calculated for all states. However, questions about ideological
 identification are not available for residents of Washington, D.C. (“Don’t
 knows” and refusals are excluded from the measure.) Respondents were
 given a score of 100 if liberal, 0 if moderate, and -100 if conservative.
 Means for each state were calculated. Thus, the measure for each state
 is percent liberal minus percent conservative and higher scores indicate
 a more liberal state ideology (Erikson, et al., 1993).10 The authors based
 their reliability tests on the split half method. Using split half correlations,
 they found that the reliability coefficient for state ideology is 0.927
 (Erikson, et al., 1993; see also McIver, et al., 2001). Their validity checks
 involve correlating their index with others meant to measure political
 ideology—a test for criterion validity. First, they compared their data
 to those from pooled CBS-NYT Election Day exit polls. The correlation
 is 0.84. They also correlated their ideology index with other polls from
 state polling agencies, one set from 1980 and another from 1968. The
 correlation was 0.79 for each. Wright and colleagues did not have access
 to the Berry et al. measure when they tested for criterion validity. In their
 check of criterion validity, Berry et al. found that their mass ideology
 measure had a correlation of 0.80 with the WEM index for the period
 available at the time: 1976–1988 (Berry, et al., 1998).
 While the WEM index is the preferable measure because of its
 directness, it has two primary weaknesses. The WEM measure uses
 pooled national data disaggregated into state-specific proportions
 10 The current study uses proportions rather than percents, so liberal respondents aremultiplied by 1 and conservative respondents are multiplied by -1.
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 of liberals, moderates and conservatives. Sample sizes for each state
 vary, and those for less populous states may not be large enough to be
 self-representing, unless one assumes that state-level ideology remains
 stable over time. (See below for a discussion of this.) A potentially
 greater problem is the non-random selection at the state level, given that
 CBS-NYT polls are nationally representative and not stratified at the state
 level. This leads to the possibility of biased samples at the state level.
 Wright et al, (1985) and Erikson et al. (1993) argue that the random-digit
 dialing design used in the CBS-NYT polls, as well as the large number of
 PSUs (N = 400) limit the bias in the state-specific measures by enlarging
 the sampling frame and thus increasing representativeness at the state
 level (Brace, et al., 2002; Brace, et al., 2004; Erikson, et al., 1993; Wright, et
 al., 1985).
 Berry et al. Citizen Ideology:
 Berry, et al.’s index is a more indirect measure of ideology then the
 WEM measure. Berry and colleagues initially published citizen ideology
 scores for every year between 1960 and 1993. Each of the ideology scores
 specifies a liberal-conservative continuum between 1 and 100, with a
 higher score signifying a more liberal political ideology. Citizen ideology
 is computed by weighting interest group ratings of congressional
 incumbents and challengers by the proportion of the electorate voting
 for the incumbent and challenger, respectively for every Congressional
 district and each Senate seat as follows for each congressional district.11,12
 11 They use the mean of interest group ratings from the Americans for Democratic Action(ADA) and the AFL-CIO Committee on Political Education (COPE).
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 State-level scores are an unweighted average of district-level citizen
 ideology scores.13
 Since Berry, et al.’s measure uses ratings from interest groups, it is
 vulnerable to what Groseclose and colleagues (1999) have called the
 “shifting and stretching” of interest group rating scales over time, thus
 calling into question the temporal comparability and validity of the Berry
 index. According to Groseclose, et al., when there is change in Congress,
 i.e., due to change in membership or change in members’ views, “interest
 groups may respond by changing the scales to keep the average score
 roughly constant” (p. 33). Thus, inter-temporal comparisons may be
 problematic (see also Groseclose, 1994). In addition, because their
 measure is indirect, they must rely on a set of explicit assumptions in an
 attempt to link politician’s voting behavior with mass ideology.
 The Stability of State-Level Mass Ideology over Time:
 Because the current study uses a measure created from the average
 of multiple years of the WEM measure (1984–1996), a discussion of
 intra-state ideological stability is germane. The WEM and Berry et al.
 measures offer opposing theses regarding ideological stability over time.
 While Wright and colleagues have argued that state citizen ideology (as
 12 Because a challenger’s interest group rating is not directly observable the authorsassume that the ideology score of the challenger is equal to the average ideology scoreof all incumbents in the state from the same party.
 13 Each Senator is conceptualized as being in a state-wide “district.” Thus, every statehas two plus the number of congressional districts.
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 opposed to party identification) has remained largely stable over time
 (Erikson, et al., 1993; Erikson, et al., 2006; Wright, et al., 1985). Berry, et
 al., devised their measure of state citizen ideology to capture intra-state
 variation over time, arguing that the WEM measure was static, and
 because it relied on pooled data, cross-sectional. Therefore, according
 to Berry and colleagues, it was not useful for longitudinal research on
 the relationship between mass ideology and policy change. A similar
 criticism of the WEM is discussed in Lowery, et al. (1989).
 Brace, et al. (2004; 2006) used Lagrange Multipliers to test both
 measures for intrastate temporal variation in mass ideology and found
 that 16 of the 49 states (32.6%) used in the WEM measure showed linear,
 curvilinear or cyclical changes during 1977–1999, while 43 out of 50 states
 (86%) in the Berry et al. measure demonstrated linear, curvilinear or
 cyclical change. The findings suggest that Wright and Berry are correct
 about the degree of stability over time—using their respective measures.
 However, the greater temporal variation found in Berry, et al.’s
 measure may be capturing partisanship or elite ideology rather than
 mass ideology (Brace, et al., 2004). Bartels (2000) finds that partisanship
 has had more impact on presidential and congressional elections in later
 than in earlier periods. Since Berry’s citizen ideology measure relies on
 voting behavior, its finding of changeable state ideology may be capturing
 greater partisanship, not changing citizen ideology. Erikson, et al., (2006)
 argue that that increased partisanship has made ideology and party
 identification better aligned.
 The greater temporal variation found in the Berry et al., measure
 may also be somewhat artifactual. The measure relies heavily on interest
 group ratings of Congressional members (see above) and the “shifting
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 and stretching” phenomenon cited by Groseclose and colleagues (1999)
 may contribute to the findings that their citizen ideology index is more
 changeable than the WEM measure.14
 Thus, there is evidence that the temporal variation of the Berry et
 al., index of citizen ideology may be overstated, and that of the two, the
 WEM measure provides a more accurate depiction of state-level mass
 ideological change/stability over time.
 A weakness of both measures involves assuming that ideology is
 the same across the state—neither captures possible sub-state variation.
 Shor, et al., (2007) make a similar critique regarding state-based measures
 of elite ideology, but the same criticism can be made about the mass
 ideology measures. For example, is upstate New York more conservative
 than New York City? Is Austin, Texas, more liberal than rural east Texas?
 In general, will rural areas of a state tend to be more conservative than
 urban areas within the same state? This is of particular importance,
 because this study focuses on sub-state geographic areas; using state-level
 measures introduces the possibility of measurement error. However,
 modeling sub-state variation in ideology is beyond the scope of this study,
 although it would have enabled more precise estimates of the relationship
 between political ideology and local safety-net capacity.
 State Medicaid Expenditures
 Medicaid is one of the most important funding streams for health
 care to the poor.15 Public safety-net hospitals received about 41% of
 14 See also Brace, et al., 2004, footnote, p. 531.
 15 As an area of redistributive policy, Medicaid is influenced by political ideology. There

Page 104
                        

92
 their revenues from Medicaid in 1996 (Fagnani and Tolbert, 1999).
 During the same time period, Medicaid was the source of about 34%
 of revenues for community health centers (Kaiser Commission, 2000).
 The Medicaid-specific revenue measure used in this study is 1995
 expenditures per 1000 state residents, the latest figures available from
 the data source (the Urban Institute’s Assessing the New Federalism’s
 (ANF) State Database).16 . Expenditures include acute and long-term care
 for enrollees less than sixty-five years old, acute care for the non-elderly
 blind and disabled, acute care for the elderly, disproportionate hospital
 share (DSH) payments to hospitals and long-term care facilities,
 and expenditures categorized as “other,” which are mostly payment
 adjustments.17 Although Medicaid DSH reimbursements are not
 is a large body of theoretical and empirical literature on the effects of political ideologyon redistributive policy making. For example, Grogan (1994) found that state politicalideology has effects on state-level Medicaid policy decisions across three dimensions:financial eligibility, categorical eligibility, and benefit coverage. Fellowes and Rowe (2004)found that a more liberal political ideology is associated with fewer eligibility restrictionsand more work exemptions for TANF clients.
 However, as reviewed in Chapter II, Medicaid program characteristics affect thefunding streams of safety nets (Baxter and Mechanic, 1997; Baxter and Feldman, 1999;Felt-Lisk, et al., 2001; Lipson and Naierman, 1996; Norton and Lipson, 1998). Therefore, thepreferred theoretical model would: first treat Medicaid as a function of political ideology(and other factors); then treat organizational capacity as a function of Medicaid programcharacteristics and other factors; and finally treat access as a function of organizationalcapacity. However, investigation of a three-stage model is beyond the scope of the currentstudy. For the sake of simplicity, both Medicaid policy and political ideology are presentedas independent and exogenous to organizational safety-net capacity, even though there isan effect in the larger model that this study is not testing.
 16 At the date of this study, the ANF State Database is no longer available on the UrbanInstitute’s website, but may be accessed by contacting them.
 17 It would be preferable if acute and long-term care expenditures were separated, since
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 operating revenues, because they are not direct reimbursements for
 services provided, these DSH programs provide an important, sometimes
 crucial revenue stream for safety-net hospitals, which make up the largest
 part of the safety net (Fagnani and Tolbert, 1999; Zuckerman et al., 2001).
 Fagnani and Tolbert (1999) note that in 1996, Medicaid DSH covered 29%
 of public safety-net hospitals’ losses from uncompensated care.
 Excluded from the measure are state and local government Medicaid
 administrative expenditures, as well as long term care expenditures for
 the elderly and long term care expenditures for the non-elderly blind and
 disabled.
 A more specific measure would use Medicaid revenues specific to
 each safety-net organization and then aggregate them to the community
 level. This would increase the precision of the measure. Like the political
 ideology measure, the Medicaid expenditures measure can not take
 into account any intrastate variations in Medicaid revenues. However,
 organization-level data are not available for all organizations included in
 the study. State-level data are the only data available for this time period.
 Local Government Revenues
 Data on community revenue come from the 1997 Census of
 Governments, a quinquennial survey of every government entity in the
 United States. The Census Bureau identified 87,504 governments in the
 1997 Census of Governments (U.S. Census Bureau, 2000). Besides the
 federal government and the 50 states, the Census Bureau surveys 5 types
 a large percentage of long-term care is spent on nursing home and state hospital stays (thelatter for children), but the State Database aggregates the two types of expenditures.
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 of local governments for this census; counties, municipalities, townships,
 special districts, and school districts.
 The government revenues measure used in the current study is
 made up of four broad categories. First, it includes taxes levied.18
 Second, it includes non-tax revenues.19 The third category is charges
 paid to governments for services.20 Finally, the measure includes
 intergovernmental transfers—federal, state and local transfers of funds
 to local governments. Every revenue item for every local government
 type in the geographic area is summed, divided by the population for the
 geographic area and divided by 1000 to create local government revenues
 per 1000 population.
 The resulting measure is government revenues net of health-related
 18 These local taxes include: property; total general sales; alcoholic beverage sales;amusement; insurance premiums; motor fuels sales; pari-mutuels; public utilities; tobaccosales; other selective sales; alcoholic beverage license; amusement license; corporationlicense; hunting and fishing license; motor vehicle license; motor vehicle operators license;public utility license; occupation and business license, not elsewhere categorized (NEC);other license; individual income; corporation net income; death and gift tax; documentaryand stock transfer; severance tax; and other taxes NEC (U.S. Census Bureau, 2000.)
 19 Non-tax revenues include: liquor sales; water utilities; electric utilities; gas utilities;transit utilities; special assessments; rents paid; property sales; royalties; donations fromprivate sources; net lottery revenue; and general revenues NEC.
 20 These charges are: air transportation; miscellaneous commercial activities; elementaryand secondary education school lunch; elementary and secondary school tuition;elementary and secondary education—other; higher education auxiliary enterprises;higher education—other; education—other NEC; regular highways; toll highways;housing and community development; natural resources, agriculture; natural resources,forestry; natural resources—other; parking facilities; parks and recreation; sewage; solidwaste management; sea and inland port facilities.
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 revenues. Health-care related revenues are excluded from the measure
 to limit any endogeneity issues involving government revenues and
 safety-net capacity. For example, public hospital charges are not included,
 nor are intergovernmental transfers for hospitals and health care.
 Uninsurance Rate
 Much of the research on phenomena that influence safety nets
 and access argues that demand for safety net services is a factor (e.g.,
 Andersen et al., 2002; Baxter and Mechanic, 1997; Brown et al., 2004;
 Gage, 1998; Hawkins and Rosenbaum, 1998; Institute of Medicine, 2003,
 pp. 105–111; Lewin and Altman, 2000; Lipson and Naierman, 1996;
 Norton and Lipson, 1998).
 Most of these researchers have conceptualized, or in the case of
 quantitative studies, measured demand for safety net services as percent
 of uninsured (Baxter and Mechanic, 1997; Cunningham, 1999; Lipson
 and Naierman, 1996) or as one of a group of proxy measures for demand
 (Andersen et al., 2002, Brown et al., 2004; Norton and Lipson, 1998).
 This study uses percentage of uninsured in each geographic area as the
 measure of demand because most of the case studies reviewed in Chapter
 II emphasize the importance of the effects of the aggregate uninsured
 on safety nets and access, and because “the level of demand for safety
 net care is driven most directly by the sheer number of persons without
 health insurance in the local area” (Lewin and Altman, 2000, p. 85).
 Uninsurance rates are computed using a three-year weighted average
 from the 1996, 1997, and 1998 March supplements of the CPS. Rates are
 computed for every MSA in the study and for every rural remainder,
 the latter to account for the respondents whose geographic location is
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 not identified below the state level. (As discussed above, about 60% of
 respondents’ geographic location is not identified below the state level.)
 Instrumental Variable
 The lagged safety-net capacity variable used as an instrument
 is expressed as the 1970 sum of beds in a community divided by a
 community’s 1970 population and turned into a rate by multiplying by
 1000. Since data on Medicaid-funded bed days were unavailable, the
 1970 capacity measure includes all county hospitals, as well as municipal,
 county/municipal and hospital district hospitals for the 10 most populous
 cities in 1970, and state-operated general acute-care hospitals in Hawaii,
 Louisiana, Mississippi and Pennsylvania. These non-county hospitals
 were included because literature suggests that the municipal hospitals in
 these cities, as well as the state hospitals in the above-listed states, have
 long histories as local safety net institutions (Dowling, 1982; Duffy, 1990;
 Opdycke, 1999; Starr, 1982, p. 150; Stevens, 1999; Vogel, 1980).
 Data from the 1970 AHA annual survey of hospitals are used.21
 Although it would be preferable to use a measure of FTEs, so that
 measurement units would then match those of the 1996 hospital capacity
 variable, values were missing for 11% of the FTEs, but less than 1% of
 values for hospitals beds were missing. County level population data for
 1970 come from an archived version of the ARF accessed through Quality
 Resource Systems (QRS). As with other measures, the population was
 21 A Computerized data file of the 1970 AHA survey data is not available, so thedata were entered manually from the August 1971 Journal of the American HospitalAssociation, (Volume 45, Number 15) which contains the survey results in their entirety.
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 summed to the entire geographic area for multi-county locales. MSAs
 were configured to mid-1990s configurations as necessary, so geographic
 areas were directly comparable for the two time periods.
 First Stage: Control Variables
 Community-level demographics are calculated using 1990
 county-level data from the ARF and aggregated for multi-county
 geographic areas. Because literature has suggested that racial and ethnic
 minorities are more likely to seek care through safety-net providers (e.g.,
 Gaskin and Hadley, 1999), the number of Blacks age 20–64 are summed
 for the geographic area (i.e., for those sites with more than one county)
 and then divided by the site’s population to produce a proportion.22
 This method is also used to calculate the proportion of Latinos age
 20–64. The median income measure is the weighted mean of the median
 income for every county included in a geographic area.23 A quadratic
 median income measure is also produced by squaring the median income
 measure. Site population is included to control for size, and is the sum of
 all counties included in the site. Finally, a series of dummy variables are
 created for the four Census Bureau regions; Northeast, Midwest, South
 and West.
 22 The age categories in the ARF do not allow for the creation of a measure for adults18–65, the age group used in the current study.
 23 Literature also suggests that percent poor is causally related to safety-net providers(e.g., Gaskin and Hadley, 1999). Therefore, it was also considered as a control measure, butit is highly correlated with median income (r = -0.73) and thus omitted.
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 Second Stage: Predicted Safety-Net Capacity
 Predicted safety-net capacity is used in the second stage. Values for
 capacity for each of the 276 geographic areas are predicted using OLS for
 the full safety net and tobit estimation for each organizational type. See
 the estimation section above for a discussion of the first-stage estimations.
 The predicted values are retained for the subset of geographic areas that
 correspond with those in the CTS and these predicted values are included
 in the two-stage probit model, also discussed earlier in this chapter.
 Second Stage: Safety Net Composition
 Two sets of composition measures are computed. The first group of
 measures consist of proportions. Proportions are computed by dividing
 the FTE rate for each of the four organizational types by the FTE rate
 for the full safety net in each of the 60 geographic areas. The second set
 are four dummy variables indicating the presence or absence of each
 organizational type in each community.
 Second Stage: Control Variables
 Because prior studies have found that as a group, physicians
 are significant providers of free or subsidized care to the uninsured
 (Cunningham and Tu, 1997; Cunningham, et al., 1999; Fairbrother, et
 al., 2003), physicians per 1000 area population is included as a control
 in stage two of the analysis. Cunningham and colleagues found that
 although individually, physicians provide only a small amount of charity
 care, aggregated to the community level, the volume of charity care
 by physicians suggests that they are fairly substantial contributors
 to health-care services for the uninsured. Fairbrother and colleagues
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 surveyed internists and found that 65% of respondents reduced their fee
 or charged nothing for uninsured patients who had difficulty paying the
 full charge.
 The data on physicians come from the ARF, and is the sum of all
 non-federal office-based physicians for each geographic area divided
 by the area population and multiplied by 1000. Thus it excludes
 hospital-based physicians to avoid double-counting. Because this study
 focuses on use of primary medical care by adults, the measure also
 excludes psychiatrists, pediatricians, and pediatric specialists.
 This study uses the health behavior model (HBM) to conceptualize
 and measure individual-level correlates of health-care use included
 in the study. This study accounts for individual-level correlates of
 health-care service use by including predisposing characteristics, enabling
 resources and need for care in the second stage of the analysis. Using
 data from the CTS, the individual characteristics being controlled for
 include the following predisposing characteristics: gender, age by
 category, race/ethnicity, and educational level; and the following enabling
 resources: family income (logged), whether the individual is part of a
 family living below the federal poverty level, employment status and
 primary language spoken (i.e., English or Spanish). Need for health
 care is measured two ways and both measures come from the CTS. The
 individual’s perception of his/her health status is based on a five-point
 scale indicating one for poor health and five for excellent health. The
 objective measure of health used is the Physical Component Summary
 (PCS) scores from the SF-12. Lower PCS scores are associated with poorer
 health.
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 Weights and Adjustments for Survey Design
 The data used in the second-stage models, including the two-stage
 instrumented probits, as well as the Heckman corrections and comparison
 probits, are weighted and standard errors are adjusted to account for the
 complex survey design of the CTS (Metcalf, et al., 1996). The SVYSET
 command in Stata 10.0 is used in all the empirical estimations to account
 for these factors.
 V.6. Summary
 This chapter has presented the method used in this dissertation. It
 has operationalized the conceptual model introduced in Chapter IV. This
 chapter discussed the possibility of two different types of biases in the
 model. It has discussed how these biases are addressed in the empirical
 estimations. The chapter has described how the measures in the models
 are developed and what data sources are used, and it has explained that
 the second-stage estimations will be weighted and adjusted for the CTS
 survey design. Descriptive statistics and empirical findings are presented
 in the following chapter.
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 EMPIRICAL FINDINGS
 In this chapter I summarize the descriptive statistics for the measures
 used in the study, and present the empirical model results. More detailed
 analyses and interpretation of the results introduced in this chapter will
 follow in Chapter VII.
 VI.1. Community-Level Descriptive Characteristics
 The ecological nature of this study enables an examination of the
 variability in communities—in their characteristics and in their safety
 net configurations. Table 6.1 lists the descriptive statistics for the
 community-level measures in the study.
 The median as well as the mean is included for most measures
 because large standard deviations, e.g. those for overall and
 disaggregated safety-net capacity, suggest large variability among
 communities. The descriptive statistics are unweighted. They can not
 be weighted due to lack of precise information available to the public
 about the algorithm the CPS uses to select its primary sampling units
 (PSUs), which are counties or groups of contiguous counties. To wit,
 the descriptive statistics are calculated from values for each of the 276
 geographic areas in the study, which, as described in Chapter V, are
 derived from the CPS. According to CPS statisticians, no weight can
 be calculated for public use of the data because it would necessitate
 101
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 Table 6.1: Community-Level Descriptive Statistics
 Community
 Characteristic
 Measure Mean/
 Percent SD Median
 Overall
 Organizational Safety
 Net Capacity
 Sum of organizational safety
 net FTEs per 1000 local
 population
 5.47
 4.73
 4.74
 Non Profit Safety Net
 Hospital Capacity
 FTES per 1000 local
 population
 3.41
 4.17
 1.86
 Public Safety Net
 Hospital Capacity
 FTES per 1000 local
 population
 1.63
 3.23
 0.02
 Federally Qualified
 Health Center
 (FQHC) Capacity
 FTES per 1000 local
 population
 0.18
 0.25
 0.09
 Local Health
 Department (LHD)
 Capacity
 FTEs per 1000 local
 population for LHDs offering
 primary care services
 0.26
 0.45
 0.04
 Non Profit
 Safety Net
 Hospital Proportion
 Proportion of total safety net
 FTEs that are from non-profit
 safety net hospitals
 0.50
 0.40
 0.57
 Public
 Safety Net
 Hospital Proportion
 Proportion of total safety net
 FTEs that are from public
 safety net hospitals
 0.26
 0.35
 0.01
 FQHC proportion
 Proportion of total safety net
 FTEs that are from FQHCs
 0.09
 0.22
 0.02
 LHD proportion
 Proportion of total safety net
 FTEs that are from LHDs
 offering primary care services
 0.11
 0.24
 0.01
 State Political
 Ideology
 Weighted mean of ideology
 scores for 1984-1996.
 -0.14
 0.07
 -0.15
 Medicaid
 Revenues
 State Medicaid expenditures
 per 1000 state population
 $334,469
 $136,175
 $309,411
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 Table 6.1, continued: Community-Level Descriptive Statistics
 Community
 Characteristic
 Measure Mean/
 Percent SD Median
 Government
 Revenues
 Non-health-related local
 government revenues per
 1000 local population
 $2,720,704
 $619,001
 $2,637,213
 Demand
 Three-year weighted mean of
 the proportion of uninsured
 persons in the community
 0.15
 0.06
 0.14
 Black
 Population
 Percentage Black adults,
 age 20-65
 9%
 9%
 7%
 Latino
 Population
 Percentage Latino adults,
 age 20-65
 7%
 13%
 2%
 Northeast Census
 Region
 Percentage of sites in
 Connecticut, Maine,
 Massachusetts, New
 Hampshire, New Jersey, New
 York, Pennsylvania, Rhode
 Island, Vermont
 17%
 NA
 NA
 South Census
 Region
 Percentage of sites in
 Alabama, Arkansas,
 Delaware, District of
 Columbia, Florida, Georgia,
 Kentucky, Louisiana,
 Maryland, Mississippi, North
 Carolina, Oklahoma, South
 Carolina, Tennessee, Texas,
 Virginia, West Virginia
 38%
 NA
 NA
 Midwest Census
 Region
 Percentage of sites in Illinois,
 Indiana, Iowa, Kansas,
 Michigan, Minnesota,
 Missouri, Nebraska, North
 Dakota, Ohio, South Dakota,
 Wisconsin
 23%
 NA
 NA
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 Table 6.1, continued: Community-Level Descriptive Statistics
 Community
 Characteristic
 Measure Mean/
 Percent SD Median
 West Census
 Region
 Percentage of sites in Alaska,
 Arizona, California, Colorado,
 Hawaii, Idaho, Montana,
 Nevada, New Mexico,
 Oregon, Utah, Washington,
 Wyoming
 22%
 NA
 NA
 Community
 Population
 1995 U.S. Census population
 903,167
 1,137,710
 472,792
 Median Income
 For geographic areas made up
 of more than one county, the
 measure equals the weighted
 mean of county-level median
 incomes
 $35,250
 $6,283
 $34,576
 MDs
 Office-based MDs per 1000
 local population
 1.34
 0.41
 1.33
 1970 Safety Net
 Capacity
 1970 county and municipal
 hospital beds per 1000 local
 population in 1970
 0.41
 0.63
 0.15
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 providing information that could compromise confidentiality for survey
 respondents residing in less populated counties.1 (See Chapter V for
 more detail.)
 Safety-Net Full Time Equivalents
 In order to illustrate the importance of composition as well as
 capacity, the following section incorporates discussion not only on FTEs
 but also descriptions of safety nets by organizational type. As noted in
 Chapter V, for purposes of this study the organizational safety net is
 composed of four organizational types: non-profit safety-net hospitals;
 public safety-net hospitals; federally qualified health centers (FQHCs);
 and local health departments (LHDs) that provide or contract for primary
 care services. Table 6.2 provides the breakdown by type of safety-net
 organization.
 Ten (3.6%) of the communities have no safety-net organizations
 at all, as defined by this study. Two are rural areas; rural Delaware
 and rural Massachusetts, and eight are MSAs: Cedar Rapids, IA; Fort
 Collins-Loveland Colorado; Fort Smith, Arkansas; Fort Wayne, Indiana;
 Killeen Texas; Madison, Wisconsin; Manchester, New Hampshire; and
 Odessa-Midland, Texas. Only 24% of the communities in the study
 (N=66) have all four organizational types. Not surprisingly, these tend to
 be the more populous sites.
 The Greenville North Carolina MSA has the largest overall safety net
 FTE rate of the communities in the study: 32.04 FTEs per 1000 residents.
 1 This information comes from personal communications with CPS statisticians,October 2007.

Page 118
                        

106
 Table 6.2: Safety-Net Organizations by Type
 Communities
 (N=276) Overall
 Safety Net
 Non-Profit
 Hospitals
 Public
 Hospitals
 Federally Qualified
 Health Centers
 (FQHCs)
 Local Health
 Departmentsa
 (LHDs)
 Present in
 Community
 266
 (96.4%)
 198
 (71.7%)
 138
 (50.0%)
 198
 (71.7%)
 158
 (57.2%)
 Not Present
 10
 (3.6%)
 78
 (28.3%)
 138
 (50.0%)
 78
 (28.3%)
 118
 (42.8%)
 Total (100%)
 276
 276
 276
 276
 276
 a Includes only those LHDs that offer primary care.
 All of these FTEs come from public hospitals in the area—county and
 state university affiliated hospitals. There are no private non-profit
 safety-net hospitals, no local health departments that offer primary care,
 and no FQHCs in the area.
 The descriptive data suggest that public and non-profit safety-net
 hospitals tend to substitute for each other. Of the 266 sites with
 organizational safety-net capacity, 65% (N = 173) have either public
 hospital or non-profit safety-net hospital FTEs. Only 103 communities
 (37%) have both. The community with the highest non-profit safety-net
 hospital FTE rate is the Gainesville, Florida MSA. The rate is 25.39 FTEs
 per 1000 population. The University of Florida is located in Gainesville,
 but the hospital affiliated with the University is managed by a private
 non-profit health system. Thus, the hospital is categorized as private,
 rather than public. Of the 10% (N = 27) of communities with the highest
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 public safety-net hospital capacity, 89% (N = 24) are located in southern
 states. Fifty-two percent of these communities have no nonprofit
 safety-net hospital capacity, and of those that do, the mean for non-profit
 hospitals is 1.82 FTEs per 1000, compared with an average of 9.19 FTEs
 for these communities’ public hospitals. In other words, this subset of
 communities relies much more on public hospitals for safety net services.
 The 10% (N=27) of communities with the highest non-profit safety-net
 capacity are more geographically dispersed, but this subset substitutes
 non-profit hospitals for public safety-net hospitals—only eight of these
 sites also have public safety-net hospital capacity.
 As can be seen from the means for FQHC and local health department
 capacity, the rates tend to be much smaller than for safety-net hospitals.
 The community with the greatest FQHC capacity rate is Santa Fe New
 Mexico with 2.23 FTEs per 1000 population. The Oakland, California
 MSA has the highest rate for local health departments that offer primary
 care, at 4.77 FTES per 1000.
 Descriptive statistics on safety net composition are also included in
 Table 6.1. Non-profit safety-net hospital capacity represents the largest
 mean percentage of FTEs per 1000, at approximately 50% (SD = 40%).
 This statistic is unsurprising given that there are more non-profit than
 public hospitals in the study, and that institutional safety-net providers
 have greater capacity than community-based providers. Public hospitals
 make up the next largest proportion of capacity, at 26% (SD = 35%). The
 mean proportion of safety-net capacity comprised of FQHCs and LHDs is
 very similar, at 9% and 11% respectively.
 Like capacity, composition within communities varies by safety-net
 organizational type. For example, 6.5% of the sites have 100% of their
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 capacity found in non-profit safety-net hospitals, while in 4.7% of
 the communities, public safety-net hospitals, FQHCs, or local health
 departments offering primary care comprise 100% of capacity. More
 generally, 12.1% of the study sites have all their safety-net capacity in
 hospitals, and in 11.6% of the communities community-based safety-net
 providers—FQHCs and local health departments—make up 100% of
 capacity.
 State Political Ideology
 State political ideology is included as both a predictor of capacity
 and as an instrument to account for endogeneity bias between demand
 (uninsurance) and supply (capacity).2 As detailed in Chapter V, the
 political ideology measure is a weighted mean of yearly state-wide
 polling responses for the years 1984–1996, and is a state-level measure.
 It is the percent of respondents who identified as conservative minus
 the percent that identify as liberal. To test the stability of the measure
 over different time periods, the measure was reproduced for the years
 1980–1996, 1982–1996, 1988–1996, 1990–1996, and 1992–1996. The table
 of correlations below (Table 6.3) indicates a remarkable consistency
 regardless of the time frame used.
 The measures are extremely multi-collinear, with r ranging from
 0.98 to 1.0. This indicates that self-identification of political ideology has
 remained steady, during the time frame under analysis.
 However, between-state variance in ideology is apparent. Table
 2 Refer to Chapter V for a more complete discussion of endogeneity bias andinstrumental variable use.

Page 121
                        

109
 Table 6.3: Political Ideology Correlations by Time Period
 Time
 Period
 1980-
 1996
 1982-
 1996
 1984-
 1996
 1988-
 1996
 1990-
 1996
 1992-
 1996
 1980-1996 1.000 0.999 0.998 0.999 0.987 0.979
 1982-1996 1.000 0.999 0.993 0.999 0.982
 1984-1996 1.000 0.994 0.990 0.983
 1988-1996 1.000 0.999 0.990
 1990-1996 1.000 0.992
 1992-1996 1.000
 6.4 lists the ideology scores by state for the period used in this study.
 States are first presented in alphabetical order, then sorted from most
 conservative to most liberal political ideologies.3
 While the average ideology score for all the states is -0.14 (SD=0.07),
 the mean for the ten most conservative states is -0.25, 11 points more
 conservative than the national average. These states are in the south or
 west—seven are in the southern region and three are western states. On
 the other hand, eight of the ten most liberal states are in the northeast.
 The other two most liberal states are California and Washington. The
 mean for the ten most liberal states is -0.04. These regional patterns
 in ideology conform to findings in previous literature regarding the
 tendency for the states on the Atlantic seaboard to be more liberal than
 average, and the southern region to be more conservative.
 It is notable that states seem to be weighted toward the ideologically
 conservative, given that the mean = -0.14 and the most liberal state,
 Rhode Island, has a score of 0.05. Unweighted means created by
 3 There are no ideology scores for Washington, D.C. because there are inadequatepolling data. See Wright, Erikson, McIver, 1985.
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 Table 6.4: Political Ideology Score by State
 Rank
 State Ideology Score State
 Ideology Score
 1. Alabama -0.26 Mississippi -0.28
 2. Alaska -0.16 South Dakota -0.27
 3. Arizona -0.15 Oklahoma -0.27
 4. Arkansas -0.22 Alabama -0.26
 5. California -0.07 Louisiana -0.25
 6. Colorado -0.11 Idaho -0.24
 7. Connecticut -0.05 South Carolina -0.24
 8. Delaware -0.10 Utah -0.24
 9. Florida -0.15 Texas -0.23
 10. Georgia -0.20 Arkansas -0.22
 11. Hawaii -0.08 Wyoming -0.22
 12. Idaho -0.24 North Carolina -0.21
 13. Illinois -0.10 North Dakota -0.21
 14. Indiana -0.18 Georgia -0.20
 15. Iowa -0.15 Tennessee -0.20
 16. Kansas -0.19 Nebraska -0.19
 17. Kentucky -0.16 Montana -0.19
 18. Louisiana -0.25 Kansas -0.19
 19. Maine -0.11 Indiana -0.18
 20. Maryland -0.06 Virginia -0.18
 21. Massachusetts 0.01 Missouri -0.16
 22. Michigan -0.10 New Mexico -0.16
 23. Minnesota -0.10 Kentucky -0.16
 24. Mississippi -0.28 Alaska -0.16
 25. Missouri -0.16 Florida -0.15
 26. Montana -0.19 Iowa -0.15
 27. Nebraska -0.19 Arizona -0.15
 28. Nevada -0.10 West Virginia -0.14
 29. New Hampshire -0.08 Wisconsin -0.13
 30. New Jersey -0.06 Pennsylvania -0.12
 31. New Mexico -0.16 Colorado -0.11
 32. New York -0.04 Ohio -0.11
 33. North Carolina -0.21 Maine -0.11
 34. North Dakota -0.21 Minnesota -0.10
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 Table 6.4, continued: Political Ideology Score by State
 Rank
 State Ideology Score State
 Ideology Score
 35. Ohio -0.11 Michigan -0.10
 36. Oklahoma -0.27 Illinois -0.10
 37. Oregon -0.08 Delaware -0.10
 38. Pennsylvania -0.12 Nevada -0.10
 39. Rhode Island 0.05 Oregon -0.08
 40. South Carolina -0.24 Hawaii -0.08
 41. South Dakota -0.27 New Hampshire -0.08
 42. Tennessee -0.20 California -0.07
 43. Texas -0.23 New Jersey -0.06
 44. Utah -0.24 Maryland -0.06
 45. Vermont -0.02 Connecticut -0.05
 46. Virginia -0.18 Washington -0.05
 47. Washington -0.05 New York -0.04
 48. West Virginia -0.14 Vermont -0.02
 49. Wisconsin -0.13 Massachusetts 0.01
 50. Wyoming -0.22 Rhode Island 0.05
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 this dissertation’s author for all states and all years included in the
 study (1984–1996) show that respondents were more likely to identify
 themselves as conservative (34.7%) or moderate (45.3%) than as liberal
 (20.0%). To briefly recap the method that Erikson and colleagues used:
 the proportions of liberals, moderates and conservatives were determined
 at the state level from yearly national survey data and these proportions
 were multiplied by 100 if liberal, 0 if moderate and -100 if conservative
 for percents (Erikson, et al., 1993).4 (This study uses proportions
 rather than percents, so liberal respondents are multiplied by 1 and
 conservative respondents are multiplied by -1.) Note that proportion of
 self-described moderates is not included in the calculations—the scores
 are simply proportion of liberals multiplied by 100 minus proportion of
 conservatives multiplied by -100.
 It is uncertain whether this skewing toward conservatism is a true
 depiction of ideology during the time period used in this study, or
 whether it is artifactual due to problems arising from survey design,
 social response bias or non-response bias (or a combination of the three).
 It is beyond the scope of the study to investigate these possible causes of
 the seemingly skewed findings. However, due to these factors, the state
 ideology scores should be interpreted as relative rather than absolute
 markers of political ideology across states, i.e., assume that for this
 measure, internal reliability is more robust than external reliability.
 State Medicaid Expenditure Rates
 The measure used in this study is expenditures per 1000 state
 4 See Chapter V for a more detailed description of the measure and how it is calculated.
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 residents. As calculated for this study, Medicaid expenditures
 include DSH payments. Although strictly speaking, Medicaid DSH
 reimbursements are not operating revenues, because they are not direct
 reimbursements for services provided or necessarily proportionally
 related to Medicaid funding, these DSH programs provide an important,
 sometimes critical revenue stream for safety-net hospitals (Fagnani and
 Tolbert, 1999; Zuckerman et al., 2001), which as noted above comprise, on
 average, the largest proportion of organizational safety-net capacity. For
 purposes of comparison, Table 6.5 ranks the state-level expenditures rates
 from highest to lowest for Medicaid expenditures with and without DSH
 subsidies.
 No clear-cut patterns related to region, size or other factors are readily
 apparent in the comparison rankings. The measure used in the study
 includes: 1) acute and long term care for adults; 2) acute and long term
 care for children; 3) acute care for the non-elderly blind and disabled; 4)
 DSH subsidies to the state; and 5) other Medicaid expenditures, which
 are mostly adjustments to correct for payment errors in previous years.
 The values for the measure range from $897,484.86 per 1000 residents for
 Washington DC to $146,220.87 for the state of Idaho, a difference of nearly
 84%.
 Looking at Table 6.5 in more detail, it is evident that seven of the top
 ten states by Medicaid expenditures plus DSH are also in the top ten for
 Medicaid expenditures excluding DSH. However, New Hampshire, which
 is ranked sixth for Medicaid expenditures and DSH ($443,522.38 per
 1000 state residents) ranks only 44th when DSH subsidies are removed
 ($157,338.92). DSH revenues make up 64.53% of the expenditures per
 1000 for New Hampshire, the highest percentage in the nation by about
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 Table 6.5:
 Medicaid Expenditures per 1000 by State
 With and Without DSH Revenues
 Rank State
 Medicaid
 Expenditures
 per 1000
 with DSHa State
 Medicaid
 Expenditures
 per 1000
 without DSH
 1.
 District of
 Columbia $897,484.86
 District of
 Columbia $806,978.43
 2. New York $737,570.68 New York $577,239.72
 3. Louisiana $669,743.91 Tennessee $474,586.82
 4. Rhode Island $549,994.59 Hawaii $435,211.32
 5. Tennessee $474,586.82 West Virginia $419,979.34
 6. New Hampshire $443,522.38 Louisiana $378,048.72
 7. Hawaii $436,111.79 Rhode Island $377,146.66
 8. West Virginia $433,612.54 Alaska $354,644.33
 9. New Jersey $421,114.75 Michigan $305,133.97
 10. Maine $403,273.37 New Mexico $304,578.76
 11. Massachusetts $397,473.12 California $303,586.72
 12. California $395,944.17 Kentucky $300,283.11
 13. Alaska $385,236.99 Mississippi $299,564.00
 14. Mississippi $367,296.96 Massachusetts $297,062.67
 15. Kentucky $357,308.96 Illinois $286,456.38
 16. Michigan $351,058.10 Maryland $277,205.44
 17. South Carolina $345,699.66 Georgia $270,304.78
 18. Washington $330,975.97 Maine $269,845.60
 19. Pennsylvania $330,766.29 Oregon $268,892.58
 20. Georgia $327,121.99 Washington $267,106.82
 21. Vermont $323,918.24 Pennsylvania $265,081.79
 22. North Carolina $322,278.72 North Carolina $262,673.80
 23. Illinois $321,479.02 Vermont $260,261.98
 24. Maryland $308,999.82 New Jersey $259,287.07
 25. New Mexico $308,569.77 Delaware $251,136.78
 26. Missouri $307,901.97 Minnesota $246,921.63
 27. Texas $304,791.49 Ohio $244,580.60
 28. Ohio $301,193.73 Florida $235,823.00
 29. Alabama $286,346.71 Arkansas $228,329.54
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 Table 6.5, continued:
 Medicaid Expenditures per 1000 by State
 With and Without DSH Revenues
 Rank State
 Medicaid
 Expenditures
 per 1000
 with DSHa State
 Medicaid
 Expenditures
 per 1000
 without DSH
 30. Connecticut $278,472.69 South Carolina $225,680.22
 31. Oregon $277,799.41 Texas $224,315.51
 32. Colorado $261,641.79 Wisconsin $217,784.56
 33. Delaware $261,057.28 Iowa $195,242.21
 34. Florida $259,383.56 Alabama $188,028.77
 35. Minnesota $252,174.07 Montana $183,365.89
 36. Arkansas $229,634.16 Nebraska $180,559.71
 37. Wisconsin $220,050.85 Utah $179,517.82
 38. Nevada $209,793.76 South Dakota $177,375.86
 39. Iowa $196,830.60 Missouri $170,812.08
 40. Arizona $195,396.96 Colorado $166,987.69
 41. Nebraska $186,017.39 Arizona $166,966.99
 42. Montana $183,638.36 Nevada $161,809.42
 43. Utah $181,204.15 Oklahoma $157,361.66
 44.
 South Dakota $178,844.93
 New
 Hampshire $157,338.92
 45. Kansas $175,415.19 Wyoming $152,044.86
 46. Virginia $169,280.02 North Dakota $150,329.88
 47. Oklahoma $162,960.89 Virginia $147,319.36
 48. Indiana $154,888.62 Kansas $146,688.12
 49. North Dakota $152,203.71 Idaho $142,789.25
 50. Wyoming $152,044.86 Connecticut $140,790.25
 51. Idaho $146,220.87 Indiana $86,176.76 a Measure used in current study.
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 fifteen percentage points. At the other extreme, Tennessee and Wyoming
 received no DSH funding at the time of the study, Montana had 0.15%
 of its expenditures revenues provided by DSH, and Hawaii, 0.21%.
 The mean value for DSH as a percentage of expenditures is 14.55% (SD
 = 15.71%) and the median percentage is 14.55%. While it can not be
 determined in this study why DSH subsidies vary so much by state or
 why some state subsidies, like New Hampshire’s, represent such a large
 percentage of the state’s Medicaid expenditures measure, the relatively
 high mean and median imply that DSH revenues are a significant part of
 Medicaid revenues for safety nets.
 Even when an outlier like New Hampshire is included, the measures
 with and without DSH revenues are multi-collinear (r = 0.90; p < 0.0001).
 When DSH payments to states are excluded, Medicaid expenditures
 per 1000 state residents range from $806,978.43 for Washington, DC to
 $86,176.76 for Indiana, almost a 10-fold difference. Delaware has the
 median expenditure per 1000, at $251,136.78.
 Local Government Revenues
 The mean for local government revenues per 1000 community
 residents is $2,720,704 (SD=$619,001). New York City is the MSA
 with the highest government revenues per 1000 at $5,486,105.45.
 Somewhat surprisingly, the Honolulu, Hawaii MSA has the lowest
 government revenues per 1000, at $1,281,001.55 while its median income,
 $44,903.00 is in the top 10%. This seems anomalous, given that excluding
 Honolulu (and rural Hawaii, which indicates a similar anomaly), 68%
 of communities in the lowest 10% (N=28) for government revenues are
 located in the southern region (N=19) and of these, seven are southern
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 rural areas.
 One possibility for the unexpected finding for Honolulu is that it
 has the lowest state revenue transfer to local government per 1000 local
 residents: $84,867.95. It may be the case that the State of Hawaii funds
 more local expenditures, etc., directly than other states do for their local
 governments. A related factor may be that although the local government
 revenues measure used in this study includes state transfers, it does
 not explicitly include local governments’ share of state personal and
 corporate income taxes. Thus, a community in a state that has a high state
 income tax relative to local taxes (e.g., property and sales taxes) could
 have an artifactually low value for local government revenues per 1000
 community residents, although it is feasible that state revenue transfers to
 local governments would be at least partially a function of state wealth,
 e.g., state income taxes.5
 The possibilities addressed in the previous paragraph could be reason
 for concern about measurement bias if other locales had low state income
 transfers. However the data show that the community with the next
 smallest state transfer revenues per 1000 local residents is Nashua, New
 Hampshire, at $183,530.15, (an increase of 53.8%). Other descriptive
 statistics suggest that Honolulu is an outlier without influence on the
 findings. With Honolulu included, the mean state transfer per 1000 local
 residents is $837,803.81 (SD=$263,200.15) and without Honolulu in the
 data it is $840,541.76 (SD=$259,712.53) a minimal difference.
 5 A third possibility is that the financial data for Hawaii are simply incorrect.

Page 130
                        

118
 Local Uninsurance Rates
 The mean uninsurance rate for the communities in this study is
 15% (SD=6%), This percentage is similar to the national rate produced
 by the U.S. Census Bureau for 1996, which was 15.6%.6 Community
 uninsurance rates range from 3% in the Green Bay, Wisconsin MSA to
 40% in the Laredo, Texas MSA, the latter a rate about 2.5 times larger than
 the national average. In fact, 6 of the 10 sites with the highest uninsurance
 rates are located in Texas.7
 Control Measures
 The percentage of Black residents ranges from 39% in the Jackson,
 Mississippi metropolitan area to a low of 0.1% in rural Montana. The
 10 sites with the highest percentage of Black residents are all located in
 the South. Latinos, on the other hand, are concentrated in communities
 in southwestern states, especially Texas. Laredo, Texas has the highest
 percentage of Latino residents—93%. Florence, Alabama had the lowest
 percentage of Latinos, with only 0.35%.
 The mean population is 903,167 (SD=1,137,710), while the median
 is 472,792. These descriptive statistics indicate that population size is
 positively skewed (m3=3.6). The skewness is due to the inclusion of
 6 From Table HI-1 at http://www.census.gov/hhes/www/hlthins/historic/hlthin05/hihistt1.html . Accessed on August 27, 2007.
 7 Texas had a state-level uninsurance rate of 24.3% in 1996. From Table HI-4 athttp://www.census.gov/hhes/www/hlthins/historic/hlthin05/hihistt4.html . Accessedon November 21, 2007.
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 the ten most populous MSAs in the U.S. When these ten are removed
 m3=1.4. The Los Angeles MSA has the largest population of the study
 communities: 9,138,789, and the smallest MSA is Odessa-Midland, Texas
 with a population of 115,795.
 The geographic areas used in the study are distributed as follows:
 17% are located in the Northeast Census Region; 38% are in the South;
 23% are in the Midwest Census region and 22% are found in the West.
 The south has a plurality of communities in the study because of the way
 in which the CPS PSUs are selected. (See the beginning of this chapter for
 a discussion on selection of PSUs for the CPS.)
 The mean physician rate per 1000 community residents is 1.34
 (SD=0.41) and the median is 1.33. The Gainesville, Florida MSA has the
 highest physician rate, at 3.10 per 1000 residents, while rural Missouri has
 the lowest; 0.51 physicians per 1000.8 That rural areas tend to have lower
 physician rates than urban areas is a well documented phenomenon and
 is apparent in the data used for this study. When ranked by physicians
 per 1000, 21 of the bottom 10% of sites (N=28) are rural areas.
 The median income for all communities is $35,250 with a range from
 $55,062.75 for the Nassau-Suffolk New York metro area to $19,957.00 for
 residents of the McAllen-Edinburg-Mission, Texas MSA. Median income
 is included to control for differentials in local government revenues
 related to variation in state transfers to local governments. There is some
 evidence from the data that a higher proportion of state transfers go to
 8 The physician rate excludes pediatricians and pediatric specialists, as well aspsychiatrists, because pediatric and psychiatric services are not included in the ambulatorycare use measure. Refer to Chapter V for more details.
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 communities that are poorer (r=-0.46; p < .0001).
 Instrumental Variable: Safety-Net Hospital Beds in 1970
 As discussed in Chapter V, it is likely that current safety-net capacity
 is at least in part a function of past characteristics of the area’s safety net.
 The current study uses county and municipal hospital safety-net beds
 in 1970 as an instrument. Over half (N=148) of the 276 study sites had
 some public safety-net bed capacity in 1970, ranging from 3.87 beds per
 1000 in rural Nevada to 0.026 beds per 1000 in rural Alaska. This means
 that 46.3% (N=128) of the sites did not have readily identifiable safety-net
 hospitals in 1970.
 This raises the possibility of measurement bias in the instrumental
 variable chosen, since it is probable that some proportion of these
 communities had non-profit hospitals that functioned as safety-net
 providers during this earlier time period, but the data are simply not
 available to determine this. Indeed, the descriptive data suggest that
 in the mid-1990s public and non-profit safety-net hospitals tended to
 substitute for each other. Of the 266 sites with organizational safety-net
 capacity in the mid-1990s, 65% had either public safety-net hospital or
 non-profit safety-net hospital FTEs. Only 37% had both. To the extent
 that path dependency can be considered a predictor of safety-net hospitals
 by auspice, backwards mapping from the mid-1990s data suggests that a
 percentage of communities that did not have public safety-net hospitals in
 1970 would have had non-profit safety-net hospitals instead.
 One factor that would mitigate measurement bias of the historical
 safety net IV, and contravene the assumption about a path-dependent
 relationship between past and current capacity is if non-profit safety-net
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 hospitals, and health-care safety-net organizations in general were less
 prevalent 35–40 years ago. This is an empirical question worth future
 investigation, since there is practically no quantitative empirical work
 on the history and evolution of health-care safety-net characteristics,
 e.g., capacity and auspice, in an ecological context or from a national
 perspective.
 Of those that did not have county or municipal safety-net hospitals
 in 1970, 28% were in the Northeast, 23% were in the Midwest, 34%
 were in the South, and 15% in the West. Similar to the descriptive
 findings regarding public hospital capacity in the mid-1990s, 67% of the
 communities in the top 10% of capacity in 1970 were located in the south.
 VI.2. Individual-Level Descriptive Characteristics
 Table 6.6 indicates measures of central tendency for individual-level
 characteristics and significance tests comparing uninsured and insured
 persons who are between the ages of 18–65 and have family incomes
 250% or less than FPL. The data have been weighted and standard errors
 were adjusted for the complex survey structure.
 The descriptive statistics suggest that the sample used in this study
 is similar in enabling and predisposing characteristics to those in other
 studies.
 Comparisons indicate that among lower income adults, the uninsured
 are significantly younger than their insured counterparts (p < .001).
 Latinos are significantly more likely to be uninsured (χ2 < .001), as are
 those whose primarily language is Spanish (χ2 < .001). On the other hand,
 lower-income whites are more likely to be insured (χ2 < .001), as are
 lower-income African Americans (χ2 < .05), although the difference for
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 Table 6.6: Weighted Individual-Level Descriptive Statistics
 for Uninsured and Insured Low-Income Adults Age 18-65
 Uninsured
 N=3910
 Insured
 N=10365
 Measure
 Mean (SD) or
 Proportion
 Median
 Mean (SD) or
 Proportion
 Median
 Age (years)*** 34.9
 (11.5)
 33.0 38.2
 (12.8)
 36.0
 Age 18-40*** 0.72 0.62
 Age 41-50* 0.17 0.19
 Age 51-55 0.05 0.06
 Age 56-60** 0.04 0.06
 Age 61-65*** 0.03 0.07
 African American* 0.16 0.20
 Latino*** 0.42 0.18
 White*** 0.38 0.57
 Other Race/Ethnicity* 0.04 0.06
 Primary
 Language=Spanish***
 0.31 0.09
 Female*** 0.53 0.59
 Education (years)*** 11.5
 (2.9)
 12.0 12.7
 (2.4)
 12.0
 Did Not Graduate
 HS***
 0.35 0.18
 HS Graduate* 0.39 0.43
 Post Secondary
 Education***
 0.26 0.39
 Married*** 0.45 0.51
 Family Income*** $16,945
 ($11,260)
 $15,000 $19,760
 ($12,053)
 $20,000
 Employed 0.60 0.60
 < Federal Poverty
 Level***
 0.39 0.29
 General Health*
 (Five-point scale)
 2.6
 (1.1)
 3.0 2.5
 (1.1)
 2.0
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 Table 6.6, continued: Weighted Individual-Level Descriptive Statistics
 for Uninsured and Insured Low-Income Adults Age 18-65
 Uninsured
 N=3910
 Insured
 N=10365
 Measure
 Mean (SD) or
 Proportion
 Median
 Mean (SD) or
 Proportion
 Median
 Very Good to
 Excellent Health**
 0.49 0.53
 Good Health 0.28 0.29
 Fair to Poor
 Health***
 0.23 0.18
 SF-12 Physical
 Component
 Summary***
 50.1
 (9.1)
 53.1 48.2
 (10.8)
 52.3
 Used Ambulatory
 Care***
 0.51 0.82
 * < .05; ** < .01; *** < .001
 Weighted. Standard deviations in parentheses.
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 the latter subgroups is by a much smaller margin than for the former.
 Adult women make up 53% of the uninsured and 59% of the insured
 (χ2 < .001). Uninsured persons are less likely to be married (χ2 < .001),
 have a lower family income (p < .001) and fewer years of education (p <
 .001). Even among lower income adults, the uninsured are poorer than
 the insured; 39% of all uninsured adults live below the federal poverty
 level, whereas 29% of the insured do (χ2 < .001). Notably, 60% of lower
 income uninsured adults reported being employed at least part-time, the
 same percentage as their insured counterparts.
 Finally, while 82% of the insured received ambulatory care in the past
 year, 51% of the uninsured did (χ2 < .001). However, the uninsured are in
 poorer health (p < .001), as measured by the SF-12 Physical Component
 Summary (PCS), suggesting that more of the uninsured have unmet
 health-care needs. This pattern is also found in self-reported health status,
 where a higher percentage of the uninsured report being in fair or poor
 health (χ2 < .001).
 VI.3. Empirical Model Results
 First-Stage Estimations and Tests of Hypotheses
 All first-stage regressions were performed using SAS version 9.1.3.
 The first-stage estimation model is as follows:9
 9 Many studies have focused on Medicaid managed care as a significant influence oncapacity or revenues. A sensitivity analysis was performed using Medicaid managed carerates for 1997 from the Urban Institute (Holahan, et al., 1999, Table 1, p. 4), the state-widepercentage of Medicaid enrollees enrolled in a capitated managed care program. Themeasure was not significantly related to capacity in any of the models, nor did it changethe other estimates in effect size, direction, or significance level.
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 CA = f(PI, MP, GR, D, CD, P, R, I, HC)
 where
 CA = overall safety-net capacity,
 PI = state political ideology,
 MP = state Medicaid revenues,
 GR = local government revenues (net of health revenues),
 D = demand for organizational safety net care,
 CD = community-level demographics,
 P = community population,
 R = Census region,
 I = community-level median income,
 and
 HC = historical safety-net capacity.
 The hypothesized directions for the estimates of the predictors in the
 full safety net model are shown here:10
 PI > 0
 MP > 0
 GR > 0
 and
 D 6= 0 .
 The empirical results for the full safety net model as well as those for
 each of the four organizational types are displayed in Table 6.7.
 10 Note that demand has no directional hypothesis, because the literature reviewed inChapter IV suggests an indeterminant relationship between demand and capacity. Theother estimators are treated as controls and therefore no directional notation is shown.
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 While the study hypotheses (discussed at more length in the next
 chapter) apply to the overall safety net, disaggregating the organizational
 safety net into its component organizations allows for a more detailed
 picture of the relationships between external political and economic
 factors and safety-net capacity. As is shown and discussed below,
 disaggregating the empirical models by organizational type brings to light
 the varying relationships between environmental influences and capacity
 by type.
 Ideology
 In Chapter IV it was hypothesized that a more liberal political
 ideology would be associated with greater community safety-net capacity.
 The empirical results do not support this hypothesis, because the Erikson,
 et al., ideology measure used is not significantly related to overall
 safety-net capacity. Thus, the current study cannot support the argument
 introduced in Chapter IV that political ideology—a proxy for the political
 manifestations of norms of equity—will affect a community’s investment
 in health care to the poor, as measured by safety-net capacity.
 However, ideology is significantly related to both public hospital (p <
 .01) and to non-profit safety-net hospital capacity (p < .05) but the signs
 are the reverse of each other. These findings suggests that more liberal
 state ideology is associated with greater non-profit-hospital safety-net
 capacity, but with less public hospital safety-net capacity, i.e., a more
 conservative state political ideology is related to greater public hospital
 capacity. State ideology is also significantly and positively related to
 LHD capacity (p < .001). Thus, a more liberal ideology is related to LHD
 capacity.
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 FQHC capacity is not a statistically-significant correlate of state
 political ideology. This finding is not surprising. FQHCs are less subject
 to state-level ideology—these are largely a federal program which
 historically bypassed states. It created a direct funding stream from
 the federal government to local communities. Although states play an
 important role in supporting FQHCs through Medicaid programs and
 some state-only funds, FQHCs’ organizational legitimacy (e.g., meeting
 qualifications to become an FQHC) originates from the federal, rather
 than state government.
 Medicaid Expenditures
 This study includes the hypothesis that larger Medicaid expenditures
 are associated with greater safety-net capacity. Findings support this
 hypothesis, indicating that the Medicaid expenditure rate is a significant
 and positive correlate of full safety-net capacity (p < .05). When
 disaggregated by organizational type, it is evident that greater Medicaid
 expenditures are significantly correlated with increased public hospital
 capacity. Medicaid expenditures are not significantly associated with
 non-profit hospital capacity, FQHC capacity or LHD capacity.
 The lack of a finding between Medicaid expenditures and FQHC
 capacity is somewhat puzzling. Because the Medicaid expenditure
 used in the study includes DSH subsidies, which are not used to fund
 FQHCs, a sensitivity analysis (not shown) was performed by substituting
 a measure that excluded DSH revenues. The lack of significant association
 between Medicaid and FQHC capacity remained. The possible reasons
 for the lack of a finding for Medicaid and FQHCs will be discussed in the
 next chapter.
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 It is worthwhile to note that there is a possibility that Medicaid
 expenditures are endogenous with respect to organizational safety-net
 capacity, precisely because Medicaid is such a significant funder
 of these organizations. Organizations might engage in activities
 that would increase their Medicaid revenues, e.g., by lobbying
 for higher reimbursement rates. Under these circumstances, the
 relationship between Medicaid expenditures and capacity would not be
 uni-directional. It is believed that the potential for endogeneity in this
 case is attenuated by the volatility of Medicaid expenditures relative to
 safety-net capacity, the former caused by the myriad factors that influence
 state Medicaid policy that are not directly related to local safety-net
 capacity, like aspects of the state’s economy, and state-level demographics.
 However, the possibility of endogeneity was tested empirically (results
 not shown). OLS and tobit estimations were performed without the
 Medicaid expenditures measure to test for differences. The difference in
 the empirical findings was negligible.11 Thus, although endogeneity may
 be a conceptual issue in the current study, it does not affect the empirical
 findings.
 Local Government Revenues
 This study hypothesizes that greater local public revenues will be
 11 In the model for overall safety-net capacity the significance level for local governmentrevenues goes from p = .06 to p = .05 when Medicaid expenditures are removed, and thesignificance level for uninsurance rate moves from p = .05 to p = .06 when the Medicaidexpenditures measure is omitted. In the tobits for capacity by organizational type, the onlychange is found in the model for public hospital capacity: the significance level for the Westcensus region moves from .08 to .04 when Medicaid expenditures are removed. There areno other changes in effect size, direction, or significance level in any of the models.
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 associated with greater overall safety-net capacity. This hypothesis is
 somewhat supported by the findings because government revenues trend
 toward a significant and positive relationship with overall safety-net
 capacity (p < .10). Disaggregating the safety net into its component
 organizations shows that having greater local government revenues
 matters more for public than for private non-profit safety-net capacity.
 Empirical findings from the disaggregated models indicate that greater
 government revenues are associated with greater public hospital capacity
 (p < .05), and local health department capacity (p < .01). However,
 the relationship between revenues and non-profit safety-net hospitals’
 capacity is not significant. The FQHC capacity model shows a significant,
 negative association between revenues and capacity (p < .05).
 Demand
 The relationship between demand for safety-net services and
 capacity was not hypothesized in Chapter IV because a review of the
 literature suggested an indeterminant relationship between the two,
 i.e., existing theories predict that greater demand will be associated
 with greater supply, while existing empirical literature suggests that
 higher uninsurance rates are associated with lower capacity. This study
 supports the previous empirical literature. Demand for safety-net
 services, measured as community uninsurance rate, is significantly and
 negatively associated with overall safety-net capacity (p < .05). There are
 no significant associations between demand and safety-net organization
 capacity when disaggregated by type, although all estimates are in
 the negative direction. Given the contradictions in the theoretical and
 empirical literature, the implications of the finding for demand and
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 overall safety-net capacity will be discussed in detail in the next chapter.
 Control Variables
 The models used a number of measures as controls. This section
 highlights those that have some statistically-significant relationships with
 safety-net capacity.
 Community-level demographics play a role in safety-net capacity. The
 percentage of Latino residents is positively related to FQHCs capacity
 (p < .01), suggesting that FQHCS are fulfilling their mission to provide
 care to underserved populations. Also noteworthy, a higher percentage
 of Black residents is positively associated with safety-net capacity for
 all organizational types except local health departments, as well as the
 overall organizational safety net. (See Table 6.7.) The differential findings
 for Blacks and Latinos is worthy of interpretation and will be addressed
 in detail in the next chapter. The size of the community, as measured by
 population, is significantly and positively associated with LHD capacity
 (p < .001), but population is not significantly related to any of the other
 organizational types, nor is it associated with overall safety-net capacity.
 Measured as Census region, geographic location shows some
 significant associations with safety-net capacity, although region does
 not have a significant relationship with overall safety-net capacity.
 Communities in the Northeast have significantly less local health
 department capacity (p < .01) than those in the referent category
 (Midwest) while communities in the south have significantly more LHD
 capacity (p < .001). There is also a trend in Southern sites toward a
 significant, negative relationship with FQHC capacity (p < .10). Sites
 in the western region are associated with greater public hospital (p <
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 .10) and FQHC capacity (p < .05), compared to those in the referent
 category (the Midwest). Because of the relative density of FQHCs in
 California compared to other states in the western region, a sensitivity
 analysis (not shown) that included a dummy variable for California was
 performed. The California dummy variable was not significant and the
 significant, positive relationship between western region and FQHC
 capacity remained.
 Sensitivity analyses for region were also performed by changing the
 referent category to the South (not shown). The relationships between
 region and community-based capacity appear more straightforward
 following this switch in referent categories. The Northeast (p < .10),
 West (p < .001) and Midwest (p < .10) are associated with higher FQHC
 capacity when compared to the South. On the other hand, being a
 community in the Northeast, Midwest, or West is associated with lower
 LHD capacity than in the South (p < .01). This suggests that the two types
 of community-based safety-net organizations may be regionally-based
 substitutes for one another.
 Instrument: Historical Safety-Net Capacity
 As addressed in Chapter V, there is a possible endogeneity bias in
 the relationship between demand and safety-net capacity. Past public
 hospital safety-net capacity is a possible instrument because it is theorized
 to relate to current safety-net capacity but not to current demand. The
 instrument introduced in Chapter V, hospital safety-net capacity in 1970,
 is negatively related to private non-profit safety-net hospital capacity
 in the mid-1990s (p < .05) yet positively associated with public hospital
 capacity (p < .01). In other words, communities that invested in greater
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 public hospital safety-net capacity in 1970 continued in that vein into the
 late 1990s, suggesting a path dependency, an interpretation that will be
 discussed in the following chapter.
 The findings suggest that like political ideology, historical bed
 capacity is not a good instrument for the overall safety net, but that it
 works for some components of the safety net.
 Effect Sizes
 Table 6.8 provides the standardized parameter estimates for the five
 models (mean = 0; SD = 1) in order to better compare across estimators.
 It is apparent from Table 6.8 that overall, effect sizes for the first-stage
 estimates are modest. The predictor with the largest magnitude is
 ideology for non-profit and public hospital and local health department
 capacity, ranging from about 0.25 standard deviations above the mean for
 non-profit hospital capacity (p < .05) to nearly 0.50 standard deviations
 below the mean for public hospital capacity (p < .001) and 0.42 standard
 deviations above the mean for local health department capacity (p < .001).
 The effect size for percentage of Black residents is also larger than for
 most of the estimates—from about 0.40 standard deviations above the
 mean for the full safety net and for public hospitals (p < .001) to about
 0.25 standard deviations above the mean for FQHC capacity (p < .01).
 Percent Latinos and FQHC capacity are also among the largest of the
 effect sizes, at 0.40 (p < .001). Finally, region shows a moderate effect size
 when associated with local health department capacity: capacity is 0.30
 standard deviations below the mean in the Northeast (p < .01) and about
 0.50 above the mean in the South.
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 Instrumented Two-Stage Models and Tests of Hypotheses
 Safety-Net Capacity and Composition
 This study hypothesizes that safety-net capacity is a positive correlate
 of use of ambulatory care among low-income uninsured adults, after
 controlling for individual-level predisposing and enabling characteristics,
 need for care, and physician supply. The hypothesized directions for the
 estimates of the predictors in the full safety net model are shown here:
 PCA > 0
 CM > 0 .
 The study uses instrumented two-stage probit estimation to test
 these hypotheses and includes capacity predicted by OLS and tobits to
 predict the likelihood of use. Stata 10.0 was used for the two-stage probit
 models. Table 6.9 indicates the results from the two-stage IVPROBIT, after
 weighting and adjusting for the complex survey design (also performed
 using Stata 10.0).
 The findings support the hypothesized relationship between capacity
 and use of ambulatory care among low-income uninsured adults. Overall
 safety-net capacity is significantly associated with increased likelihood
 of ambulatory health care use (p < .01). Non-profit safety-net hospital
 capacity (p < .01) and public safety-net hospital capacity (p < .05) are
 also positively and significantly related to use. FQHC and LHD capacity
 are not significant correlates of ambulatory care use among low-income
 uninsured adults.
 Table 6.9 also reports a model for the overall safety net that includes
 the composition measures—the proportion of safety-net capacity that is
 represented by the four health-care organizational types. The proportion
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 of safety net FTEs that are public hospital FTEs is the referent category
 for estimates shown in Table 6.9, but the model was also tested using
 the proportion of non-profit hospital FTEs as the referent (results not
 shown). In both cases, the proportion of FQHC capacity is positively
 related to use of care (p < .01), and overall capacity remains significant
 (p < .01).12 Thus, controlling for capacity, low-income uninsured adults
 in communities with a higher proportion of FQHC capacity (compared to
 either type of hospital capacity) are more likely to use ambulatory care.
 This partially supports the hypothesis that low-income uninsured adults
 residing in communities with a larger proportion of community-based
 providers are more likely to use ambulatory care. No other safety net
 type by proportion—including proportion of LHDs—was significantly
 related to use. This finding will be addressed at greater length in the next
 chapter.
 Individual-Level Controls
 Findings for the individual-level control variables tend to conform to
 those found in previous literature. Controlling for other characteristics,
 low-income uninsured women are significantly more likely to use
 ambulatory care than their male counterparts. This finding is consistently
 significant across all organizational types as well as for the overall safety
 net and is maintained when safety net composition is included in the
 model for the overall safety net (p < .001). A lower SF-12 PCS score,
 12 An analysis using composition dummies, i.e., the presence or absence of safety-netorganizations by type was also performed (not shown), with public hospital capacity asthe referent. FQHC presence is the only dummy that is statistically significant (0.33; p <
 .001).
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 which indicates a person in poorer physical health, is associated with a
 greater likelihood that low-income uninsured adults will use ambulatory
 care. This finding is also significant across all models (p < .01).
 Low-income uninsured adults whose primary language is Spanish are
 significantly less likely to use ambulatory care than those whose primary
 language is English. This is significant for the full safety net and for
 all four of its component organizations (p < .01). Notably the estimate,
 while still negative and significant, is not as large in the two-stage model
 for FQHC capacity or in the two-stage model that includes safety net
 composition. This variation in estimates for Spanish speakers will be
 addressed in the section on Heckman corrections, below.
 Heckman Corrections for Selection Bias
 As discussed in Chapter V the potential for selection bias exists in
 the analyses that control for individual-level characteristics, in this case,
 insurance status. To briefly reiterate the argument from the previous
 chapter, if persons were randomly selected into insurance status, selection
 bias could be greatly lessened. However, because this is an observational
 study, the omitted variables that inevitably result from selection problems
 lead to biased estimators, i.e., some factors associated with selection will
 not be observed.
 Also discussed in Chapter V, a number of sources for potential
 selection bias exist. For example, low-income uninsured adults might
 self-select into communities with greater safety-net capacity. This would
 bias estimates of use upward. Additionally, some uninsured persons
 eligible for public insurance and in need of health care might chose to
 remain uninsured and to forgo care because of an aversion to interacting

Page 159
                        

147
 with the institutions that would enable them to both enroll in insurance
 programs and seek care. As a result, estimates of use would be biased
 downward. Adverse selection can also contribute to the selection
 problem, i.e., uninsured persons otherwise eligible may choose not
 to enroll in public insurance programs because they believe they are
 healthy and will not need insurance or health care. Adverse selection
 could also bias use estimates downward. The examples just mentioned
 are demand-side factors. One possible supply-side source of bias is
 the possibility that some safety-net providers in some locales could be
 more assertive about enrolling low-income uninsured persons who seek
 care from them. This variation in enrollment would bias use by the
 low-income uninsured downward.
 Tables 6.10A and 6.10B provide empirical estimates for the outcome
 equations using a Heckman probit correction performed in Stata 10.0.13
 Data are weighted and standard errors have been adjusted to account
 for the complex sampling structure of the CTS. Estimates were calculated
 for the overall organizational safety net—with and without the safety net
 composition variables—and for each organizational type. Next to each
 Heckman probit are the results from probit estimation (also performed in
 Stata 10.0, weighted and accounting for the sampling design). Comparing
 Heckman and probit estimators provides one way to check for selection
 bias in the models. If the estimators and their standard errors are similar
 in the Heckman and probit models, selection bias is not present. Tables
 6.10A and 6.10B indicate that selection bias is not an issue. For example,
 13 A table of the estimates for the Heckman selection equations is found in Appendix A.See Table A.1.
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 the estimate for predicted capacity for the overall organizational safety
 net is the just about the same for both the Heckman and probit models, as
 is the standard error (see Table 6.10A). In both models, safety-net capacity
 is positively and significantly associated with use (p < .01). Although
 slight variations in the Heckman corrections and probit estimations can
 be seen throughout the tables, they are likely due to the errors for the
 selection equation and outcome equation being slightly correlated in each
 model.
 In addition, ρ, the correlation of the error terms for the selection
 and outcome equations, can help determine whether selection bias is a
 problem, and the nature of the bias. If ρ = 0, the errors are uncorrelated
 and selection bias is not present. If ρ 6= 0 the direction of ρ indicates the
 nature of the bias and the size (-1 to 1) suggests the magnitude of the bias
 being corrected.
 In general, the significance level of ρ can be evaluated. It can
 be argued plausibly that interpreting ρ is not worthwhile if ρ is not
 statistically significant. Unfortunately, significance levels are not reported
 for the Heckman corrections in this study because Stata 10.0 does not
 include significance levels for ρ when the modeling accounts for a
 complex survey structure, as is the case here. However, the size of the
 standard errors for ρ in each model suggests that it is unlikely that ρ
 is statistically significant. The standard error is larger than the value
 of ρ for every Heckman correction, ranging from 9 times larger for the
 model using predicted public hospital capacity to 1.2 times larger for the
 predicted FQHC capacity model. (See Tables 6.10A and 6.10B.)
 Even though the lack of significance of ρ would suggest that there
 is no selection bias in any of the outcome equations, one difference
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 stands out in the model that includes composition variables. While the
 probit estimation, like the two-stage probit discussed earlier, predicts
 that Spanish speakers are significantly less likely to use care (p < .05) in
 this particular model, being a Spanish-speaking low-income uninsured
 adult ceases to be a significant predictor of use in the Heckman model,
 although the negative direction remains.
 If there were selection bias in the model with composition variables
 included, it could be due to a systematic policy of establishing FQHCs in
 areas with large numbers of Spanish speakers (for example, community
 health centers for migrant workers). This particular argument for
 possible selection bias is strengthened by looking at the estimates
 from the Heckman selection equations in Table A.1. (See Appendix
 A.) The selection equation that includes FQHC capacity indicates that
 low-income adults in areas with greater FQHC capacity are more likely to
 be uninsured (0.57; p < .01). While this is also the finding for both public
 hospital and LHD capacity and insurance status (p < .05), the effect size
 for FQHC capacity is noticeably larger than for these other two models.
 On the other hand, the selection equation that includes composition
 variables indicates that low-income adults in communities with a higher
 proportion of FQHC capacity are significantly less likely to be uninsured
 than their counterparts in communities with a higher proportion of public
 hospital FTEs. In summary, while the presence of FQHCs is associated
 with a greater likelihood of being uninsured if one is a low-income adult,
 living in an area with a higher proportion of FQHC capacity seems to
 provide some protection from being uninsured. Further, this could be
 most pronounced for Spanish speaking adults—hence the difference in
 the Heckman correction and probit estimate. It could be that safety net
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 composition matters for Spanish speaking adults. This possible finding
 will be discussed in more detail in the next chapter.
 VI.4. Limitations of the Study
 Conceptual Limitations
 The current study has some key conceptual and methodological
 limitations, which should be kept in mind when interpreting the study
 findings. Some of the limitations can be addressed in future research. (See
 the section on directions for future research in Chapter VIII.)
 First, the study has a conceptual limitation in that existing literature
 suggests the model should be a three-stage, and not two-stage model.
 This conceptual weakness has been discussed at more length in Chapters
 IV and V—it is beyond the scope of the study to undertake a three-stage
 model, but poses an interesting challenge for future research. The second
 conceptual weakness is the endogeneity of demand and supply in the first
 stage of the model. (It is probably more precise to frame it as a conceptual
 difficulty than a limitation, since endogeneity is endemic to research on
 supply and demand.) Instrumental variables were used, with limited
 success. Discussion of the instrumental variables is found below. A third
 potential conceptual limitation is the possible endogenous relationship
 between Medicaid revenues (or expenditures) and safety-net capacity,
 although it was found that this potential endogeneity does not have an
 empirical effect.
 Methodological Limitations
 At the methodological level, it is important to point out that the study
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 is cross-sectional, so that one must be conservative about making causal
 inferences. Second, the study data focus on the mid-1990s, due to lack of
 availability of some of the data after this time period. However, with a
 few measurement adjustments to account for unavailable data, the current
 study functions as a useful baseline for a longitudinal focus that would
 move the analysis more toward the present. Also, the analysis takes place
 prior to the implementation of a series of exogenous policies—e.g., the
 de-linking of welfare payments and Medicaid in the switch to TANF
 from 1997 on, the Balanced Budget Amendment of 1997, and the Health
 Community Access Program that may have had effects on safety-net
 capacity and access. Future research could take advantage of the timing
 of these policy changes.
 Another methodological limitation lies in the definition of the
 geographic areas. There are two dimensions to this particular limitation.
 First, the geographic areas used in the study are large—MSAs and
 multi-county rural areas. Some effects, e.g., FQHC capacity, might be
 weakened by the large sizes, because they are not reflective of the actual
 size of the catchment area or market. In addition, the literature on area
 effects and health outcomes emphasizes the importance of defining
 relevant geographic areas. (See Diez Roux, 2001 for a review of the
 literature defining geographic areas.)
 The definition issue may be relevant for this study also. The areas
 used here are administratively determined, not defined by residents or
 by providers. While this might be less of an issue for a study that looks
 at political and economic factors than it would be for a study looking at
 community efficacy and health, it is still a potential weakness. However,
 it would be extremely difficult to do a study of this scale and scope
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 without using administratively defined geographic areas.
 A related limitation is the definition of safety-net organizations
 used for the study. Safety-net organizations may vary by type across
 geographic areas e.g., for reasons of local history. This study standardizes
 definitions, so it cannot capture the detail and variation provided by
 qualitative studies reviewed in Chapter II. In addition, some likely
 safety-net organizations are omitted because the necessary data do not
 exist for them. Community-based providers in particular, like FQHC
 look-alikes and free clinics are not included. The finding that a higher
 proportion of FQHCs is associated with a higher likelihood of ambulatory
 care use may be biased downward as a result. The finding suggests that
 the excluded community-based providers may be important sources for
 services for this population. Future research could improve upon the
 definition of safety-net providers, for example by refining the inclusion
 criteria for safety-net hospitals and including more community-based
 providers, although data are not readily available for any but FQHCs.
 Another series of potential limitations are in the form of
 measurement issues. State-level measures—ideology and Medicaid
 expenditures—smooth out likely intra-state variations in both. However,
 measures of local political ideology and Medicaid revenues at the hospital
 level are not available.
 The proxy for demand for safety net services in this study is
 the community uninsurance rate. It is perhaps telling that different
 studies on the ecology of access have used different proxy measures
 for demand—there is no standard operational definition in this body
 of empirical literature. For example, Andersen, et al. (2002) measured
 demand as percent below poverty, percent non-elderly uninsured,
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 and percent of non-elderly Medicaid-eligible. All three measures were
 dropped from the study due to multi-collinearity with other variables.
 Brown, et al.’s (2004) proxies for demand were: 1) the percentage of
 the community population in low-income households (defined as at or
 below 250% FPL); 2) the percentage of non-elderly uninsured low-income
 population; 3) the percentage of non-elderly low-income persons on
 Medicaid; 4) the percentage of immigrant non-citizens; and 5) the
 percentage of the community population in each major racial/ethnic
 group. Only group four was significantly related to use of ambulatory
 care.
 A better proxy for demand for the safety net might be percentage
 of low-income uninsured. The current study uses an uninsurance
 measure that includes residents of all incomes. The literature review
 in Chapter IV suggests that crowding can occur due to substitution of
 uncompensated care or safety-net providers for insurance (Chernew, et
 al., 2005; Herring, 2005; Lo Sasso and Meyer, 2006; Rask and Rask, 2000;
 2005). The key here may be what defines “low income.” It is less likely
 that substitution occurs for uninsured persons at or below the poverty
 level than when income level increases, because those higher-income
 uninsured individuals will pay out of pocket for non-safety-net providers.
 In summary, the demand measure used in this study may be capturing
 too broad a population. Changing the parameters of the measure could
 lead to a significant relationship between uninsurance and organizational
 sub-types.
 However, the percentage of low-income uninsured does not
 necessarily measure demand for safety net services, as findings from
 Andersen, et al. (2002) and Brown, et al. (2004) suggest. A more robust

Page 176
                        

164
 proxy for demand might be one that measures need for health care among
 low-income uninsured persons at the community level. For example, the
 demand measure could be constructed as the percentage of low-income
 persons with higher scores on the Physical Component Summary of the
 SF-12. Unfortunately, the SF-12 measure(s) are not available in the CPS
 ASEC. Further, limiting the percent uninsured to the low income would
 reduce precision in the small area estimates of uninsurance from the
 ASEC. However, more precise measures of community-level demand will
 be explored for future research.
 Instruments Used
 The instruments chosen to address simultaneity bias—political
 ideology and historical safety net beds—work for some organizational
 sub types, but not for the safety net as a whole. In other words, the
 instruments work adequately for explaining composition but not size.
 As discussed in Chapter V, it is likely that current safety-net capacity
 is at least in part a function of past characteristics of the area’s safety net.
 The current study uses county and municipal hospital safety-net beds
 in 1970 as an instrument. Over half (N=148) of the 276 study sites had
 some public safety net bed capacity in 1970, ranging from 3.87 beds per
 1000 in rural Nevada to 0.026 beds per 1000 in rural Alaska. This means
 that 46.3% (N=128) of the sites did not have readily identifiable safety-net
 hospitals in 1970. This suggests the possibility of measurement bias in the
 instrumental variable chosen, since it is probable that some proportion of
 these communities had non-profit hospitals that functioned as safety-net
 providers during this earlier time period, but the data are simply not
 available to determine this.
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 Perhaps the best instrumentals are those that can exploit exogenous
 changes, or shocks, to develop a natural experiment approach, like Currie
 and Gruber (1996) did when they accounted for both the simultaneity
 and selection bias of insurance status and use of care in their study
 on the effects of Medicaid eligibility and health-care utilization on the
 health outcomes of children. They used a natural experiment approach
 to instrumental variables by taking advantage of states’ responses to
 federally mandated expansions in Medicaid eligibility for children.
 Exogenous policy changes were not available for this study, but as
 indicated above, the current study pre-dates a number of policy changes
 hypothetically relevant to safety-net capacity and use of care among
 low-income uninsured persons. Future research could take advantage of
 exogenous changes.
 VI.5. Summary
 The findings partially support the hypotheses developed in Chapter
 IV. The first-stage model for the full safety net, which is the focus of the
 hypotheses, finds that higher Medicaid and government revenues are
 related to greater capacity but that a higher proportion of uninsured
 persons is related to decreased capacity. Political ideology and historical
 safety-net capacity are not significantly related to overall safety-net
 capacity.
 When the health-care safety net is disaggregated into its four
 component organizations, it is evident that non-profit safety-net hospitals
 are the least influenced by the community factors in the model, while
 public hospitals are the most influenced. This particularly true in the case
 of revenues—Medicaid and local government. Public hospital capacity

Page 178
                        

166
 is more affected by the predictors and controls. A higher percentage of
 Black residents is related to greater capacity for the overall safety net and
 for all organizational types except local health departments, but other
 community-level demographics are less consistently related to capacity.
 Moving to the second stage, capacity is significantly and positively
 associated with a greater likelihood of use of ambulatory care for the full
 safety net, and for both kinds of safety-net hospitals. When composition
 is added, it is found that low-income uninsured persons living in areas
 with a higher proportion of FQHC capacity are more likely to use
 ambulatory care compared to those in areas with a higher proportion of
 hospital-based capacity. These capacity and composition findings hold
 even after correcting for possible selection bias with Heckman corrections.
 A few individual-level characteristics are significantly related to use
 of ambulatory care—females and those in poorer health are significantly
 more likely to access care across all organizational types, and the findings
 are robust in that they are not subject to selection bias. Being a native
 Spanish speaker is significantly associated with a lower likelihood of
 ambulatory care use in the two-stage probit estimations, although analysis
 of the Heckman corrections leads to a possible finding that being a
 Spanish speaker is not a significant predictor of use in communities where
 there is a higher proportion of FQHC than institutional capacity. Key
 limitations of the study have been noted. The findings presented in this
 chapter will be addressed in more detail in the next chapter.
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 DISCUSSION
 Uninsured Americans received about $35 billion uncompensated
 health care in 2001, much of it through the health-care safety net (Hadley
 and Holahan, 2003). This study has used a multi-level ecological
 approach to attempt to answer the following questions: What is the
 relationship between state and local political and economic factors
 and local health-care safety-net organizations’ capacity? Then, what
 relationship is there between organizational capacity and use of care by
 the low-income uninsured? Finally, what is the relationship between
 organizational safety net composition and use of care by this group?
 The results in Chapter VI indicate that certain state and local political
 and economic factors are significant correlates of overall organizational
 health-care safety-net capacity, as well as capacity by organizational type,
 and both predicted capacity and composition are significantly associated
 with use of care among low-income uninsured adults ages 18–65. In
 this chapter, I discuss the findings presented in Chapter VI, and offer
 interpretation of the findings.
 VII.1. Political Ideology
 If, as is argued in Chapter IV, values and norms about the
 government’s role in health policy to the poor are made manifest in
 political ideology, then the findings suggest that norms, filtered through
 167
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 ideological views, are significantly associated with the capacity of certain
 organizational types, if not the overall safety net. In Chapter IV it was
 hypothesized that a more liberal political ideology would be associated
 with greater community safety-net capacity. The empirical results do not
 support this hypothesis. To recap from the previous chapter, ideology is
 significantly related to public hospital capacity (p < .001) and non-profit
 safety-net hospitals (p < .10) but the signs are the reverse of each other.
 State ideology is also significantly and positively related to LHD capacity
 (p < .01). However, ideology is not a statistically-significant correlate of
 FQHC capacity.
 The findings on the variable relationships between ideology and
 safety-net hospital capacity suggest various interpretations. One
 explanation may be found in the interplay of political ideology and the
 history of hospitals in the United States. In general, conservative ideology
 tends to place more weight on preserving existing institutions, while a
 liberal belief system is often more focused on changing the status quo.
 (These are relative, not absolute differences.) These differing orientations
 to change could result in this case in a greater switch over time from
 public to private (non-profit) hospitals serving the poor in more liberal
 areas, perhaps as a “good government” measure to decrease local political
 influence on local government entities.
 As an organizational type, county and municipal hospitals pre-date
 private non-profit hospitals. These public hospitals are sometimes an
 outgrowth of county and municipal almshouses or poorhouses that
 originally provided custodial, rather than curative care for the poor, the
 chronically ill, and the aged (Duffy, 1990, p. 157; Starr, 1982, p. 150). Or,
 some public hospitals evolved from 18th and 19th century pesthouses that
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 quarantined persons with infectious diseases (Duffy, 1990, p. 157). Thus
 it is possible that in more conservative locales, the auspice of established
 safety-net hospitals were less likely to change over time.
 More detailed evidence for the argument above can be found in the
 history of the Hill-Burton Act, known formally as the Hospital Survey
 and Construction Act. Signed into law by Truman in 1946 as Public
 Law 79-75, Hill-Burton provided federal grants to communities for the
 construction and expansion of hospitals, and had a profound effect on the
 increase in general hospitals between 1950 and 1970 (Clark, et al., 1980).
 Additionally, “the Hill-Burton program stimulated enormous interest
 in the role of state health departments as central elements in health-care
 planning in each state” (Stevens, 1999, p. 220), due to the law’s provision
 that state governments survey hospital facilities, in order to determine
 need for additional capital investment. Hill-Burton funds were eligible
 only to those communities where “need was formally specified in the
 state plan” (Ibid, p. 222). To the extent that state health departments
 approximated the state’s political ideology, their planning for local
 communities would reflect that ideology, and thus more conservative
 state health departments would authorize the construction of hospitals in
 line with traditional, i.e., public, hospital auspice.
 It is worthwhile to note that Hill-Burton funded public hospitals
 at a higher rate than it did private non-profits. Between 1946 and 1965
 non-profit hospitals increased by 32.5% while state or local government
 hospitals increased by 85%.1 Stevens notes that local public hospitals
 1 Percentages are calculated by this dissertation’s author using data in Table 9.1, pp. 239,Stevens, 1999.
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 “grew at an even faster rate [than non-profits], with local governments
 matching federal Hill-Burton funds through local taxes and capital bond
 issues” (1999, p. 229).
 An alternative explanation could be that more conservative states
 replaced older county hospitals with for-profit hospitals, rather than
 non-profits. Stevens observes that for-profit auspice was chosen especially
 in the South and the West, even though Hill-Burton favored voluntary
 hospitals (Ibid, p. 231—232). Starr (1982, pp. 170—171) points out that for
 profit hospitals were more predominant in the South and the far west by
 the early 20th century because there was less access to the philanthropic
 capital necessary to develop voluntary hospitals. For the most part, for
 profits do not function as safety-net hospitals. Additionally, as this study
 has shown, southern states tend to have a conservative political ideology.
 The result could be that in more conservative areas public hospitals were
 left as hospitals of last resort—while non-profit hospitals were more likely
 to provide a safety net role in more liberal communities and that these
 differences continued over subsequent decades.
 The argument for the path-dependent nature of communities’
 differential investments in public and voluntary safety-net hospitals vis
 a vis political ideology is strengthened by the empirical findings that
 county and municipal hospital capacity in 1970 is negatively related to
 private non-profit safety-net hospital capacity in the late 1990s yet is
 positively associated with public hospital capacity. In other words, the
 findings support the argument that communities that invested in greater
 public hospital safety-net capacity in 1970 continued in that vein into the
 mid 1990s.
 This study found that a more liberal state political ideology was
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 related to greater capacity for local health departments that offer primary
 care. While many if not most locales have public health departments,
 only a small subset of these offer primary care services. The great
 majority of local health departments, be they municipal, county, or
 district, focus on sanitation, health inspections, communicable disease
 surveillance and treatment, health education, and sometimes, minimal
 preventive programs e.g., providing flu shots to residents every autumn.
 Similar to the discussion on ideology and hospital capacity above, to
 the extent that state health departments reflected the state’s political
 ideology, their planning for local communities would support the
 dominant political ideology. State health departments in more liberal
 states, interested in fostering the government’s role in supporting direct
 health-care services for the uninsured, might do more to encourage local
 health departments to make primary care services available as well as
 provide local governments resources for LHD primary care.
 It is unsurprising that political ideology has no significant association
 with FQHC capacity, since historically states have had less to do with
 the founding and funding of CHCs (later FQHCs) than the federal
 government did. Although FQHCs may receive some state grant funding
 and Medicaid has long been a large funding source for FQHCs, they
 are community-based, with advisory boards composed of local actors,
 including other providers, advocates and local government entities. At
 the same time, they mostly adhere to federal, not state, requirements
 for their existence. If the study had been able to include local political
 ideology in the model, the relationship between ideology and FQHC
 capacity might have been significant given relationships between local
 communities and FQHCs.
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 VII.2. Medicaid Revenues
 The significant and positive relationship between Medicaid revenues
 and overall safety-net capacity as well as public hospital capacity is in
 concordance with findings from previous literature (e.g., Fagnani, et al.,
 2000). During the same time period, Medicaid was the source of about
 34% of revenues for community health centers. That no relationship
 exists between non-profit safety-net hospitals and Medicaid revenues
 is an indicator that voluntary hospitals rely more on non-Medicaid
 revenues, even when they function as safety-net hospitals (Bazzoli, et
 al., 2005). Literature has shown that the largest sources of revenues for
 voluntary hospitals are Medicare and private health insurance (Altman
 and Guterman, 1998, p. 179).
 Locales in states with higher Medicaid expenditures have less local
 health department capacity. The finding that Medicaid expenditures are
 significantly and negatively associated with health department capacity,
 while higher local government revenues are associated with greater
 health department capacity (discussed more below) suggests that for
 local health departments, local government revenues and Medicaid may
 be substitutes for each other: that local health departments rely more
 on local government entities—counties, municipalities, and health-care
 districts, as well as some state-level revenue transfers—for funding than
 they do on Medicaid.
 The lack of any relationship between Medicaid expenditures and
 FQHC capacity is surprising, given that literature indicates Medicaid has
 been the largest funding source for FQHCs for years (Kaiser Commission,
 2000; Lefkowitz and Todd, 1999; Lewin and Altman, 2000; McAlearney,
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 2002; Shi, et al., 2007; Taylor, 2004). For example, in 1990 Medicaid
 accounted for about 21% of FQHC revenue (Lefkowitz and Todd, 1999),
 but by 1996 Medicaid represented about 34% of FQHC revenues (Shi, et
 al., 2000). Medicaid continued to be the largest funder of FQHCs into the
 mid 2000’s, reaching 36.4% by 2004 (Shi, et al., 2007). These increases over
 time have been attributed to Medicaid eligibility expansions (Rosenbaum
 and Shin, 2003), including the introduction of the State Children’s Health
 Insurance Program (SCHIP). At the same time, U.S. Public Health Service
 grants decreased as a percentage of revenues from 42% in 1990 (Lefkowitz
 and Todd, 1999) to 18.8% in 2004 (Shi, et al., 2007)
 It may be that during the time of this study, with Medicaid managed
 care being introduced across the states, changes within state Medicaid
 programs were changing FQHCs’ revenue picture so quickly that the
 relationship between Medicaid and FQHC capacity would be “washed
 out” in a cross-sectional portrayal of FQHC capacity. It is obvious that
 FQHCs were having problems in the mid to late 90s. McAlearney (2002)
 reports that in 1996, 44.2% of CHCs had an operating deficit, that 59%
 had an operating deficit in 1997, 50.5% had one in 1998, and 52.6%
 operated with a deficit in 1999 (McAlearney, 2002). In summary, even
 though Medicaid made up 34% of revenues at the time of this study,
 a large plurality of CHCs might not have had the margin necessary
 for maintaining capacity, but the dynamic nature of this relationship
 could not be captured in a cross-sectional study. More detailed analysis
 and a longitudinal approach are warranted to investigate the dynamic
 relationship between FQHC revenue streams and capacity.
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 VII.3. Government Revenues
 The level of public revenues is mostly significant although the
 directions differ by organizational type.2 Government revenue, especially
 with health and hospital expenditures removed (which would introduce
 endogeneity issues) is a wealth measure and proxy for other funding
 sources not measured in the study, e.g. local philanthropy. While there
 is a trend for more communities with greater government resources
 to have greater safety-net capacity, the different results when broken
 down by type of safety-net organization suggests differing roles played
 by local governments depending on the type of organization. There
 is no relationship between government resources and non-profit
 safety-net hospitals, a negative relationship between government
 revenues and FQHC capacity and significant, positive relationships
 between government resources and both public hospital and local health
 department capacity, even when health and hospital expenditures have
 been removed from the measure.
 These results suggest different types of safety-net organizations
 rely on different levels of government for funding. Not surprisingly,
 local governments play more of a role in maintaining the capacity of
 public safety-net organizations than they do other types of organizations.
 Though it is not tested explicitly, voluntary safety-net hospitals probably
 rely more on Medicare, i.e., federal health funds than on local funding.
 2 As noted in Chapter V, all government health-care revenues were removed from themeasure in order to limit any endogeneity bias in the relationship between governmentrevenues and safety-net capacity, so that health-care-related revenues do not account forthe varying relationships between government revenues and safety-net providers.
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 A study that included a Medicare expenditure measure could elicit
 different results. The negative association between local government
 revenues and FQHC capacity also implies a more prominent role by the
 federal government in that FQHCs receive their initial funding from the
 federal government through Public Service grants, even though they also
 receive state grant funds in some states. These federal grants function
 as substitutes for local government revenues. If FQHC look-alikes and
 free clinics had been included, the relationship between local government
 revenues and community health center capacity might have been different
 from what is found in the current study. Future research on this topic
 would benefit from inclusion of look-alikes and free clinics for this and
 other reasons.
 VII.4. Demand
 Key empirical literature on the safety net has shown that the greater
 the uninsurance rate in a community the less likely that uninsured
 individuals will be able to access care, holding the supply of providers
 constant (Cunningham, 1999; Cunningham and Kemper, 1998; Institute
 of Medicine, 2003, pp. 105-111). On the other hand, as suggested in
 Chapter IV, economic literature on crowding out and moral hazard would
 lead to a prediction that low-income individuals living in communities
 with greater safety-net capacity would be more likely to forgo insurance
 coverage, therefore creating a higher proportion of uninsured persons.3
 Due to supply-demand endogeneity this body of literature would also
 predict the reverse to be true: that areas with greater demand will have
 3 See Chapter IV for a literature review and discussion.
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 greater safety-net capacity.
 In this study, greater demand for safety net services, as measured
 by higher community uninsurance rates, is associated with decreased
 overall safety-net capacity, supporting the findings of Cunningham (1999)
 and Cunningham and Kemper (1998). It could be interpreted that higher
 demand, i.e., higher uninsurance rates, stresses the safety net, as has been
 suggested in some literature (Institute of Medicine, 2003). Alternately this
 finding could mean that capacity is increased to better accommodate the
 needs of the uninsured. In summary, it is difficult to interpret the causal
 relationship using a cross-sectional analysis, given the endogeneity issues.
 The IVs used for endogeneity bias in the model—political ideology and
 historical safety net beds—have not proved to be strong instruments, at
 least for the overall safety net, which is the only model in which demand
 is significant. A longitudinal approach is needed to help delineate
 the causal relationship between demand for services, as measured by
 uninsurance rates and organizational safety-net capacity. In addition, a
 different, more specific measure of demand—e.g., need for health care
 among very low-income uninsured persons (as discussed in the Chapter
 VI)—might also help clarify the relationship
 VII.5. Community Demographics
 Although not hypothesized in Chapter IV it is clear from the findings
 that community-level demographics play a role in safety-net capacity.
 Both the proportion of Black and proportion of Latino residents are
 positively and significantly related to FQHCs’ capacity. These results
 suggest that FQHCs are fulfilling their mission to provide care to
 medically underserved populations.
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 Also noteworthy, a higher percentage of Black residents is positively
 associated with safety-net capacity for all organizational types except
 local health departments (and it is a trend for non-profit hospitals), and
 with the overall organizational safety net, while this relationship is only
 significant for Latinos when looking at FQHC capacity. This finding
 relating African American residents and safety-net capacity invites
 various interpretations.
 One possibility might be that Blacks are disproportionately poor,
 disproportionately Medicaid enrollees and disproportionately uninsured,
 all of which have been associated with living in areas with higher
 safety-net capacity. Statistics partially bear out the disproportionality. In
 1996, Blacks made up 12.8% of the U.S. population, but 26.5% of those in
 poverty, 29.6% of Medicaid enrollees and 18.3% of the uninsured.4 The
 same year, Latinos were 11.1% of the population, but were nearly half
 of all people in poverty (47.6%), 21.6% of Medicaid enrollees and 24.5%
 of the uninsured. The eight-point difference in Medicaid enrollment
 could help explain the differential findings, especially given that for
 this study, safety-net hospitals are defined as those with 10% or more
 Medicaid-funded bed days. However the higher poverty and uninsurance
 rates for Latinos argue against the demographics interpretation presented
 4 Statistics on poverty come from historical poverty tables at the U.S. Census website.See their Table 3. Poverty Status of People, by Age, Race, and Hispanic Origin: 1959 to 2006.http://www.census.gov/hhes/www/poverty/histpov/hstpov3.html . Percentages onMedicaid and uninsurance status by race and ethnicity were calculated by the author usinghistorical health insurance tables at the U.S. Census website. See their Table HI-1. HealthInsurance Coverage Status and Type of Coverage by Sex, Race and Hispanic Origin: 1987to 2005. http://www.census.gov/hhes/www/hlthins/historic/hlthin05/hihistt1.html .Both tables accessed January 8, 2008.
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 here, because then a higher proportion of Latinos should be significantly
 associated with more than just FQHC capacity.
 Another interpretation is that use of political capital on the part of
 Black residents, primarily through support of local Black politicians, as
 well as Black civic and religious leaders, enabled the Black population
 to encourage local investment in the health-care safety net, especially
 at key times for policy initiation and expansion, for example, during
 the introduction and periodic expansions of Medicaid, or during the
 initial development of CHCs through the Economic Opportunity Act’s
 community action program in the mid 1960s, and CHCs’ expansion and
 institutionalization as FQHCs during the 1990s.5
 This interpretation could help explain why the proportion of Blacks in
 a community is significantly related to capacity, but proportion of Latinos
 is not, given that the latter group does not have the tradition of advocacy
 reaching back to the civil rights movement and antipoverty programs
 of the Johnson Administration. This finding could change as Latinos
 continue to gain more of a foothold in local politics and develop more
 influential local political and social institutions.
 Another less sanguine interpretation is that Blacks, who continue
 to be residentially segregated in cities (Massey, 2001), have lacked a
 choice between using health-care safety-net organizations and more
 “mainstream” health-care providers, while Latinos are generally less
 segregated (Ibid).6 The argument follows that Blacks are left to seek
 5 See Peterson (1970) for a case study and analysis of CAP participation by poor whitesand Blacks in New York, Chicago, and Philadelphia.
 6 The following section draws on the literature reviewed in Unequal Treatment:
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 care at a dwindling supply of urban teaching and public hospitals,
 community-based clinics and private practitioners that operate “Medicaid
 mills” even if Black residents do have the resources to pay for health
 care (Whiteis, 1998) as non-safety-net providers shut down or relocate to
 suburban areas, or to more prosperous areas of a city. The supply-side
 of this interpretation is that factors such as institutional discrimination,
 defined by the Institute of Medicine as “uneven access by group
 membership to resources, status and power that stems from facially
 neutral policies and practices of organizations and institutions” (Institute
 of Medicine, 2002 p. 95) can result in Blacks being diverted from
 mainstream to safety-net providers. Although it can be difficult to
 detect institutional discrimination, Lillie-Blanton and colleagues (2000)
 conducted a survey on perceptions of the influence of racism. They
 found that 56% of Blacks thought that the health-care system very often
 or somewhat often treats people unfairly because of their race or ethnic
 background, compared with 46% of whites, and 51% of Latinos.
 It is clear from an initial discussion that these findings touch on
 phenomena that are beyond the scope of the current study and that more
 empirical research is needed to compare these possible relationships
 between the proportion of Black residents in a community and safety-net
 capacity.
 Region plays some role in safety-net capacity. In general, regional
 effects on capacity are more pronounced for FQHCs and local health
 departments than for safety-net hospitals of either type. The positive
 relationship between the South and LHD capacity may be another
 Confronting Racial and Ethnic Disparities in Health Care, Institute of Medicine 2002.
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 example of path dependence. Problems with hookworm, pellagra and
 malaria in the early 20th century, as well as other health and sanitation
 deficits in the (largely rural) south led the US Public Health Service and
 the Rockefeller Foundation’s Sanitary Commission to develop a public
 health infrastructure in southern states prior to World War I (Duffy, 1990).
 Their attempts were furthered after the war when the Health Service tried
 to increase county health departments in rural parts of the country. In
 1929, county health departments had increased to 467 from 280 in 1925
 and most of them were in the south or Ohio (Ibid, p. 235). Interpretation
 of the findings suggests that the resulting public health infrastructure at
 the state and especially county level might have become institutionalized
 over time.
 The positive relationship between being in the west and FQHC
 capacity is less easily interpreted. It may be the effect of more FQHCs in
 the west specializing in treating migrant workers and homeless persons.
 These FQHCs, in turn, might have more support services, which would
 increase the number of FTEs. Further research would be needed to
 interpret this relationship more definitively.
 VII.6. Safety-Net Capacity, Composition, and Use of Ambulatory Care
 Capacity
 This study finds that low-income uninsured persons who live in
 communities with greater safety-net capacity are more likely to use
 ambulatory care. Capacity is particularly important for low-income
 uninsured females and uninsured persons in poorer health, since both
 these groups are more likely to use ambulatory care in areas with greater

Page 193
                        

181
 safety-net capacity. These findings hold across all organizational types.
 The positive relationship between capacity and use found for the
 overall safety net and for the institutional safety net, i.e., public and
 voluntary safety-net hospitals. However, community-based safety-net
 capacity;—FQHCs and local public health departments that offer primary
 care—is not associated with increased probability of use of health-care
 services in this population.
 This lack of significance for both FQHC and LHD capacity may
 be related to two different phenomena, the first substantive, the other,
 methodological; 1) differences in outpatient service scope across the
 organizational types and 2) the size of the geographic areas used
 in the study. It may be that because hospitals tend to provide more
 comprehensive and specialized outpatient services than FQHCs and
 LHD clinics do that hospitals’ capacity matters more to the low-income
 uninsured seeking a variety of ambulatory care services. The other
 possibility is that because the geographic areas used in this study are
 MSAs or multi-county rural areas, FQHCs and LHD clinics’ catchment
 areas may be too small for them to be statistically significant in the
 analyses. For example, FQHCs are often located in central cities, with
 catchment areas that are just one or more neighborhoods in these cities.
 Their influence would be “washed out” in a multi-county or even a
 one-county MSA. A study that used smaller geographic areas e.g., a
 neighborhood or even a city might lead to significant findings for FQHCs
 and local health departments.
 Composition
 The composition of the safety net matters. Although FQHC capacity
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 is not associated with increased likelihood of use, low-income uninsured
 persons in communities with a higher proportion of FQHC capacity
 (compared to either public hospital or non-profit hospital capacity) are
 more likely to use ambulatory care services. This is similar to a finding
 by Andersen and colleagues (2002), who found that low-income persons
 in MSAs with more Community Health Centers per 1000 population
 were more likely to have seen a physician, although the study did not
 differentiate between insured and uninsured persons. Brown, et al., (2004)
 had similar results—low-income uninsured adults in MSAs with more
 FQHCs per 10,000 low-income residents were more likely to have seen a
 physician in the previous 12 months.
 Safety net composition might be especially important for native
 Spanish speakers. To reiterate from Chapter VI, results are significant and
 negative for Spanish speakers in each of the two-stage probit estimations,
 indicating that they are less likely to use ambulatory care than native
 English speakers are, but these results lose significance in the Heckman
 correction that includes safety-net composition. (See Table 6.10A in
 Chapter VI.) The results from the Heckman correction for the model
 including composition suggest that Spanish speakers in communities
 with a higher proportion of FQHC capacity relative to public hospital
 capacity are just as likely as native English speakers to use ambulatory
 care. This could be due to FQHCs offering specialized language and
 cultural services when they are in areas with large Spanish speaking
 populations.
 Resources for such services are indeed available to FQHCs: federal
 regulations specify that FQHCs with a large number of non-English
 speaking patients may apply for access grants that pay for translation
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 and interpretation services. Also, this study includes centers for
 migrant workers, which one would expect would be particularly
 sensitive to language services and cultural competencies. Some
 literature also supports this interpretation. One study that compared the
 socio-demographics of uninsured FQHC users with uninsured persons
 nationally found that a higher percentage of uninsured Latino patients
 at FQHCs had arrived in the U.S. in the previous 15 years compared to
 uninsured Latinos nationally (24% versus 14%) (Carlson, et al., 2001).
 However, caution is warranted in interpreting this finding arising from
 the Heckman correction, because it has not been possible to determine
 that ρ is statistically significant.
 VII.7. Summary
 This chapter has interpreted the findings presented in Chapter VI.
 In short, the capacity of the institutional safety net does facilitate use of
 ambulatory care among low-income uninsured persons, as does living in
 a community that has a higher proportion of FQHC capacity than hospital
 capacity. The factors that facilitate greater safety-net capacity depend
 on whether one is looking at the overall safety net or decomposing it
 by organizational type. In general, greater Medicaid and government
 revenues, lower demand, and a higher percentage of adult Black residents
 are associated with greater capacity.
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 CONCLUSION
 This chapter recaps the major findings of the study, and considers
 local, state, and federal health reform efforts within the context of
 these findings. It then discusses the special role provided by safety-net
 organizations—one that is highlighted by the dissertation findings. This
 chapter concludes with suggestions for future research.
 The viability of health-care safety nets was a concern and focus of
 research efforts in the 1990s. This focus continues to the present day.
 Not surprisingly, there continues to be a great deal of variability in local
 safety-net characteristics (Lewin and Altman, 2007). Recent research
 presents conflicting pictures of safety nets’ health. Some studies have
 suggested that local safety nets have largely shown resilience, in part
 because those that were in strong positions in the 1990s stayed strong
 (Felland, et al., 2003). Research that has focused on organizational
 subtypes in the safety net suggests that many public safety-net hospitals
 are struggling financially (Zaman, et al., 2006 in Lewin and Altman, 2007),
 while non-profit safety-net hospitals have remained stable (Bazzoli et
 al., 2005). FQHCs with greater capacity have benefited from leveraging
 newer federal initiatives like the Community Access Program (CAP)
 implemented in 2000 and the CHC expansion grant program launched in
 2002, but their smaller counterparts struggle financially (Hoadley, et al.,
 184
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 2004).
 It appears that many local health departments have been moving
 away from provision of medical care altogether and shifting to
 population-based education, prevention, and surveillance (Institute
 of Medicine, 2002; NACCHO, 2006). This recent trend is actually a
 continuation of historical tension regarding the appropriate role of local
 health departments (Institute of Medicine, 1988; Ibid, 2002). The tension
 between providing core public health functions and providing medical
 services still exists, largely due to resource constraints (Keane, et al., 2003).
 In 1992-1993, 30% of local health departments offered comprehensive
 primary care, compared with 14% in 2005, a 53% decrease (NACCHO,
 2006). On the other hand, surveillance activities of all types increased
 during the same time period (Ibid). These newer priorities involve, for
 example, concern with the increasing incidence of Methicillin-resistant
 Staphylococcus aureus (MRSA) (Klein, et al., 2007; Klevins, et al., 2007)
 and preparedness for a pandemic or for bio/chemical terrorism.
 VIII.1. Health Reform and the Role of the Safety Net
 Although health-care reform is once again an ascendant issue, the
 nature and extent of safety nets’ role in the emerging health reform
 efforts are not yet clear. This study has shown that greater Medicaid
 and local government funding for safety nets is related to greater
 capacity, and greater capacity, in turn, increases the likelihood of use
 by low-income uninsured adults. This dissertation has also found that
 a higher community uninsurance rate is associated with less capacity,
 that communities with higher percentages of adult Black residents
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 have greater hospital-based and overall safety-net capacity, and that
 higher percentages of adult Black and higher percentages of adult Latino
 residents are associated with increased FQHC capacity. In addition, the
 current study has determined that low-income uninsured adults who
 live in areas with a higher proportion of the safety net represented by
 FQHCs are more likely to use ambulatory care than their counterparts in
 communities with a higher proportion of hospital-based capacity. Finally,
 although Spanish-speaking low-income uninsured adults are generally
 less likely to use ambulatory care than those who speak English, there is
 some evidence that living in a community with a higher proportion of
 FQHC capacity (compared to hospitals) mitigates the lower probability
 of use for Spanish speakers. Given the increasing salience of health
 reform—realized and potential—it is worthwhile to consider these finding
 when evaluating appropriate models of local, state, and national reforms.
 Local Health Reform and the Role of the Local Safety Net
 Little information exists about municipal- or county-level health
 reforms and the role of and effects on safety-net providers. Those reforms
 that do exist seem to be of two types—insurance expansion programs and
 “universal access” programs, which use existing safety nets to increase
 access for persons who are uninsured and who fall below a certain
 income level. The study findings suggest that while local safety nets with
 less capacity would benefit from health reforms that decrease uninsurance
 directly, i.e., through insurance expansion programs, universal access
 programs may be viable alternatives for communities with a higher
 proportion of community-based safety-net capacity.
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 Because a higher uninsurance rate is associated with less capacity,
 local safety nets with strained capacity—i.e., supply that does not
 increase to meet demand for their services—could benefit from insurance
 expansion programs. On the other hand, the universal access programs
 might be viable reform alternatives for communities with a higher
 proportion of community-based providers, given that these providers are
 associated with a greater likelihood of use among low-income uninsured
 adults than other types of safety-net organizations are.
 Efforts underway in Miami-Dade County provide an example of
 reform based on insurance expansion. At 21.5%, Miami-Dade County
 has one of the highest uninsurance rates in the country and the highest in
 Florida (U.S. Bureau of the Census, 2005). While no current information
 on capacity is available for Miami-Dade County, at the time of this study,
 its capacity ranked 136th out of 276 community areas, at 0.16 standard
 deviations below the mean, but its uninsurance rate ranked 20th, at about
 24%.1
 As a result of state legislation passed in 2002, several counties in
 Florida (Duval, Miami-Dade and Broward) have developed programs to
 offer insurance coverage for county residents who are under 200% FPL,
 ineligible for public insurance, and uninsured for the previous 6 months
 (Florida Agency for Health Care Administration, 2008). In Miami-Dade
 County the major safety-net provider, Jackson Health System, converted
 an existing indigent patient plan to an HMO in mid-2004, and enrollees
 1 For purposes of this study, the Miami MSA is made up of not just Miami-Dade County,but Broward County as well. This and methodological differences account for the differinguninsurance rates.
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 must use the hospital and its 15 clinics for health-care services.2
 However, insurance expansion is lagging, suggesting that the reform
 is not decreasing Miami-Dade’s high uninsurance rate. While the plan
 stipulated that enrollment would be limited to 2000, with no more than
 70% at or below 100% FPL, as of end of 2007, only 778 persons were
 enrolled (38.9%). High cost-sharing requirements are thought to have
 resulted in the low enrollment (HSC, 2005). While enrollees below 100%
 FPL pay no insurance premiums, those in the 100–150% FPL range must
 pay a $52 monthly premium, and enrollees between 151% and 200% must
 pay about $78.00. In addition there are co-payments for most services.
 Case studies suggest that Miami-Dade’s safety-net capacity has not
 increased while demand for safety net services has increased (HSC, 2005;
 Staiti, et al., 2006). This discrepancy calls into question the effectiveness
 of the county’s health reform effort, and possibly the financial viability of
 the county’s major safety-net provider. (Jackson Health System had a $30
 million operating deficit in 2005 (HSC, 2005)).
 Local reform efforts can use their existing safety net as a substitute for
 implementing universal coverage. Healthy San Francisco is a local health
 reform initiative that emphasizes increased access instead of expanded
 insurance coverage. It is probably the most ambitious local universal
 access program in the country. San Francisco’s safety net has a diverse
 group of organizations and includes a large number of community-based
 clinics, making it a good candidate for an access expansion program.
 2 Jackson Memorial’s insurance expansion plan is one of three in the county. The othertwo are operated by a physician group and an HMO, respectively. Both are much smallerthan the one funded by Jackson Memorial (Florida Agency for Health Care Administration,2008).
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 At the time of this study, San Francisco’s community-based safety-net
 capacity rate ranked 11th of the 276 study communities, at 1.44 standard
 deviations above the mean.3
 The San Francisco Health Department, San Francisco’s major
 safety-net provider, is the cornerstone provider of the program, along
 with a number of private non-profit community health clinics. The city
 is expanding enrollment over time with the goal of including all 73,000
 of San Francisco’s uninsured residents (Katz, 2008). As of January 1,
 2008, eligible persons must be San Francisco residents, uninsured for at
 least 90 days, at or below 300% of the FPL, not eligible for existing public
 insurance programs, and ages 18–64. The program covers preventive
 and ambulatory care, emergency and inpatient care (at San Francisco
 General Hospital only) and prescriptions. To enhance continuity of
 care, participants are assigned to a clinic as their “medical home.” They
 pay quarterly enrollment premiums, for example from $0 if at or below
 100% FPL, to $150 if 201–300% of FPL. The fee schedule is indexed
 downward for those whose employers pay into the program. Enrollees
 are also subject to point-of-service fees. These fees are indexed to FPL,
 provider category—i.e., private non-profit clinic or health department
 provider—and type of service used. For example, enrollees at 0–100%
 of FPL who have a primary care visit at a public health department
 clinic pay nothing. Those who are 101–500% of FPL pay $10.00 per visit.
 Although it is obviously larger and requires less cost sharing than the
 insurance expansion program in Miami-Dade, Healthy San Francisco
 3 Community capacity is FQHC capacity and LHD capacity combined.
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 has other problems. At the time of this writing, San Francisco’s health
 department is facing a proposed budget cut of $33 million for fiscal year
 2009 (San Francisco Chronicle, March 3, 2008), thus calling into question
 the viability of the access program, the large pool of community safety net
 providers notwithstanding.
 State Reform and Safety-Net Involvement
 States have begun to involve themselves in health-care reform focused
 on achieving universal insurance coverage. Maine has developed a
 state-sponsored insurance program for small businesses and uninsured
 individuals and offers subsidies to persons less than 300% FPL. Vermont
 has passed legislation that seeks universal insurance coverage for its
 residents by 2010. Like Maine, it plans to subsidize coverage for residents
 at less than 300% FPL. California is attempting to pass legislation that
 would enact significant health reforms similar to what Massachusetts has
 done.
 No state has gone as far as Massachusetts in attempting to provide
 universal coverage for residents. A key characteristic of Massachusetts’
 program has involved redirecting uncompensated care pool funds used
 for subsidizing safety-net hospitals and community health centers into
 funding to subsidize insurance premiums through the Commonwealth
 Care Health Insurance Plan (CCHIP). Persons who are at or below 300%
 FPL, ineligible for other public insurance programs, residents for at least 6
 months, and who did not have access to employer-based insurance for the
 previous six months can enroll in CCHIP.
 As Holahan and Blumberg (2006) note, the Massachusetts reform
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 benefits from a large, dedicated uncompensated care pool fund and a
 low uninsurance rate. The state’s uninsurance rate was 10.3% in 2006.4
 Only seven states had lower uninsurance rates. At the time reform
 was enacted, Massachusetts’ uncompensated care pool funds totaled
 about $1 billion—$615 from various sources within the state and the
 remainder from federal Medicaid funds (Halslmaler and Owcharenko,
 2006). Massachusetts’ capacity for health reform may be unique. Very
 few states have its combination of a large pool of dedicated funds for
 subsidizing care and a low uninsurance rate.
 Massachusetts’ universal coverage program attempts to protect the
 role of safety-net providers in at least three ways. First, the legislation
 expanded Medicaid eligibility for certain groups, will increase provider
 rates three years into implementation, and restored some Medicaid
 benefits for adults (Holahan and Blumberg, 2006). Second, it stipulates
 that for the first three years of the program, only managed care plans
 that had been contracting with Medicaid can provide coverage through
 CCHIP. Third, it acknowledges that there will continue to be a small
 percentage of uninsured individuals, even with the mandate, and
 provides two major safety net health systems in Boston and Cambridge
 with direct subsidies for uncompensated care through 2009 (Ibid).
 National Health Reform and Safety-Net Relevance
 National health reform, in the form of universal or near-universal
 coverage, has once again become a major topic and a key part of the
 4 The percentage is from a 3-year average using data from the 2005–2007 CPS ASEC. SeeTable 8 at http://www.census.gov/hhes/www/hlthins/hlthin06/hlthtables06.html .
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 Democratic Party efforts to elect a Democrat for president in 2008.
 History suggests that skepticism of universal coverage at the national
 level is warranted. Substantial movements for national health insurance
 developed five times in the last century and only once, when Medicare
 and Medicaid were enacted, was there even partial success (Harrison,
 2003). A few argue that safety nets may actually inhibit substantive
 health-care reform. Brown (2008) suggests that the very existence of
 health-care safety nets lends legitimacy to the status quo in health care
 service delivery—and that what he calls the “social mythology” of safety
 nets will likely serve to dampen the redistributive efforts necessary to
 make universal coverage a reality.
 Putting skepticism aside, if the role and performance of safety nets
 in local and state health reforms are still to be determined, their purpose
 under national reform is even more amorphous. Proposals by Democratic
 candidates for the 2008 presidential election are vague on details, so it is
 difficult to determine the role of safety nets in proposed national health
 reform or the effects the reforms would have on safety-net providers.5
 The plans are similar, and except for differences about individual
 mandates, similar to the Massachusetts program highlighted above. The
 plans allow currently insured individuals to retain their insurance, seek
 expansion of insurance primarily through the private market, retain
 Medicare and Medicaid, and offer subsidized insurance for lower income
 persons who cannot get coverage through their employers, the market,
 or public programs. As such, it is possible that neither proposal would
 5 Health-care reform has been a less dominant issue in the Republican primary and doesnot include universal coverage proposals.

Page 205
                        

193
 change safety-net providers’ role substantially and each plan could
 possibly improve safety net organizations’ financial situation by giving
 them access to an insured patient base.
 VIII.2. Safety-Net Organizations as Niche Providers
 It could also be argued that under a universal coverage scheme there
 would be no need for designated safety-net organizations in the long
 term, since theoretically, if everyone is insured they should be able to
 access care from any provider. However, another key finding of this
 dissertation is that race seems to be an important factor in the safety
 net. Given the longstanding racial, ethnic, and economic inequities in
 health-care delivery, there is an argument to be made that for some
 persons, safety-net providers and universal coverage are complements,
 not substitutes, and to let safety-net providers languish would be a
 disservice to these individuals. In short, safety-net providers could be
 (re)conceptualized as niche service providers, for example, offering
 enabling services that lessen language barriers for non-English speaking
 patients, ensuring transportation services to alleviate distance-based
 access barriers. Given their patient base, they could be instrumental in
 outreach efforts to enroll vulnerable populations in insurance under any
 universal coverage program, and provide leadership in offering culturally
 competent care in an effort to reduce racial and ethnic disparities in
 health services use. They might continue to be the main providers of
 primary care for persons in medically underserved areas, especially if
 “mainstream” providers choose to stay away from low-density areas and
 central cities even in the face of increased insurance coverage.
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 VIII.3. Directions for Future Research
 The health-care delivery landscape is always changing and for the
 foreseeable future, organizational safety-net providers will be part of that
 landscape. Thus, the issue of safety-net capacity and its role in utilization
 among vulnerable populations will continue to be a viable research
 topic. With some methodological modifications, e.g., smaller geographic
 areas and different demand measures, the current study may serve as
 a baseline for a longitudinal focus on geographic variation in safety-net
 capacity and use, especially given exogenous health policy changes since
 the mid-1990s. Relevant policies that have been implemented since that
 time period include the Balanced Budget Act of 1997, the decoupling of
 welfare benefits and Medicaid in TANF, the Community Access Program
 initiative, and the Health Insurance Flexibility and Accountability section
 1115 Medicaid waiver program. These policy changes could be used as
 methodological leverage in the form of natural experiment instruments.
 Another area for future research would look back—at the history and
 evolution of geographic variation in local safety-net providers—since
 there is virtually no quantitative empirical work on the history and
 evolution of health-care safety-net characteristics, e.g., capacity and
 auspice, in either an ecological context or from a national perspective.
 Such research would enable a deeper investigation of the current study’s
 finding that state political ideology has differing relationships with local
 hospital-based safety-net capacity according to hospital auspice (public
 versus private). Relatedly, future research could include an investigation
 of the role of interest group politics on capacity, whether looking forward
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 or back in time. Other research has found that interest groups affect
 Medicaid policy parameters (e.g., Grogan, 1994), but no research has
 considered the relationship between pressure groups and health-care
 safety nets.
 A third possibility for future research would be to more fully
 investigate the relationship between race and safety-net capacity.
 The current study has found that the percentage of Black residents
 is positively related to safety-net capacity and to capacity for each
 organizational type except local health department clinics. Yet, the
 reasons for and implications of this association are not clear. It is a finding
 worthy of more attention.
 As an ecological study, this research could provide a graphically-
 based portrayal of the variation in local safety-net characteristics. For
 example, there is a growing body of literature that uses spatial analytic
 techniques to analyze geographically-based need for, access to, and use of
 health care (see McLafferty, 2003 for a conceptual overview) but virtually
 no research of this type has been conducted on local safety nets.
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